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Abstract 

This work is motivated by an application to separate area and interviewer effects on 

survey nonresponse which are often confounded. The study aims to provide practical 

recommendations for future study designs by identifying the smallest total sample 

sizes and the most geographically-restrictive and cost-effective interviewer allocations 

required to adequately distinguish between the interviewer and area effects. It is 

unclear how much interpenetration is needed for a cross-classified multilevel model to 

work well and to reliably estimate the two higher-level effects. This paper investigates 

the properties of cross-classified multilevel models under various survey conditions.  
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T𝑿𝑖𝑗 +  𝑢𝑗.          (1)
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