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ABSTRACT 
OBJECTIVE: We conducted a meta-analysis of resting state functional magnetic resonance imaging (R-fMRI) studies in children/adolescents and adults with ADHD to assess spatial convergence of findings from available studies. 
METHOD: Based on a preregistered protocol in PROSPERO (CRD42019119553), a large set of databases were searched up to April 9th, 2019, with no language/type-of-document restrictions. Study authors were systematically contacted for additional unpublished information/data. R-fMRI studies using seed-based connectivity (SBC) or any other method (non-SBC) reporting whole-brain results of group comparisons between individuals with ADHD and typically developing controls were eligible. Voxel-wise meta-analysis via activation likelihood estimation with cluster-level Family Wise Error (FWE) (voxel-level: p < 0.001; cluster-level: p < 0.05) was used. The full dataset used for analyses will be freely available online in an open source platform (http://anima.fz-juelich.de/).
RESULTS: 30 studies (18 SBC and 12 non-SBC), including a total of 1978 participants (1094 ADHD; 884 controls) were retained. The meta-analysis focused on SBC studies found no significant spatial convergence of ADHD-related hyper- or hypo-connectivity across studies. This non-significant finding remained after integrating 12 non-SBC studies into the main-analysis and in sensitivity analyses limited to studies including only children or only non-medication naïve patients.  
CONCLUSION: The lack of significant spatial convergence may be accounted for by heterogeneity in study participants, experimental procedures and analytic flexibility, as well as in ADHD pathophysiology. Alongside other neuroimaging meta-analyses in other psychiatric conditions, our results should inform the conduct and publication of future neuroimaging studies of psychiatric disorders.
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          INTRODUCTION
Over the past three decades, a large number of magnetic resonance imaging (MRI) studies have been conducted to elucidate the pathophysiology of ADHD. Whereas early studies focused on localized effects, recent work addresses localized network effects or diffuse network dysfunction. Indeed, a specific neuroimaging modality, referred to as resting state functional MRI (R-fMRI), has gained traction to estimate the brain function across neuropsychiatric disorders, including ADHD. Practical advantages of R-fMRI include its applicability to nearly the entire range of ages and levels of cognitive functioning.1 R-fMRI quantifies brain activity during fMRI scans without an active, explicit task, as required in task-based fMRI. Even when “at rest” (i.e., when the individual is not asked to complete any active task), brain regions show an intrinsic, spontaneous activity,2 defined as ”ongoing neural and metabolic activity which is not directly associated with subjects’ performance of a task”.3 Brain regions characterized by significantly correlated spontaneous activity are considered functionally connected and are part of so called resting-state networks.1 The most common measure in R-fMRI is referred to as seed-based connectivity (SBC). It examines large-scale correlations of blood oxygen level dependent signal between a region-of-interest (seed) and other gray matter voxels.1 Another approach allowing estimation of large-scale connectivity is termed Independent Component Analysis (ICA). Other R-fMRI metrics focus on local connectivity (e.g., regional homogeneity, ReHo) or, more generally, its variability (e.g., fractional amplitude of low-frequency fluctuations, fALFF).
Based on results of individual R-fMRI studies in ADHD, a number of pathophysiological hypotheses on ADHD have been proposed,1,4,5 but results of individual studies testing such hypotheses are inconsistent.  
Structural6-8 and task-based functional7-12 ADHD neuroimaging studies have been quantitatively synthesized in a number of meta-analyses, with overall mixed findings across meta-analyses, possibly due to different age range of participants (children, e.g.,7 or adults, e.g.12), type of comparison (ADHD vs TDC, e.g.,9 or ADHD vs other neuropsychiatric disorders, e.g.,8) and meta-analytic methods (e.g., Signed Differential Mapping, SDM6 or Activation Likelihood Estimation, ALE7). Additionally, in a large sample from the ENIGMA-ADHD consortium, subtle differences in surface area emerged in frontal, cingulate and temporal regions between children with ADHD and controls, but no significant differences were detected in adolescents or adults with the disorder compared to TDC.13
Indeed, ADHD has been conceptualized as a dysconnectivity syndrome14 rather than as a disorder characterized by alterations in isolated brain areas detected by structural or task-based MRI studies. 
           A recent meta-analysis by Sutcubasi et al.15 of 20 R-fMRI studies, using an approach named Multilevel Kernel Density Analysis (MKDA) found that, compared to TDC, individuals with ADHD presented with disrupted within-default mode network (DMN) connectivity - reduced in the core (i.e., posterior cingulate cortex seed) but elevated in the dorsal medial prefrontal cortex sub-system (i.e., temporal pole-inferior frontal gyrus). Here, we provide a quantitative synthesis of R-fMRI studies in ADHD using an alternative meta-analytic approach, namely ALE, and a different study selection process. Whereas  Sutcubasi et al.15 included only studies that focused on four predefined brain networks, we adopted a theory-free approach without restricting networks examined. Additionally, while  Sutcubasi et al.15  focused on SBC studies,  we meta-analyzed studies based on SBC or R-fMRI methods other than SBC (non SBC), to test convergence in patterns of abnormal functional connectivity across studies. Combining results of SBC with different seeds might seem problematic. However, resting state functional connectivity (RS-FC) analyses should be reciprocal: a region that is identified in the dis-connectivity pattern of several different seeds may be inferred conversely as showing aberrant connectivity with a broad range of regions, i.e., a pathophysiological hub. In our analysis, we aimed to identify such hubs. We did not exclude any measure a priori. 
Within the framework of the meta-analytic approach used in this study, the main question is to what extent findings from the studies retained in the analysis converge, i.e., was there spatial overlap in the patterns of abnormal connectivity across studies. Given the exploratory nature of this approach, no a priori hypotheses were formulated. 

        METHOD 
We followed the Preferred Reporting Items for Systematic Reviews and Meta-Analyses (PRISMA)16 recommendations and the published best practice on the conduct of neuroimaging meta-analyses.17 Here, the term “systematic review” is used in accordance to the Cochrane definition (https://community.cochrane.org/handbook-sri/chapter-1-introduction/11-cochrane/12-systematic-reviews/122-what-systematic-review). The protocol was registered in the Prospective Register of Systematic Reviews (removed to preserved anonymity). In the spirit of Open Science, the full dataset used for analyses will be freely available online in the open source platform ANIMA (http://anima.fz-juelich.de/)18 on publication of this paper. 
        
        Search
      With the support of a librarian, we searched Pubmed, Ovid MEDLINE®, Biological Abstracts®, EMBASE Classic+EMBASE, PsycINFO, BIOSIS Previews and Web of Knowledge (Web of Science (Science Citation Index Expanded), Biological Abstracts, BIOSIS, Food Science and Technology Abstracts) databases, from inception to April 9th, 2019, with no language or type of document restrictions. Papers in languages other than English were translated by the authors or their collaborators. We also hand-searched references of retrieved pertinent papers and proceedings of relevant conferences to find additional potentially relevant studies. Details on the search strategy/syntax are reported in the Appendix 1 in the Supplement, available online. 

        Selection criteria 
        Study type
We included empirical studies using R-fMRI contrasting individuals with ADHD vs. TDC, reporting results as coordinates in standard space, at the whole-brain level. In addition to data from published reports, we systematically contacted the corresponding authors of studies retrieved as abstracts/conference proceedings to enquire about their eligibility, and, if needed, gather unpublished information/data necessary for the meta-analysis. 

Population 
ADHD: Children, adolescents or adults with: 1) a formal categorical diagnosis of ADHD according to the Diagnostic and Statistical Manual of Mental Disorders (DSM III, III-R, IV, IV-TR or 5), or with Hyperkinetic Disorder (HD) as per the International Classification of Diseases (ICD)-10 or previous versions. As per protocol, we deemed eligible studies regardless of the past or current treatment of the participants with ADHD medications. However, in the prespecified protocol we stated we would conduct a sensitivity analysis including only studies with participants with ADHD who are medication-naïve. 
Comparisons: TDC. 
Outcome
The outcome for the main set of analyses was the difference in SBC between ADHD and TDC. In additional analyses, consistent with previous published work meta-analyzing data across different imaging modalities,19 we added data from studies with any other R-fMRI measure, which increased statistical power and tested more broadly ADHD-related abnormalities in brain activity.

        Study identification/selection and data extraction
Details on study identification/selection and data extraction, conducted according to the PRISMA recommendations,16 are reported in Appendix 2 in the Supplement, available online.

Statistical analysis
Convergence of significant between-group differences, i.e., significant foci of the original studies, was analyzed using the latest version (3.0.2) of the ALE approach for coordinate-based meta-analysis (http://www.brainmap.org/ale/). ALE evaluates the brain locations in which the convergence of reported hypo- or hyper-connectivity across studies is higher than would be expected by chance. Therefore, the main question here is: ‘Where have hyper- or hypo-connectivity foci in a particular disorder consistently been reported across studies?’ In evaluating this question, it is important to consider that the spatial coordinates referring to significant findings in each study are associated with some degree of spatial convergence. The key aspect underlying ALE is thus to represent the foci reported in the individual studies not as ‘exact’ points but rather by treating them as centers of a tridimensional Gaussian probability distribution, with the center indicating the highest probability of activation. This procedure is performed for each focus of each study included in the meta-analysis and yields a probabilistic location of the effects reported in that particular study.20 Following ALE, the spatial uncertainty associated with the reported foci was first modelled based on an established procedure,21 yielding probabilistic maps of effect locations corrected to avoid within-experiment summation of effects.22 Inference was then sought relative to a null-distribution of random spatial association using cluster level correction for multiple comparisons.23 We meta-analyzed studies showing ADHD-related hypo-connectivity and hyper-connectivity in ADHD, respectively. We then conducted a post-hoc meta-analysis across hypo- and hyper-connectivity, to test convergence in “aberrant” connectivity (either hyper or hypo-connectivity). Because of the reciprocal nature of R-fMRI, integrating hypo- and hyper-activations enables us to identify hubs of heterogeneous patterns of dis-connectivity. 
We considered the analyses adequately powered whenever at least 17-20 experiments were available, which has been shown by simulation to achieve 80% power to detect an effect occurring in one third of the underlying population of experiments (in the ALE approach, the effect-size is defined as the percentage of experiments that converge at a specific location).24 As per protocol, we planned separate analyses for studies in children/adolescents and adults, respectively, to assess possible developmental differences, and analyses focused on studies including male participants only, as ADHD is more common in male sex and sex differences in clinical presentations have been reported.25 We also explored the possibility of grouping the seeds by canonical brain networks.26 
[bookmark: OLE_LINK1][bookmark: OLE_LINK2]As recommended,17 cluster-level FWE was used (voxel-level: p < 0.001; cluster-level: p < 0.05). Talairach coordinates were converted into MNI (Montreal Neurologic Institute) space before using them in analyses.
Changes in relation to the pre-registered protocol are reported in the Appendix 3  in the Supplement in the online material.

          RESULTS 
The study selection process is shown in Figure 1 and reported in detail in Appendix 4 in the Supplement in the online material (list of studies excluded after full-text screening, with reasons for exclusion). From 4405 potentially eligible citations, 30 studies27-56 (datasets) were retained for the meta-analysis (SBC: n = 18; non-SBC: n = 12). Table 1 shows the characteristics of included studies. Table 2 summarizes the key findings from each study. Four SBC studies and two non-SBC were conducted in adults, respectively. Retained studies comprised 1978 participants (SBC = 953; non-SBC = 1025): 1094 with ADHD [SBC = 526 (children = 437); non-SBC = 568 (children = 452)] and 884 TDC [SBC = 427 (children = 337); non-SBC = 457 (children = 331)].
The main ALE analysis (18 SBC studies, 13 experiments, 91 foci for ADHD > TDC and 17 experiments with 141 foci for TDC > ADHD, respectively) did not show any statistically significant clusters in both contrasts (ADHD related hyper- or hypo-activity). Likewise, the additional ALE analysis integrating 12 studies with non-SBC measures (20 experiments, 127 foci for ADHD > TDC and 26 experiments, 183 foci for TDC > ADHD, respectively) did not detect any statistically significant clusters in both contrasts. The extracted peak coordinates from each study are reported in Table S1, available online. While, due to the lack significant spatial convergence, it is not possible to show the results of the thresholded analyses on a brain map, Figures 2 and 3 report unthresholded (positive) Z-score maps considering SBC and SBC plus non-SBC studies, respectively.
The lack of significant results was also found in a sensitivity analysis limited to studies in children, although the ADHD > TDC contrast was not examined due to insufficient statistical power, and in a sensitivity analysis of non-medication naïve participants, which could only be performed by meta-analyzing SBC and non-SBC studies, and only in relation to the TDC > ADHD contrast. Other planned sensitivity analyses (i.e., those limited to studies of medication naïve individuals, studies in adults, and studies in male or female participants only) were not possible due to insufficient numbers of experiments. Likewise, it was not possible to perform analyses grouping seeds by canonical brain networks.
The post-hoc meta-analysis of both contrasts (ADHD-related hypo- and hyper-activity, 30 studies, 46 experiments, 127 foci for ADHD > TDC and 183 foci for TDC > ADHD) found a statistically significant cluster in the left superior temporal gyrus; STG (MNI coordinates = [-34, -8, 0], cluster size = 105 voxels, PFWE = 0.03). The sensitivity analyses focused on studies including children only or medicated patients only meta-analyzing both contrasts (ADHD-related hypo- and hyper-activity) did not find any significant result.

           DISCUSSION
We conducted a systematic review and meta-analysis of R-fMRI studies contrasting individuals with ADHD and TDC, following published best practices for the conduct of meta-analyses in neuroimaging17 and including unpublished information/data that we gathered after systematically contacting study authors. The meta-analysis of SBC did not find any spatial convergence of ADHD-related hyper or hypo-connectivity connectivity across the 18 retained studies. Likewise, no significant convergence was detected when meta-analyzing the 18 SBC studies with 12 additional R-fMRI studies using measures other than SBC. Sensitivity analyses focused on studies including children only or medicated patients only were in line with the findings of the main analysis. The post-hoc meta-analysis of hyper- and hypo-connectivity showed that the left STG had a consistently dysregulated connectivity, with evidence of both hypo- and hyper-connected to diverse seeds. 
The lack of significant findings, in contrast with the significant results in a recent meta-analysis of R-fMRI by Sutcubasi et al.15, should not be surprising because we used 1) a different approach to select studies, adopting a theory free approach that led us to include studies regardless the specific resting measure and the brain networks they focuses on, as opposed to a theory-driven selection of SBC studies focused on four predefined networks (default mode, cognitive control, salience, affective/motivational); 2) a different meta-analytic approach (and related software). They adopted MKDA, an alternative approach to ALE. Both MKDA and ALE create a study-specific contrast map using a set of foci reported by an empirical study. However, to create contrast maps, ALE accounts for the empirical estimates of the spatial uncertainty driven by the between-subject and between-template variability of the individual studies.23 By contrast, MKDA uses a different kernel of user-defined size and  treats a cluster of peaks as a blob during Monte Carlo simulation, which lowers the risk of false positive when a cluster has subpeaks. Thus, the choice of approach is based on the scope of the study. As Sutcubasi et al.15 focused on atypical connectivity within- and between four large brain networks, MKDA was an appropriate reasonable choice. By contrast, the main scope of the current study was to detect spatial convergence in patients with ADHD, for which ALE is more suitable. Therefore, our meta-analysis provides an alternative synthesis of the R-fMRI literature in ADHD that complements the results by Sutcubasi et al.15
        The lack of significant spatial convergence is not in line with previous hypotheses in the field. Here, we mention four of them. First, ADHD has been found to be characterized by alterations in the normal interplay between the DMN, a cluster of brain regions associated with self-referential cognitions, ruminations, and mind-wandering (typically less active during active tasks) and brain regions of cognitive control networks (usually active during explicit tasks). Whereas the functional activity of DMN and cognitive control networks are expected to be anticorrelated (i.e., inversely correlated) over time in typically developing people, studies have reported significantly decreased anticorrelation between these two networks in individuals with ADHD.1,4 This lends support to the default mode network hypothesis of ADHD, postulating that the function of cognitive control networks is disrupted in ADHD by abnormal intrusion of the DMN during an active task, leading to attention lapses that would underpin attention difficulties in ADHD.5 However, the location of the components of the DMN and cognitive control network found to interact abnormally has not been consistent across studies.1 Second, significantly decreased synchrony within the DMN components themselves has been found in individuals with ADHD compared to TDC, which would also disrupt the interplay between the DMN and the cognitive control network. However, findings across such studies have also not been unanimous.1,4 Third, some studies pointed to a disruption of connectivity in cognitive, reward, and affective cortico-striato-thalamo-cortical loops, with both hyper- and hypo-connectivity reported.1,4 Finally, more recently, a multi-network model has been proposed, characterized by an inappropriate engagement of the salience network with the central executive network and DMN.57 Overall, our results suggest that each of these hypotheses are supported by a limited set of studies, but none of them are specifically supported by evidence across available studies meta-analyzed in an atheoretical and unbiased data driven manner. 
The lack of statistically significant spatial convergence in hypo- or hyper-connectivity across studies may reflect a number of factors. First, it could be argued that our meta-analysis of SBC was underpowered to detect significant effects. However, the total number of experiments from studies included in the main meta-analysis (n = 18) was equal to the lower bound of the recommended range of experiments (n = 17-20) that yield adequate statistical power in simulations.24 We note this is not a rigid threshold, as the required number of experiments for a meta-analysis to be sufficiently powered depends on the expected effect size. To detect small/medium effect sizes typical of neurobiology, a larger number of experiments is needed. Nevertheless, we still found no significant convergence in a more powered analysis quantitively synthesizing all available SBC studies (30 experiments in total). 
Second, lack of significant spatial convergence could be due to study heterogeneity in terms of study participants’ characteristics (sex, age, comorbidities, medication status), MRI and analytic procedures (statistical thresholding/correction and, more specific to R-fMRI, correction for head motion-related artifacts) (see Table 1).
Third, the heterogeneity of ADHD per se, in terms of severity and type of core symptoms, contributing genetic factors and environmental stressors, and underlying pathophysiology, cannot be discounted.58  To wit, the field has converged on the notion that brain alterations in ADHD are accounted for by multiple models, rather than a single one.59,60 In this respect, case-control paradigms, commonly used in neuroimaging studies of ADHD (including the ones retained for the present meta-analysis), do not seem appropriate, as they basically disguise such sources of heterogeneity. Indeed, by means of normative modelling, a recent voxel-based morphometry study of adults with persistent ADHD showed that only a few individual brain foci showed extreme deviations in more than 2% of the participants with ADHD, providing quantitative support to the notion of inter-individual differences at the level of brain structure in individuals with persistent ADHD.61 If the same pattern were to apply to R-fMRI measures in ADHD, our findings of no significant convergence would not be surprising. 
	The lack of convergence would be compatible with two alternative models: 1) ADHD is characterized by alterations in the interplay across brain networks, and the networks involved differ across individuals with the disorder; and 2) the same networks are involved for all individuals, but the precise locations of disrupted connectivity within networks vary across individuals. In fact, a number of studies detected abnormal interplay between the DMN and cognitive control networks, but the abnormally connected subcomponents of the DMN and cognitive control networks varied across studies.4 More specifically, Castellanos et al.28 found a significant inverse correlation between the resting state activity in the frontal cognitive control regions and the precuneus/posterior cingulate cortex, which are central hubs of the DMN. Cao et al.,27 found decreased negative connectivity of regions of interest in the putamen to right cerebellum and right temporal lobe, as well as of right putamen to left cerebellum and right precuneus. Sun et al.,62 showed a significantly decreased negative resting state connectivity between the dorsal anterior cingulate cortex and specific regions in the DMN, including the dorsomedial prefrontal cortex and the posterior cingulate cortex. Similarly, Sato et al.,63 also found abnormal connectivity between the dorsal anterior cingulate cortex and the posterior cingulate cortex. 
Fourth, it is at least theoretically possible that ADHD is not characterized by abnormal intrinsic brain connectivity. However, before embracing this position, the previously discussed caveats should be rigorously addressed.
Consistent dysregulation in the left STG is in line with a report of abnormal graph spectral entropy in the STG in ADHD,64 but we consider this finding provisional, as it was based on a post-hoc analysis. However, it is worth noting that the STG is involved in auditory processing as well as social cognition65 and ADHD-impairment in processes related to language semantics have been found also in another meta-analysis of studies in adults with ADHD using functional decoding.12 
The results of this systematic review and meta-analysis should be considered in light of its strengths and limitations. As for strengths, we performed a comprehensive search in a large number of databases and included unpublished information/data from studies published as conference proceedings, after systematically contacting authors. Additionally, we carefully selected the studies that met inclusion criteria, thus assuring that the methodological assumptions underpinning the validity of ALE were met. As such, despite the plethora of publications on R-fMRI studies in ADHD, we discarded a large number of publications relying on the same dataset (ADHD-200, n =39), analyzing overlapping data from the same dataset (n= 24), or failing to report results from whole brain analyses (n =27), which would have violated the statistical null assumption underpinning the validity of ALE meta-analysis.   
In addition to the limitations discussed above in relation to the individual studies included in the meta-analysis, possible limitations of the meta-analysis per se should also be considered. Although we endeavored to perform a comprehensive search, we cannot exclude that we may have missed pertinent studies. Even though we systematically contacted all study corresponding authors to seek clarification or additional data, we could not gather relevant information/data from some (Appendix 4 in the Supplement  in the online supplement). It should also be noted that ALE does not allow meta-analyzing studies with non-significant results, as it is designed to detect spatial convergence of significant results. However, we only excluded one study with non-significant results (Appendix 4 in the Supplement  in the online supplement). Finally, we did not carry out any formal appraisal of study quality such as the Cochrane risk of bias tool, (https://methods.cochrane.org/bias/resources/rob-2-revised-cochrane-risk-bias-tool-randomized-trials) which is used to assess the risk of bias in randomized controlled trials. We are unaware of any similar tool to critically appraise R-fMRI study quality.
Despite these caveats, our findings are in line with those from other recent meta-analyses of brain structural and task-based studies of ADHD66 and neuroimaging studies of other psychiatric disorders [e.g., depression67] that failed to find significant spatial convergence of results across studies. We believe that, alongside these other meta-analyses, the results of our study call for a paradigm shift in the conduct and publication process of neuroimaging studies, including R-fMRI studies of ADHD. Due to their considerable costs, neuroimaging studies in psychiatric disorders typically have small samples, with a likely tendency to prioritize publishing positive results over replication and negative studies. As such, whereas individual studies have produced intriguing signals, R-fMRI studies in ADHD have not yielded coherent conclusions.
           Homogeneous calibration across scanners, analysis protocol pre-registration, standardization in technical procedures and analytic approaches, inclusion of medication-naïve participants, large samples based on data sharing of existing data and prospectively collected samples via consortia, discovery and validation datasets and use of paradigms other than case-control studies (e.g., normative modelling approaches) seem the way forward. The ADHD-200 initiative served as a proof-of-concept but larger samples and more sophisticated/standardized approaches are needed to attain meaningful significant results.68 The ABCD study could provide a model for prospective, methods-aligned multi-site data collection.69 Furthermore, a more precise non-imaging based sub-phenotyping of ADHD, based on detailed questionnaires, actigraphy, or more precise neurocognitive tasks, may provide more homogeneous subgroups for inclusion in R-fMRI studies, such as in Karalunas et al.,32 who showed that subtypes of ADHD identified based on temperamental traits were characterized by unique patterns of resting state connectivity. The ENIGMA consortium,70 which was set up to address small sample size and heterogeneity, provides an example of how the field is reacting and moving forward. Furthermore, given the challenges of selecting clinically homogeneous samples of ADHD defined categorically, we argue that a dimensional approach, sufficiently powered to allow multiple distinct dimensions to be examined, should be more consistently implemented.
Overall, we believe that our negative results (lack of spatial convergence across studies) should not lead to dismissing the possible utility of R-fMRI studies in ADHD. Rather, we anticipate that the present study will be informative for researchers planning future R-fMRI studies of ADHD and for clinicians when they interpret and appraise the literature in this still growing field.
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Figure 1: PRISMA Flow Diagram
Note: ADHD = attention-deficit/hyperactivity disorder; SBC = Seed-Based Connectivity. 

aResults for each database are reported in the Appendix 1 in the Supplement, available online. 

          bReferences of excluded studies are reported, with reasons for exclusion, in the Appendix 4 in the Supplement, available online. 

         




Figure 2: Anatomical Location of Foci Reported in Individual Seed-Based Connectivity Studies

Note: Foci where studies showed hyper-connectivity in attention-deficit/hyperactivity disorder (ADHD) were shown in red (a), while foci where studies reported hypo-connectivity in ADHD were illustrated in blue (b). The lower panels demonstrate the unthresholded positive z-score maps for hyper- (c) and hypo-connectivity in ADHD (d), respectively. TDC = typically developing controls.


Figure 3: Anatomical Location of Foci Reported in Individual Studies Regardless of Measure

Note: Foci with hyper-connectivity in attention-deficit/hyperactivity disorder (ADHD) reported in seed-based connectivity (SBC) studies were shown in purple, while foci reported in non-SBC were shown in red in (a). Foci with hypo-connectivity in ADHD reported in SBC and non-SBC were colored with light blue and dark blue, respectively (b). Unthresholded positive z-score maps were also shown in hyper- (c) and hypo-connectivity (d), respectively. TDC = typically developing controls
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	Table 1. Description of the Studies Included in the Meta-analysis


	First Author
	Year
	ADHD
	TDC
	Medication 
naive (%)
	Scan duration
	Eyes
	Exclusion criteria for motion
	Head motion correction
(first level)
	Seed(s) or name of R-fMRI measure
	Source of data 

	
	
	N
	Age (mean)
	N
	Age (mean)
	
	
	
	
	
	
	

	Seed Based Connectivity

	Cao 24
	2009
	19
	13
	23
	13
	100%
	8 min
	closed
	>3 mm or >3°
	WM, CSF, 6 MP, GSR
	Bi putamen
	Published 

	Castellanos 25
	2008
	20
	35
	20
	31
	NA
	6.5 min
	open
	NA
	WM, CSF, 6 MP, GSR
	dACC, R IFG, R MFG
	Published +unpublished information/data

	Hoekzema 26
	2014
	22
	33
	23
	29
	100%
	NA
	open
	>3 mm
	aCompCor 
	DLPFC
	Published 

	Hong 27
	2015
	83
	10
	22
	10
	88%
	6 min 24 sec
	closed
	>2 mm or >2°
	WM, CSF, GSR
	c
	Published 

	Icer 28
	2018
	15
	12
	15
	13
	100%
	9 min 44 sec
	closed
	>0.3 mm 
and/or >0.3°
	WM, CSF, 6 MP 
(aCompCor)
	d
	Published 

	Karalunas 29
	2014
	39
	8.9
	15
	NA
	NA
	7-10 min
	open
	>3mm or >3° a
	WM, CSF, 6 MP 
and their temporal derivatives, GSR
	Bi amygdala
	Published +unpublished information/data

	Kim 30
	2017
	13
	11
	13
	10
	NA
	NA
	closed
	>3 mm or >3°
	NA
	Vermis of the cerebellum 
	Published 

	Kucyi 31
	2015
	23
	24
	23
	24
	30%
	10 min 8 sec
	open
	NA
	WM, CSF, 6 MP 
(aCompCor)
	Bi cerebellum
	Published +unpublished information/data

	Li 32
	2014
	33
	10
	32
	11
	100%
	6 min 40 sec
	closed
	>2 mm or >2°
	WM, CSF, MP, GSR
	e
	Published 

	Lin 33
	2016
	24
	30
	24
	30
	100%
	6 min
	closed
	>=1.5 mm 
or >=1.5°
	WM, CSF, 6 MP and their 1st-order temporal derivatives (aCompCor)
	Bi subgenual ACC, Bi TPJ, Bi VFC, Bi IPS, Bi FEF, Bi DLPFC, Bi R PRE, PCC, mPFC
	Published +unpublished information/data

	Lin 34
	2018
	46
	8
	31
	9
	100%
	8 min
	closed
	>3 mm or >3°
	WM, CSF, 24 MP
	PRE, TPJ, VFC, IPS, FEF
	Published 

	Lin 35
	2015
	25
	9.9
	25
	10
	NA
	6 min
	closed
	>1mm max FD
	WM, CSF, 
Friston-24, GSR
	aPFC
	Published +unpublished information/data

	McLeod 36
	2014
	21
	13
	23
	11
	NA
	5 min
	open
	NA
	WM, CSF, 6 MP
	L M1
	Published 

	Mennes 37
	2011
	17
	11
	17
	11
	64%
	6.5 min
	open
	>4 mm b
	WM, CSF, 6 MP, GSR
	f
	Published 

	Mizuno 38
	2017
	31
	9.7
	30
	11
	42%
	7 min 42 sec
	closed
	>2.5mm, 2.5°, and mean FD 0.5mm
	WM, CSF, 
Friston 24
	Bilateral Crus I/II in the cerebellum
	Published 

	Posner 39
	2014
	30
	9.8
	31
	11
	100%
	10 min
	closed
	NA
	aCompCor 
	Bi anterior hippocampus
	Published 

	Yang 40
	2013
	30
	9.2
	30
	9.4
	100%
	6min
	closed
	>1mm or >1° 
	WM, CSF, 6 MP, GSR
	PCC
	Published 

	Yu 41
	2016
	35
	10
	30
	10
	100%
	8 min
	closed
	>2.5 mm or >2.5°
	WM, CSF, 6 MP, GSR
	3 subamygdala
	Published 

	Non Seed Based Connectivity

	An 42
	2013
	23
	13
	32
	12
	68%
	8 min
	closed
	>3 mm or >3°
	NA
	ReHo
	Published 

	Cao 43
	2007
	15
	13
	15
	13
	NA
	8 min
	closed
	>2 mm or >1°
	need help
	ReHo
	Published 

	Jiang 44
	2014
	31
	9.5
	31
	9.7
	NA
	6 min
	closed
	>3 mm or >3°
	NA
	VMHC
	Published 

	Kim 45
	2018
	67
	9.6
	44
	11
	NA
	NA
	NA
	NA
	CompCor
	ReHo, sliding window ReHo
	Published +unpublished information/data

	Mostert 46
	2016
	99
	35
	113
	36
	13%
	9 min
	closed
	absolute > 1.5 mm and/or RMS of relative > 0.2 mm
	ICA-AROMA
	ICA
	Published +unpublished information/data

	Pruim 47
	2019
	179
	18
	90
	17
	NA
	8 min 30 sec
	open
	RMS‐FD>0.74mm
	ICA‐AROMA
	ICA
	Published 

	Qian 48
	2019
	41
	9
	16
	10
	95%
	8 min 12 sec
	open
	FD > 0.8 or 
DVARS > 0.05
	ICA
	ICA
	Published +unpublished information/data

	Shang 49
	2018
	37
	11
	37
	11
	100%
	6 min
	closed
	FD > 1SD+mean
	ICA-AROMA, 
aCompCor
	ReHo
	Published 

	Shekarchi 50
	2014
	21
	8.5
	21
	NA
	NA
	6 min 24 sec
	closed
	NA
	NA
	ICA
	Published 

	Sokunbi 51
	2013
	17
	30
	13
	30
	NA
	6 min
	NA
	NA
	NA
	SampEn
	Published 

	Yang 52
	2013
	18
	8.8
	18
	9.9
	50%
	NA
	closed
	>2 mm or >2°
	NA
	ALFF, ReHo
	Published 

	Yoo 53
	2018
	20
	11
	27
	11
	100%
	7 min 
	closed
	NA
	CompCor
	ICA, (f)ALFF
	Published 




Note: ACC = anterior cingulate cortex; ADHD = attention-deficit/hyperactivity disorder; ALFF = amplitude of low frequency fluctuations, aPFC = anterior prefrontal cortex, BA = Brodmann's Area, Bi = Bilateral, CompCor = a COMPonent based noise CORrection method, CSF = CerebroSpinal Fluid, dACC = Dorsal Anterior Cingulate Cortex, DLPFC = DorsoLateral PreFrontal Cortex, DMN = default mode network, FD = Frame Displacement, FEF = Frontal Eye Field, GSR = Global Signal Regression, ICA = Independent Component Analysis, ICA-AROMA = Independent Component Analysis - Automatic Removal Of Motion Artifacts, IFG = Inferior Frontal Gyrus, IPS = Inferior Parietal Sulcus, MFG = Middle Frontal Gyrus, MP = Motion Parameter, mPFC = Medial PreFrontal Cortex, NA = Not Available, OFC = OrbitoFrontal Cortex, PCC = Posterior Cingulate Cortex, PRE = PREcuneus, ReHo = REgional HOmogeneity, RMS = Root Mean Square, RSN = Resting State Network, SampEn = SAMPle ENtropy, SMA = Supplementary Motor Area, TDC = Typically Developing Control, TPJ = TemporoParietal Junction, VFC = Ventral Frontal Cortex, VMHC = Voxel-Mirrored Homotopic Connectivity, WM = White Matter

a Participants with more than 50% of their frames removed were not included in the analyses (n Control=1, n ADHD=16)
b >4 mm max displacement between consecutive timepoints
c dorsal caudate, ventral caudate/nucleus accumbens, dorsal caudal putamen, ventro rostral putamen
d 95 seeds (42 BAs in each hemisphere and 11 DMN-related regions 
e R frontal operculum, R and L insula, R pre-SMA, ACC, R supramarginal gyrus, L mid-occipital gyrus, L and R caudate, R and L thalamus)
f R and L globus pallidus, dorsal superior frontal gyrus, OFC, ventral superior frontal gyrus






























Table 2. Summary of Key Findings From Each of the Studies Retained in the Meta-analysis

	First Author
	Year
	Summary of findings

	Seed Based Connectivity

	Cao 24
	2009
	Lt putamen: ↑ iFC with globus pallidus/thalamus, ↓ subcallosal gyrus/nucleus accumbens, SFG, declive, and STG/MTG in ADHD
Rt putamen: ↓ iFC with precuneus and declive in ADHD 

	Castellanos 25
	2008
	dorsal ACC: ↓ iFC with PCC, and precuneus in ADHD
PCC: ↓ iFC with MFG, STG, and cingulate gyrus in ADHD

	Hoekzema 26
	2014
	DLPFC: ↑ iFC with lt postcentral gyrus,
lt precentral gyrus, rt temporal pole, lt SMG, lt inferior parietal gyrus, rt insula, lt orbitofrontal gyrus, lt cerebellar tonsil, rt precentral gyrus, and rt medial prefrontal gyrus

	Hong 27
	2015
	dorsal caudate: ↓ iFC with lt SFG and rt MFG
dorsal putamen: ↓ iFC with lt parahippocampal gyrus

	Icer 28
	2018
	Lt premotor cortex: ↓ iFC with lt primary somatosensory cortex in ADHD
Rt fusiform gyrus: ↓ iFC with cerebellum in ADHD
Rt MTG: ↑ iFC with primary motor cortex in ADHD
Rt STG: ↑ iFC with rt SMG in ADHD
Rt ventral PCC: ↑ iFC with lt associative visual cortex, lt secondary visual cortex, and rt dorsal PCC  in ADHD
Rt temporopolar area: ↑ iFC with rt angular gyrus  in ADHD
Rt angular gyrus: ↑ iFC with rt somatosensory association cortex  in ADHD
Lt inferior frontal cortex pars opercularis: ↑ iFC with rt dorsal frontal cortex  in ADHD
Lt DLPFC: ↑ iFC with rt angular gyrus and lt dorsal PCC  in ADHD
Rt DLPFC: ↑ iFC with lt inferior prefrontal gyrus in ADHD
PCC: ↑ iFC with rt MTG and rt STG in ADHD
Rt IPL: ↑ iFC with lt DLPFC in ADHD
mPFC: ↑ iFC with rt angular gyrus and rt STG in ADHD

	
	
	

	Karalunas 29
	2014
	Amygdala: ↑ iFC with occipital lobe, precuneus/posterior cingulate, IPL, anterior insula, cerebellum, and caudate in a “mild” subtype of ADHD. ↑ iFC with medial frontal in a “surgent” subtype. ↓ iFC with occipital lobe, lateral frontal, and cerebellum in a “mild” subtype of ADHD. ↓ iFC with cerebellum in a “surgent” subtype of ADHD. ↓ iFC with anterior insula, precuneus, and medial frontal in an “irritable” subtype of ADHD.

	Kim 30
	2017
	Vermis of the cerebellum: ↓ iFC with rt MFG and medial frontal gyrus in ADHD.

	Kucyi 31
	2015
	Cerebellar DN areas: ↑ iFC with bi insula, bi midcingulate cortex, bi retrosplenial cortex, bi putamen, bi precentral and postcentral gyri, right STG, bi lateral occipital cortex, bi fusiform and lingual gyri, bi cuneus, bi FEF, bi superior parietal lobule, and left cerebellum in ADHD.

	Li 32
	2014
	Rt globus pallidus: ↑ iFC with bi OFC in ADHD
Lt globus pallidus: ↑ iFC with bi OFC in ADHD
Rt DLPFC: ↑ iFC with lt VMPFC in ADHD
Lt OFC: ↑ iFC with bi SFG in ADHD
Lt ventral SFG: ↑ iFC with bi SFG and bi OFC in ADHD
Rt dorsal SFG: ↓ iFC with rt STG, bi precentral gyrus, bi SMG, and bi putamen in ADHD
Lt OFC: ↓ iFC with lt cerebellum is ADHD
Lt ventral SFG: lt SMG and rt angular gyrus in ADHD

	Lin 33
	2016
	Dorsal attention network: ↓ iFC with bi FEF and rt MFG in ADHD
Cognitive control network: ↓ iFC with bi DLPFC in ADHD
DMN: ↓ iFC with lt precuneus in ADHD

	Lin 34
	2018
	Rt FEF: ↑ iFC with rt postcentral gyrus in ADHD
Lt FEF: ↑ iFC with rt precentral gyrus in ADHD
Rt precuneus: ↑ iFC with rt postcentral gyrus, lt lingual gyrus and lt STG in ADHD
Lt precuneus: ↑ iFC with rt precentral gyrus and lt lingual gyrus in ADHD

	Lin 35
	2015
	Lt anterior PFC: ↓ iFC with rt anterior IPL in ADHD
Rt anterior PFC: ↓ iFC with rt VLPFC and rt putamen in ADHD

	McLeod 36
	2014
	M1: ↓ iFC with rt parietal operculum, rt SMG, rt auditory cortex, FEF, lt pallidum, rt inferior frontal gyrus, lt angular gyrus, lt SMG, brainstem, lt amygdala, lt insular cortex, lt inferior frontal gyrus, rt anterior cingulate gyrus, bi putamen, lt MFG, and lt pallidum in ADHD

	Mennes 37
	2011
	Rt caudate: ↑ iFC with rt frontal operculum, lt planum temporale, lt frontal pole, lt frontal operculum, and rt cingulate gyrus in ADHD
Rt frontal operculum: ↑ iFC with rt caudate and ↓ iFC with rt precuneus in ADHD
Rt supramarginal gyrus: ↑ iFC with rt caudate and rt cingulate gyrus in ADHD
Lt thalamus: ↑ iFC with lt SMG and lt MFG,↓ iFC with rt cerebellum in ADHD
Rt thalamus: ↑ iFC with lt frontal pole and lt MTG in ADHD
Lt caudate: ↓ iFC with rt subcallosal cortex in ADHD

	Mizuno 38
	2017
	Rt Crus I/II: ↓ iFC with lt DLPFC in ADHD

	Posner 39
	2014
	Lt anterior hippocampus: ↑ iFC with lt STG, bi parietal lobe, and rt SMG, ↓ iFC with temporal pole and rt parietal lobe
Rt anterior hippocampus: ↑ iFC with lt rectus, rt fusiform gyrus, lt calcarine, rt medial frontal, rt middle temporal, and lt precuneus, ↓ iFC with lt amygdala, rt subcallosal gyrus, rt parahippocampal region, rt middle temporal, lt calcarine, rt medial frontal gyrus, and lt middle frontal in ADHD

	Yang 40
	2013
	PCC: ↓ iFC with bi mPFC, rt posterior cingulate gyrus, rt ITG, cerebellar posterior lobe, lt insula, rt IPL, lt postcentral gyrus, bi STG, and lt fusiform gyrus in ADHD

	Yu 41
	2016
	Lt basolateral amygdala: ↓ iFC with vermis and lt postcentral gyrus in ADHD
Rt basolateral amygdala: ↓ iFC with vermis and bi thalamus in ADHD
Lt centromedial amygdala: ↓ iFC with lt cerebellum, rt postcentral gyrus, and bi superior temporal pole in ADHD
Rt centromedial amygdala: ↓ iFC with rt precuneus and bi inferior occipital pole in ADHD
Lt superficial amygdala: ↓ iFC with bi mPFC and rt SFG, ↑ iFC with lt postcentral gyrus in ADHD
Rt superficial amygdala: ↓ iFC with bi lingual gyrus, bi IPL, bi SFG, and rt MFG in ADHD

	Non Seed Based Connectivity

	An 42
	2013
	↓ReHo in bi SFG in ADHD
↑ ReHo in lt cuneus, bi sensorimotor cortex, rt premotor area, rt calcarine gyrus, lt postcentral gyrus, and rt superior occipital gyrus in ADHD

	Cao 43
	2007
	↓ReHo in lt MFG, lt SFG, lt medial frontal gyrus, and rt ITG in ADHD-C
↓ReHo in rt IFG, lt SFG, rt pyramis, lt STG, and rt ITG in ADHD-I
↑ReHo in rt lingual gyrus, rt cuneus, lt lingual gyrus, rt inferior parietal gyrus, lt lingual gyrus, and lt cuneus in ADHD-I

	Jiang 44
	2014
	↑ VMHC in bi frontal lobe, bi occipital lobe, and cerebellar posterior lobe in ADHD

	Kim 45
	2018
	↓dynamic ReHo in lt superior parietal surface in ADHD

	Mostert 46
	2016
	↑FC in executive control network in ADHD

	Pruim 47
	2019
	Diagnostic effect of ADHD on the FC in lt dorsal ACC, rt PCC, lt dorsomedial prefrontal cortex, lt caudate, lt putamen, rt precentral gyrus, and rt cerebellum

	Qian 48
	2019
	Diagnostic effect of ADHD on the FC in anterior DMN

	Shang 49
	2018
	↓ReHo in bi putamen, lt posterior cingulate, rt precentral gyrus, lt supplementary motor area, and lt precuneus in ADHD

	Shekarchi 50
	2014
	↓FC in rt frontal pole, rt frontal medial cortex, rt inferior temporal gyrus, rt occipital pole, and rt temporal pole in ADHD

	Sokunbi 51
	2013
	↓SampEn in lt occipital lobe, lt parietal lobe, lt frontal lobe, and rt limbic lobe in ADHD

	Yang 52
	2013
	↓ALFF in bi posterior lobes of the cerebellum and the lt side of the pons, ↑ALFF in rt precentral gyrus in ADHD
↓ReHo in lt medial frontal gyrus, rt SFG, and lt precuneus, ↑ReHo in lt anterior lobe of the cerebellum, lt caudate nucleus, rt parahippocampal gyrus, lt precentral gyrus, and rt MFG in ADHD

	Yoo 53
	2018
	↓FC in bi precuneus and rt DLPFC in ADHD

	Note: ACC = Anterior Cingulate Cortex, ADHD = Attention-Deficit/Hyperactivity Disorder, bi = BIlateral, DLPFC = DorsoLateral PreFrontal Cortex, DMN = Default Mode Network, FC = Functional Connectivity, FEF = Frontal Eye Field, IFG = Inferior Frontal Gyrus, IPL = Inferior Parietal Lobe, ITG = Inferior Temporal Gyrus, lt = LefT, MFG = Middle Frontal Gyrus, mPFC = Medial PreFrontal Cortex, MTG = Middle Temporal Gyrus, OFC = OrbitoFrontal Cortex, PCC = Posterior Cingulate Cortex, ReHo = REgional HOmogeneity, rt = RighT, SampEn = SAMPle ENtropy, SFG = Superior Frontal Gyrus, SMG = SupraMarginal Gyrus, STG = Superior Temporal Gyrus, VLPFC = VentroLateral PreFrontal Cortex, VMHC = Voxel-Mirrored Homotopic Connectivity
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Appendix 1. Search methods

With the support of a librarian, we searched Pubmed, Ovid MEDLINE®, Biological Abstracts®, EMBASE Classic+EMBASE, PsycINFO, BIOSIS Previews and Web of Knowledge (Web of Science (Science Citation Index Expanded), Biological Abstracts, BIOSIS, Food Science and Technology Abstracts) databases, from inception to April 9th, 2019, with no language or type of document restrictions. Papers in languages other than English were translated by the authors or their collaborators. We also hand-searched references of retrieved pertinent papers and proceedings of relevant conferences to find additional potentially relevant studies. 

 Search strategy/syntax and results (hits) from each electronic database

Last search: April 9th, 2019


PUBMED (MEDLINE)

· Search terms: 

(ADHD [tiab] OR attention-deficit/hyperactivity disorder [tiab] OR attention deficit OR attention-deficit [tiab] OR hyperkinetic syndrome [tiab] OR hyperkinetic disorder [tiab]) AND (rest OR resting OR resting-state OR r-fmri OR rs-fmri OR functional connectivity)


Limits: none

Results:  896 hits



OVID databases

PsycInfo, EMBASE+EMBASE classic, OVID Medline

Search terms: 
(ADHD OR attention deficit hyperactivity disorder OR attention deficit OR hyperkinetic syndrome OR hyperkinetic disorder) AND (rest OR resting OR resting-state OR r-fmri OR rs-fmri OR functional connectivity)
Limits: none

Results: 2701 hits




WEB OF KNOWLEDGE
(Web of science (science citation index expanded), Biological abstracts, Biosis, Food science and technology abstracts)

Search terms: 

ADHD OR attention-deficit/hyperactivity disorder OR attention deficit OR hyperkinetic syndrome OR hyperkinetic disorder


rest OR resting OR resting-state OR r-fmri OR rs-fmri OR functional connectivity

Limits: none

Results:   2829 hits 



After merging and de-duplication: 4405 references






















Appendix 2. Identification/selection of studies and data extraction

Study identification and selection was conducted in two stages: 1) Two investigators independently and blindly screened titles and abstracts of all non-duplicated retrieved references and excluded those clearly not pertinent. A final list was agreed with discrepancies resolved by consensus between the two authors; two other senior authors were available to arbitrate, had it been needed. 2) The full-text versions of the articles passing stage 1 were assessed for eligibility by two authors, independently and blindly. Discrepancies for these papers were again resolved by consensus between the two authors, and, if needed, by two senior authors.
Multiple reports referring to the same dataset (e.g., ADHD-200 sample) were linked together, considering the publication with the largest amount of usable data. When required, we contacted corresponding authors to inquire on sample overlap across publications. 
Two investigators independently and blindly performed data extraction; discrepancies were resolved by consensus between them. Authors of eligible studies not reporting spatial coordinates were contacted to
gather relevant information needed for the meta-analysis.



























Appendix 3. Changes in relation to the pre-registered protocol

In the protocol pre-registered in PROSPERO CRD42019119553, we stated
·  “Primary question: Are there consistent patterns of abnormal intrinsic connectivity, as estimated via resting state functional magnetic resonance imaging (R-FMRI) in individuals with compared to those without Attention-Deficit/Hyperactivity Disorder (ADHD)? Secondary question: Do these patterns differ in children/adolescents vs. adults?” Unfortunately, data allowing the subgroup meta-analysis in adults were not available (4 studies, which was less than the 17 experiments required to attain 80% power), as reported in the Method section in the main text
· “We will also explore the feasibility of conducting subgroup analyses focused on studies in males only”: due to lack of data, this analysis was not possible
· We performed a post hoc analysis pooling hyper- and hypo connectivity findings.






Appendix 4. List of studies excluded after full-text screening, with reasons for exclusion.


Overlapping participants with included studies

1.	An L, Cao Q-J, Sui M-Q, et al. Local synchronization and amplitude of the fluctuation of spontaneous brain activity in attention-deficit/hyperactivity disorder: a resting-state fMRI study. Neurosci Bull 2013;29(5):603-613.
2.	Benli SG, Icer S, Gumus K, et al. Neural correlates of default mode network connectivity in children with attention deficit and hyperactivity disorder. Curr Med Imaging Rev 2017;13(2):185-194.
3.	Cao Q, Zang Y, Sun L, et al. Abnormal neural activity in children with attention deficit hyperactivity disorder: a resting-state functional magnetic resonance imaging study. Neuroreport 2006;17(10):1033-1036.
4.	Cao Q-J, Wang X-L, Qu S, et al. Effects of cognitive-behavioral therapy on regional homogeneity changes in adults with attention-deficit/hyperactivity disorder. Chinese Mental Health Journal 2017;31(3):183-189.
5.	Chabernaud C, Mennes M, Kelly C, et al. Dimensional brain-behavior relationships in children with attention-deficit/hyperactivity disorder. Biol Psychiatry. 2012;71(5):434-442.
6.	Di Martino A, Zuo X-N, Kelly C, et al. Shared and distinct intrinsic functional network centrality in autism and attention-deficit/hyperactivity disorder. Biol Psychiatry 2013;74(8):623-632.
7.	Dias TG, Wilson VB, Bathula DR, et al. Reward circuit connectivity relates to delay discounting in children with attention-deficit/hyperactivity disorder. Eur Neuropsychopharmacol 2013;23(1):33-45.
8.	Fair DA, Posner J, Nagel BJ, et al. Atypical default network connectivity in youth with attention-deficit/ hyperactivity disorder. Biol Psychiatry 2010;68(12):1084-1091.
9.	Francx W, Oldehinkel M, Oosterlaan J, et al. The executive control network and symptomatic improvement in attention-deficit/hyperactivity disorder. Cortex; a journal devoted to the study of the nervous system and behavior. 2015;73:62-72.
10.	Hulvershorn LA, Mennes M, Castellanos F, et al. Abnormal amygdala functional connectivity associated with emotional lability in children with attention-deficit/hyperactivity disorder. J Am Acad Child Adolesc Psychiatry 2014;53(3):351-361.
11.	Liu D, Yan C, Ren J, Yao L, Kiviniemi VJ, Zang Y. Using coherence to measure regional homogeneity of resting-state FMRI signal. Front Syst Neurosci  2010;4:24.
12.	McLeod KR, Langevin LM, Goodyear BG, Dewey D. Functional connectivity of neural motor networks is disrupted in children with developmental coordination disorder and attention-deficit/hyperactivity disorder. NeuroImage Clin. 2014;4:566-575.
13.	Mills BD, Miranda-Dominguez O, Mills KL, et al. ADHD and attentional control: Impaired segregation of task positive and task negative brain networks. Netw Neurosci 2018;2(2):200-217.
14.	Oldehinkel M, Beckmann CF, Franke B, et al. Functional connectivity in cortico-subcortical brain networks underlying reward processing in attention-deficit/hyperactivity disorder. NeuroImage Clin 2016;12:796-805.
15.	Posner J, Rauh V, Gruber A, Gat I, Wang Z, Peterson BS. Dissociable attentional and affective circuits in medication-naive children with attention-deficit/hyperactivity disorder. Psychiatry Res 2013;213(1):24-30.
16.	Sun L, Cao Q, Long X, et al. Abnormal functional connectivity between the anterior cingulate and the default mode network in drug-naive boys with attention deficit hyperactivity disorder. Psychiatry rRes 2012;201(2):120-127.
17.	Tian L, Jiang T, Liang M, et al. Enhanced resting-state brain activities in ADHD patients: a fMRI study. Brain Dev 2008;30(5):342-348.
18.	Tian L, Jiang T, Wang Y, et al. Altered resting-state functional connectivity patterns of anterior cingulate cortex in adolescents with attention deficit hyperactivity disorder. Neurosci Lett  2006;400(1-2):39-43.
19.	Uytun MC, Karakaya E, Oztop DB, et al. Default mode network activity and neuropsychological profile in male children and adolescents with attention deficit hyperactivity disorder and conduct disorder. Brain Imaging Behav. 2017;11(6):1561-1570.
20.	Yang Z, Li H, Tu W, et al. Altered patterns of resting-state functional connectivity between the caudate and other brain regions in medication-naive children with attention deficit hyperactivity disorder. Clinical imaging. 2018;47:47-51.
21.	Yu X, Yuan B, Cao Q, et al. Frequency-specific abnormalities in regional homogeneity among children with attention deficit hyperactivity disorder: a resting-state fMRI study. Science Bulletin. 2016;61(9):682-692.
22.	Yu-Feng Z, Yong H, Chao-Zhe Z, et al. Altered baseline brain activity in children with ADHD revealed by resting-state functional MRI. Brain Dev 2007;29(2):83-91.
23.	Zhou M, Yang C, Bu X, et al. Abnormal functional network centrality in drug-naive boys with attention-deficit/hyperactivity disorder. Eur Child Adolesc Psychiatry. 2019.
24.	Zhu C-Z, Zang Y-F, Cao Q-J, et al. Fisher discriminative analysis of resting-state brain function for attention-deficit/hyperactivity disorder. Neuroimage. 2008;40(1):110-120.

ADHD-200 data

1.	Abbas A, Bassil Y, Keilholz S. Quasi-periodic patterns of brain activity in individuals with attention-deficit/hyperactivity disorder. NeuroImage Clin. 2019;21:101653.
2.	Anderson A, Douglas PK, Kerr WT, et al. Non-negative matrix factorization of multimodal MRI, fMRI and phenotypic data reveals differential changes in default mode subnetworks in ADHD. NeuroImage. 2014;102:207-219.
3.	Cai W, Chen T, Szegletes L, Supekar K, Menon V. Aberrant time-varying cross-network interactions in children with attention-deficit/hyperactivity disorder and the relation to attention deficits. Biol Psychiatry Cogn Neurosci Neuroimaging. 2018;3(3):263-273.
4.	Carmona S, Hoekzema E, Castellanos FX, et al. Sensation-to-cognition cortical streams in attention-deficit/hyperactivity disorder. Human Brain Mapp. 2015;36(7):2544-2557.
5.	Chao T, Yuqing W, Jiajia Z, Jingxin N. The dynamic measurements of regional brain activity for resting-state fMRI: d-ALFF, d-fALFF and d-ReHo. 2018.
6.	Cheng W, Ji X, Zhang J, Feng J. Individual classification of ADHD patients by integrating multiscale neuroimaging markers and advanced pattern recognition techniques. Front Syst Neurosci. 2012;6:58.
7.	dos Santos Siqueira A, Biazoli Junior CE, Comfort WE, Rohde LA, Sato JR. Abnormal functional resting-state networks in ADHD: graph theory and pattern recognition analysis of fMRI data. BioMed research international. 2014;2014:380531.
8.	Elton A, Alcauter S, Gao W. Network connectivity abnormality profile supports a categorical-dimensional hybrid model of ADHD. Human Brain Mapp. 2014;35(9):4531-4543.
9.	Hong J, Park BY, Cho HH, Park H. Age-related connectivity differences between attention deficit and hyperactivity disorder patients and typically developing subjects: a resting-state functional MRI study. Neural regeneration research. 2017;12(10):1640-1647.
10.	Kernbach JM, Satterthwaite TD, Bassett DS, et al. Shared endo-phenotypes of default mode dysfunction in attention deficit/hyperactivity disorder and autism spectrum disorder. Transl Psychiatry. 2018;8.
11.	Kong X-z, Zhen Z, Li X, et al. Individual differences in impulsivity predict head motion during magnetic resonance imaging. PloS one. 2014;9(8).
12.	Kyeong S, Kim JJ, Kim E. Novel subgroups of attention-deficit/hyperactivity disorder identified by topological data analysis and their functional network modular organizations. PLoS One. 2017;12(8):e0182603.
13.	Kyeong S, Park S, Cheon K-A, Kim J-J, Song D-H, Kim E. A new approach to investigate the association between brain functional connectivity and disease characteristics of attention-deficit/hyperactivity disorder: Topological neuroimaging data analysis. PLoS ONE Vol 10(9), 2015, ArtID e0137296. 2015;10(9).
14.	Lee KH, Xue L. Nonparametric finite mixture of Gaussian graphical models. Technometrics. 2018;60(4):511-521.
15.	Lin P, Sun J, Yu G, et al. Global and local brain network reorganization in attention-deficit/hyperactivity disorder. Brain Imaging Behav 2014;8(4):558-569.
16.	Marcos-Vidal L, Martinez-Garcia M, Pretus C, et al. Local functional connectivity suggests functional immaturity in children with attention-deficit/hyperactivity disorder. Human Brain Mapp 2018;39(6):2442-2454.
17.	Mills KL, Bathula D, Dias TG, et al. Altered cortico-striatal-thalamic connectivity in relation to spatial working memory capacity in children with ADHD. Front Psychiatry. 2012;3:2.
18.	Nomi JS, Schettini E, Voorhies W, Bolt TS, Heller AS, Uddin LQ. Resting-state brain signal variability in prefrontal cortex is associated with ADHD symptom severity in children. Front Hum Neurosci. 2018;12:90.
19.	Park B-y, Hong J, Lee S-H, Park H. Functional connectivity of child and adolescent attention deficit hyperactivity disorder patients: Correlation with IQ. Front Hum Neurosci Vol 10 2016, ArtID 565. 2016;10.
20.	Pikusa M, Jonczyk R. Functional abnormalitiesin Broca’s area in adolescents with ADHD: a resting fMRI study. Poznan Studies in Contemporary Linguistics. 2015;51(1):163-177.
21.	Sanefuji M, Craig M, Parlatini V, et al. Double-dissociation between the mechanism leading to impulsivity and inattention in Attention Deficit Hyperactivity Disorder: A resting-state functional connectivity study. Cortex; a journal devoted to the study of the nervous system and behavior. 2017;86:290-302.
22.	Sato JR, Hoexter MQ, Castellanos XF, Rohde LA. Abnormal brain connectivity patterns in adults with ADHD: a coherence study. PloS one. 2012;7(9):e45671.
23.	Sato JR, Takahashi DY, Hoexter MQ, Massirer KB, Fujita A. Measuring network's entropy in ADHD: a new approach to investigate neuropsychiatric disorders. NeuroImage. 2013;77:44-51.
24.	Sidhu G, Asgarian N, Greiner R, Brown MRG. Kernel principal component analysis for dimensionality reduction in fMRI-based diagnosis of ADHD. Front Syst Neurosci. 2012(OCTOBER 2012):1-17.
25.	Sripada C, Kessler D, Fang Y, Welsh RC, Prem Kumar K, Angstadt M. Disrupted network architecture of the resting brain in attention-deficit/hyperactivity disorder. Human Brain Mapp. 2014;35(9):4693-4705.
26.	Sripada CS, Kessler D, Angstadt M. Lag in maturation of the brain's intrinsic functional architecture in attention-deficit/hyperactivity disorder. Proc Natl Acad Sci U S A. 2014;111(39):14259-14264.
27.	Tang C, Wei Y, Zhao J, Nie J. Different developmental pattern of brain activities in ADHD: a study of resting-state fMRI. Developmental neuroscience. 2018:1-12.
28.	Tomasi D, Volkow ND. Abnormal functional connectivity in children with attention-deficit/hyperactivity disorder. Bio Psychiatry. 2012;71(5):443-450.
29.	Tomasi D, Volkow ND. Functional connectivity of substantia nigra and ventral tegmental area: maturation during adolescence and effects of ADHD. Cerebral cortex (New York, NY : 1991). 2014;24(4):935-944.
30.	Wang R, Lin P, Wu Y. Exploring dynamic temporal-topological structure of brain network within ADHD. 2015.
31.	Wang R, Wang L, Yang Y, Li J, Wu Y, Lin P. Random matrix theory for analyzing the brain functional network in attention deficit hyperactivity disorder. Phys Rev E 2016;94(5-1):052411.
32.	Wang X, Jiao Y, Tang T, Wang H, Lu Z. Altered regional homogeneity patterns in adults with attention-deficit hyperactivity disorder. Eur J Radiol. 2013;82(9):1552-1557.
33.	Wang X-H, Li L. Altered temporal features of intrinsic connectivity networks in boys with combined type of attention deficit hyperactivity disorder. Eur J Radiol 2015;84(5):947-954.
34.	Wang XH, Jiao Y, Li L. Predicting clinical symptoms of attention deficit hyperactivity disorder based on temporal patterns between and within intrinsic connectivity networks. Neuroscience. 2017;362:60-69.
35.	Wang XH, Jiao Y, Li L. Identifying individuals with attention deficit hyperactivity disorder based on temporal variability of dynamic functional connectivity. Sci Rep. 2018;8(1):11789.
36.	Xingjuan L, Yu L, Jiangtao C. Estimating Interactions of Functional Brain Connectivity by Hidden Markov Models. 2018.
37.	Yu D. Additional brain functional network in adults with attention-deficit/hyperactivity disorder: a phase synchrony analysis. PLoS One. 2013;8(1).
38.	Zhang J, Kendrick KM, Lu G, Feng J. The fault lies on the other side: altered brain functional connectivity in psychiatric disorders is mainly caused by counterpart regions in the opposite hemisphere. Cereb Cortex (New York, NY : 1991). 2015;25(10):3475-3486.
39.	Zou H, Yang J. Exploring the brain lateralization in ADHD based on variability of resting-state fMRI signal. J Atten Disord. 2018:1087054718816170.

Lack of sufficient information (despite attempts to contact corresponding authors)

1.	Costa Dias TG, Iyer SP, Carpenter SD, et al. Characterizing heterogeneity in children with and without ADHD based on reward system connectivity. Dev Cogn Neurosci. 2015;11:155-174.
2.	Mattfeld AT, Gabrieli JD, Biederman J, et al. Brain differences between persistent and remitted attention deficit hyperactivity disorder. Brain : a journal of neurology. 2014;137(Pt 9):2423-2428.
3.	Oldehinkel M, Beckmann CF, Pruim RH, et al. Attention-deficit/hyperactivity disorder symptoms coincide with altered striatal connectivity. Biol Psychiatry Cogn Neurosci Neuroimaging. 2016;1(4):353-363.
4.	von Rhein D, Oldehinkel M, Beckmann CF, et al. Aberrant local striatal functional connectivity in attention-deficit/hyperactivity disorder. J Child Psychol Psychiatry. 2016;57(6):697-705.
5.	Wang X, Cao Q, Wang J, et al. The effects of cognitive-behavioral therapy on intrinsic functional brain networks in adults with attention-deficit/hyperactivity disorder. Behaviour research and therapy. 2016;76:32-39.
6.	Alonso Bde C, Hidalgo Tobon S, Dies Suarez P, Garcia Flores J, de Celis Carrillo B, Barragan Perez E. A multi-methodological MR resting state network analysis to assess the changes in brain physiology of children with ADHD. PloS one. 2014;9(6):e99119.
7.	Zhou J, Gao Y, Bu X, et al. [A multi-parameter resting-state functional magnetic resonance imaging study of brain intrinsic activity in attention deficit hyperactivity disorder children]. Sheng wu yi xue gong cheng xue za zhi = Journal of biomedical engineering = Shengwu yixue gongchengxue zazhi. 2018;35(3):415-420.
8.	Yang PS, Jeong BS, Go HJ, 최지욱, 우영섭, 송승훈. The abnormality of posterior default mode network in medication-naive attention-deficit hyperactivity disorder children : Resting State fMRI Study. Korean Journal of Child & Adolescent Psychiatry. 2012;23(2):57-62.
9.	Choi EJ. Shared atypical functional connectivity in children with ASD and ADHD. J Am Acad Child Adolesc Psychiatry. 2018;57 (10 Supplement):S295.

Could not contact authors

1.	Iravani B, Kaboodvand N, Arshamian A. Localize target regions for excitatory stimulation in psychiatric disorders: contributions from mathematical modeling. Brain Stimulation. 2019;12 (2):590.

Non significant results

1.	Cocchi L, Bramati IE, Zalesky A, et al. Altered functional brain connectivity in a non-clinical sample of young adults with attention-deficit/hyperactivity disorder. J Neurosci 2012;32(49):17753-17761.

Not conducting whole brain analysis

1.	Akdeniz G. Complexity analysis of resting-state fMRI in adult patients with attention deficit hyperactivity disorder: brain entropy. Comput Intell Neurosci. 2017;2017:3091815.
2.	Barber AD, Jacobson LA, Wexler JL, et al. Connectivity supporting attention in children with attention deficit hyperactivity disorder. NeuroImage Clin. 2015;7:68-81.
3.	Bos DJ, Oranje B, Achterberg M, et al. Structural and functional connectivity in children and adolescents with and without attention deficit/hyperactivity disorder. J Child Psychol Psychiatry. 2017;58(7):810-818.
4.	Brown JA, Rudie JD, Bandrowski A, Van Horn JD, Bookheimer SY. The UCLA multimodal connectivity database: a web-based platform for brain connectivity matrix sharing and analysis. Front Neuroinform. 2012;6:28.
5.	Cary RP, Ray S, Grayson DS, et al. Network structure among brain systems in adult ADHD is uniquely modified by stimulant administration. Cerebral cortex (New York, NY : 1991). 2017;27(8):3970-3979.
6.	Choi J, Jeong B, Lee SW, Go H-J. Aberrant development of functional connectivity among resting state-related functional networks in medication-naive ADHD children. PLoS One. 2013;8(12).
7.	Dajani DR, Burrows CA, Odriozola P, et al. Investigating functional brain network integrity using a traditional and novel categorical scheme for neurodevelopmental disorders. NeuroImage Clin 2019;21:101678.
8.	Hasler R, Preti M, Meskaldji D, et al. Inter-hemispherical asymmetry in default-mode functional connectivity and BAIAP2 gene are associated with anger expression in ADHD adults. Psychiatry Res Neuroimaging. 2017;269:54-61.
9.	Ho N-F, Chong JS, Koh HL, et al. Intrinsic affective network is impaired in children with attention-deficit/hyperactivity disorder. PLoS ONE Vol 10(9), 2015, ArtID e0139018. 2015;10(9).
10.	Ishii-Takahashi A, Faria AV, Mangalmurti A, et al. Neural Mechanisms of Irritability in Children With ADHD. J Am Acad Child Adolesc Psychiatry. 2018;57 (10 Supplement):S144.
11.	Kelly C, Castellanos FX, Tomaselli O, et al. Distinct effects of childhood ADHD and cannabis use on brain functional architecture in young adults. NeuroImage Clin 2017;13:188-200.
12.	Lin HY, Cocchi L, Zalesky A, et al. Brain-behavior patterns define a dimensional biotype in medication-naive adults with attention-deficit hyperactivity disorder. Psychol Med 2018:1-10.
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14.	Ou J, Lian Z, Xie L, et al. Atomic dynamic functional interaction patterns for characterization of ADHD. Human Brain Mapp 2014;35(10):5262-5278.
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21.	Tao J, Jiang X, Wang X, et al. Disrupted control-related functional brain networks in drug-naive children with attention-deficit/hyperactivity disorder. Front Psychiatry 2017;8:246.
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1.	Cannon R, Kerson C, Hampshire A. sLORETA and fMRI detection of medial prefrontal default network anomalies in adult ADHD. J Neurother. 2011;15(4):358-373.
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	Table S1: Extracted Peak Coordinates From Each Study

	First Author
	Year
	Type of experiment
	Extracted peak coordinates
	Type of standard space
	Labels of the peak coordinate

	
	
	
	X
	Y
	Z
	
	AAL
	BA
	MNI_Cortical
	MNI_Subcortical
	MNI_Cerebellum

	An
	2013
	non-SBC
	-18
	54
	15
	MNI
	Frontal_Sup_L
	undefined
	21.0% Frontal Pole
	79.2% Left Cerebral White Matter
	undefined

	An
	2013
	non-SBC
	18
	24
	45
	MNI
	Frontal_Sup_R
	undefined
	26.0% Superior Frontal Gyrus
	68.8% Right Cerebral White Matter
	undefined

	An
	2013
	non-SBC
	-12
	-81
	24
	MNI
	Cuneus_L
	undefined
	27.0% Cuneal Cortex
	67.5% Left Cerebral White Matter
	undefined

	An
	2013
	non-SBC
	-3
	-18
	57
	MNI
	Supp_Motor_Area_L
	BA 6
	68.0% Precentral Gyrus
	85.6% Left Cerebral Cortex 
	undefined

	An
	2013
	non-SBC
	21
	-39
	66
	MNI
	Postcentral_R
	undefined
	55.0% Postcentral Gyrus
	76.7% Right Cerebral Cortex 
	undefined

	An
	2013
	non-SBC
	18
	-9
	66
	MNI
	Frontal_Sup_R
	BA  6
	30.0% Superior Frontal Gyrus
	58.8% Right Cerebral Cortex 
	undefined

	An
	2013
	non-SBC
	18
	-63
	18
	MNI
	Calcarine_R
	undefined
	35.0% Supracalcarine Cortex
	83.0% Right Cerebral Cortex 
	undefined

	An
	2013
	non-SBC
	-45
	-30
	66
	MNI
	Postcentral_L
	undefined
	42.0% Postcentral Gyrus
	47.3% Left Cerebral Cortex 
	undefined

	An
	2013
	non-SBC
	15
	-102
	6
	MNI
	Cuneus_R
	BA 18
	70.0% Occipital Pole
	72.5% Right Cerebral Cortex 
	undefined

	Cao
	2007
	non-SBC
	-32
	2
	51
	TAL
	Frontal_Mid_L
	BA 6
	29.0% Middle Frontal Gyrus
	59.5% Left Cerebral White Matter
	undefined

	Cao
	2007
	non-SBC
	-29
	11
	48
	TAL
	Frontal_Mid_L
	BA 8
	40.0% Middle Frontal Gyrus
	53.8% Left Cerebral Cortex 
	undefined

	Cao
	2007
	non-SBC
	-11
	2
	57
	TAL
	Supp_Motor_Area_L
	undefined
	7.0% Superior Frontal Gyrus
	83.7% Left Cerebral White Matter
	undefined

	Cao
	2007
	non-SBC
	53
	-23
	-16
	TAL
	Temporal_Inf_R
	undefined
	31.0% Inferior Temporal Gyrus, 
posterior division
	61.0% Right Cerebral Cortex 
	undefined

	Cao
	2007
	non-SBC
	29
	20
	-22
	TAL
	Temporal_Pole_Sup_R
	BA 38
	77.0% Temporal Pole
	86.5% Right Cerebral Cortex 
	undefined

	Cao
	2007
	non-SBC
	38
	23
	-1
	TAL
	Frontal_Inf_Orb_R
	BA 47
	52.0% Frontal Orbital Cortex
	58.0% Right Cerebral Cortex 
	undefined

	Cao
	2007
	non-SBC
	-23
	14
	5
	TAL
	Putamen_L
	undefined
	undefined
	59.0% Left Putamen
	undefined

	Cao
	2007
	non-SBC
	50
	14
	12
	TAL
	Frontal_Inf_Oper_R
	BA 45
	57.0% Inferior Frontal Gyrus, 
pars opercularis
	84.6% Right Cerebral Cortex 
	undefined

	Cao
	2007
	non-SBC
	35
	-71
	-34
	TAL
	Cerebelum_Crus1_R
	undefined
	undefined
	undefined
	69.0% Right Crus I

	Cao
	2007
	non-SBC
	-38
	17
	-22
	TAL
	Temporal_Pole_Mid_L
	undefined
	53.0% Temporal Pole
	58.5% Left Cerebral Cortex 
	undefined

	Cao
	2007
	non-SBC
	53
	-23
	-16
	TAL
	Temporal_Inf_R
	undefined
	31.0% Inferior Temporal Gyrus, 
posterior division
	61.0% Right Cerebral Cortex 
	undefined

	Cao
	2007
	non-SBC
	14
	-86
	-4
	TAL
	Calcarine_R
	BA 17
	35.0% Occipital Pole
	57.2% Right Cerebral Cortex 
	undefined

	Cao
	2007
	non-SBC
	11
	-74
	15
	TAL
	Cuneus_R
	BA 18
	12.0% Cuneal Cortex
	78.8% Right Cerebral White Matter
	undefined

	Cao
	2007
	non-SBC
	-20
	-92
	-4
	TAL
	Occipital_Mid_L
	undefined
	52.0% Occipital Pole
	56.5% Left Cerebral Cortex 
	undefined

	Cao
	2007
	non-SBC
	32
	-38
	36
	TAL
	undefined
	undefined
	17.0% Postcentral Gyrus
	55.7% Right Cerebral Cortex 
	undefined

	Cao
	2007
	non-SBC
	-8
	-92
	-7
	TAL
	Calcarine_L
	BA 17
	71.0% Occipital Pole
	75.8% Left Cerebral Cortex 
	undefined

	Cao
	2007
	non-SBC
	-5
	-77
	18
	TAL
	Cuneus_L
	undefined
	48.0% Cuneal Cortex
	67.5% Left Cerebral Cortex 
	undefined

	Cao
	2009
	SBC
	20
	-14
	2
	TAL
	undefined
	Medial 
Globus Pallidus
	undefined
	81.7% Right Pallidum
	undefined

	Cao
	2009
	SBC
	10
	4
	-10
	TAL
	undefined
	BA 34
	8.0% Frontal Orbital Cortex
	57.0% Right Cerebral Cortex 
	undefined

	Cao
	2009
	SBC
	8
	2
	66
	TAL
	Supp_Motor_Area_R
	undefined
	58.0% Superior Frontal Gyrus
	72.2% Right Cerebral Cortex 
	undefined

	Cao
	2009
	SBC
	22
	-70
	-18
	TAL
	Cerebelum_6_R
	undefined
	29.0% Occipital Fusiform Gyrus
	33.5% Right Cerebral Cortex 
	19.0% Right VI

	Cao
	2009
	SBC
	38
	-56
	18
	TAL
	Temporal_Mid_R
	undefined
	27.0% Angular Gyrus
	61.2% Right Cerebral White Matter
	undefined

	Cao
	2009
	SBC
	14
	-64
	-44
	TAL
	Cerebelum_8_R
	undefined
	undefined
	undefined
	72.0% Right VIIb

	Cao
	2009
	SBC
	-14
	-76
	-22
	TAL
	Cerebelum_Crus1_L
	undefined
	17.0% Occipital Fusiform Gyrus
	23.9% Left Cerebral Cortex 
	50.0% Left Crus I

	Castellanos
	2008
	SBC
	15
	-56
	28
	TAL
	Precuneus_R
	undefined
	16.0% Precuneous Cortex
	84.6% Right Cerebral White Matter
	undefined

	Castellanos
	2008
	SBC
	-8
	-63
	38
	TAL
	Precuneus_L
	BA 7
	61.0% Precuneous Cortex
	60.7% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	22
	-59
	28
	TAL
	undefined
	undefined
	6.0% Lateral Occipital Cortex, 
superior division
	86.8% Right Cerebral White Matter
	undefined

	Castellanos
	2008
	SBC
	1
	-80
	41
	TAL
	undefined
	undefined
	27.0% Precuneous Cortex
	29.3% Right Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	4
	-66
	37
	TAL
	Precuneus_R
	BA 7
	76.0% Precuneous Cortex
	77.2% Right Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	22
	-60
	37
	TAL
	undefined
	undefined
	26.0% Lateral Occipital Cortex, 
superior division
	62.8% Right Cerebral White Matter
	undefined

	Castellanos
	2008
	SBC
	14
	-6
	49
	TAL
	Frontal_Sup_R
	undefined
	2.0% Superior Frontal Gyrus
	96.6% Right Cerebral White Matter
	undefined

	Castellanos
	2008
	SBC
	9
	3
	37
	TAL
	Cingulum_Mid_R
	undefined
	32.0% Cingulate Gyrus, 
anterior division
	50.5% Right Cerebral White Matter
	undefined

	Castellanos
	2008
	SBC
	9
	6
	37
	TAL
	Cingulum_Mid_R
	BA 24
	30.0% Cingulate Gyrus, 
anterior division
	55.8% Right Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	6
	0
	55
	TAL
	Supp_Motor_Area_R
	BA 6
	51.0% Juxtapositional Lobule Cortex 
(formerly Supplementary Motor Cortex)
	76.6% Right Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	9
	10
	37
	TAL
	Cingulum_Mid_R
	BA 32
	37.0% Cingulate Gyrus, 
anterior division
	70.5% Right Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	13
	4
	44
	TAL
	undefined
	undefined
	1.0% Paracingulate Gyrus
	98.7% Right Cerebral White Matter
	undefined

	Castellanos
	2008
	SBC
	19
	-36
	43
	TAL
	undefined
	undefined
	undefined
	100.0% Right Cerebral White Matter
	undefined

	Castellanos
	2008
	SBC
	-47
	-10
	5
	TAL
	Temporal_Sup_L
	BA 22
	30.0% Heschl's Gyrus 
(includes H1 and H2)
	81.3% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-47
	-23
	10
	TAL
	Temporal_Sup_L
	undefined
	49.0% Heschl's Gyrus
(includes H1 and H2)
	81.3% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-32
	-12
	11
	TAL
	Insula_L
	undefined
	14.0% Insular Cortex
	74.2% Left Cerebral White Matter
	undefined

	Castellanos
	2008
	SBC
	-38
	-12
	5
	TAL
	Insula_L
	undefined
	86.0% Insular Cortex
	96.2% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-53
	3
	1
	TAL
	Temporal_Sup_L
	undefined
	38.0% Temporal Pole
	86.6% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-59
	-8
	10
	TAL
	Rolandic_Oper_L
	undefined
	27.0% Central Opercular Cortex
	64.3% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-49
	3
	7
	TAL
	Rolandic_Oper_L
	undefined
	42.0% Precentral Gyrus
	85.4% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-4
	45
	25
	TAL
	Frontal_Sup_Medial_L
	BA 9
	50.0% Paracingulate Gyrus
	89.5% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-7
	55
	26
	TAL
	Frontal_Sup_Medial_L
	BA 10
	85.0% Frontal Pole
	86.9% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-19
	63
	22
	TAL
	undefined
	undefined
	20.0% Frontal Pole
	20.7% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-19
	66
	22
	TAL
	undefined
	undefined
	3.0% Frontal Pole
	2.6% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-2
	48
	22
	TAL
	Frontal_Sup_Medial_L
	BA 10
	30.0% Paracingulate Gyrus
	63.4% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-2
	51
	20
	TAL
	Frontal_Sup_Medial_L
	BA 10
	34.0% Frontal Pole
	52.1% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	31
	18
	53
	TAL
	Frontal_Mid_R
	BA 8
	65.0% Middle Frontal Gyrus
	85.9% Right Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	0
	-49
	28
	TAL
	Cingulum_Mid_R
	undefined
	85.0% Cingulate Gyrus, 
posterior division
	94.6% Right Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-4
	-54
	26
	TAL
	Cingulum_Post_L
	BA 31
	73.0% Cingulate Gyrus, 
posterior division
	99.0% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	-7
	-60
	26
	TAL
	Precuneus_L
	undefined
	66.0% Precuneous Cortex
	69.7% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	6
	-39
	29
	TAL
	Cingulum_Mid_R
	undefined
	22.0% Cingulate Gyrus, 
posterior division
	76.6% Right Cerebral White Matter
	undefined

	Castellanos
	2008
	SBC
	-5
	-59
	19
	TAL
	Precuneus_L
	BA 31
	56.0% Precuneous Cortex
	75.2% Left Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	3
	-63
	31
	TAL
	Precuneus_R
	BA 7
	68.0% Precuneous Cortex
	67.3% Right Cerebral Cortex 
	undefined

	Castellanos
	2008
	SBC
	1
	-29
	37
	TAL
	Cingulum_Mid_R
	undefined
	94.0% Cingulate Gyrus, 
posterior division
	99.1% Right Cerebral Cortex 
	undefined

	Hoekzema
	2014
	SBC
	-54
	-4
	43
	MNI
	Postcentral_L
	BA 6
	73.0% Precentral Gyrus
	83.0% Left Cerebral Cortex 
	undefined

	Hoekzema
	2014
	SBC
	-42
	-4
	40
	MNI
	Precentral_L
	BA 6
	28.0% Precentral Gyrus
	67.7% Left Cerebral White Matter
	undefined

	Hoekzema
	2014
	SBC
	54
	8
	-17
	MNI
	Temporal_Pole_Sup_R
	BA 21
	63.0% Temporal Pole
	75.7% Right Cerebral Cortex 
	undefined

	Hoekzema
	2014
	SBC
	-63
	-22
	40
	MNI
	SupraMarginal_L
	undefined
	46.0% Postcentral Gyrus
	68.4% Left Cerebral Cortex 
	undefined

	Hoekzema
	2014
	SBC
	-54
	-28
	49
	MNI
	Parietal_Inf_L
	BA 2
	47.0% Postcentral Gyrus
	86.0% Left Cerebral Cortex 
	undefined

	Hoekzema
	2014
	SBC
	27
	20
	-17
	MNI
	Insula_R
	undefined
	82.0% Frontal Orbital Cortex
	89.0% Right Cerebral Cortex 
	undefined

	Hoekzema
	2014
	SBC
	-21
	17
	-20
	MNI
	Frontal_Inf_Orb_L
	undefined
	81.0% Frontal Orbital Cortex
	81.4% Left Cerebral Cortex 
	undefined

	Hoekzema
	2014
	SBC
	-12
	-40
	-47
	MNI
	Cerebelum_9_L
	undefined
	undefined
	16.5% Brain-Stem
	10.0% Left X

	Hoekzema
	2014
	SBC
	39
	-25
	64
	MNI
	Precentral_R
	undefined
	37.0% Postcentral Gyrus
	74.0% Right Cerebral Cortex 
	undefined

	Hoekzema
	2014
	SBC
	18
	17
	-17
	MNI
	Rectus_R
	BA 47
	47.0% Frontal Orbital Cortex
	50.7% Right Cerebral White Matter
	undefined

	Hong
	2015
	SBC
	0
	42
	45
	MNI
	Frontal_Sup_Medial_L
	undefined
	43.0% Superior Frontal Gyrus
	42.1% Left Cerebral Cortex 
	undefined

	Hong
	2015
	SBC
	0
	33
	51
	MNI
	Frontal_Sup_Medial_L
	undefined
	54.0% Superior Frontal Gyrus
	47.9% Left Cerebral Cortex 
	undefined

	Hong
	2015
	SBC
	33
	12
	54
	MNI
	Frontal_Mid_R
	BA 6
	34.0% Middle Frontal Gyrus
	56.1% Right Cerebral Cortex 
	undefined

	Hong
	2015
	SBC
	-18
	-9
	-33
	MNI
	undefined
	undefined
	68.0% Parahippocampal Gyrus, 
anterior division
	72.1% Left Cerebral Cortex 
	undefined

	Hong
	2015
	SBC
	-27
	-6
	-30
	MNI
	ParaHippocampal_L
	undefined
	24.0% Parahippocampal Gyrus, 
anterior division
	48.8% Left Cerebral White Matter
	undefined

	Icer
	2018
	SBC
	-46
	-26
	60
	MNI
	Postcentral_L
	undefined
	55.0% Postcentral Gyrus
	60.8% Left Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	6
	-58
	-12
	MNI
	Vermis_4_5
	undefined
	undefined
	undefined
	85.0% Right V

	Icer
	2018
	SBC
	-28
	-28
	62
	MNI
	Precentral_L
	undefined
	32.0% Postcentral Gyrus
	65.3% Left Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	42
	-56
	32
	MNI
	Angular_R
	undefined
	21.0% Angular Gyrus
	62.6% Right Cerebral White Matter
	undefined

	Icer
	2018
	SBC
	10
	-74
	18
	MNI
	Calcarine_R
	undefined
	25.0% Intracalcarine Cortex
	57.3% Right Cerebral White Matter
	undefined

	Icer
	2018
	SBC
	-10
	-90
	32
	MNI
	Cuneus_L
	BA 19
	39.0% Occipital Pole
	61.5% Left Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	18
	-30
	74
	MNI
	Precentral_R
	BA 3
	49.0% Postcentral Gyrus
	78.5% Right Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	52
	-54
	14
	MNI
	Temporal_Mid_R
	undefined
	39.0% Angular Gyrus
	71.1% Right Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	38
	-46
	62
	MNI
	Parietal_Sup_R
	undefined
	65.0% Superior Parietal Lobule
	71.9% Right Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	4
	54
	46
	MNI
	undefined
	undefined
	9.0% Frontal Pole
	21.7% Right Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	52
	-56
	36
	MNI
	Angular_R
	undefined
	63.0% Angular Gyrus
	80.3% Right Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	-2
	-40
	42
	MNI
	Cingulum_Mid_L
	BA 31
	62.0% Cingulate Gyrus, 
posterior division
	96.3% Left Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	-46
	18
	-10
	MNI
	Frontal_Inf_Orb_L
	BA 47
	32.0% Frontal Orbital Cortex
	55.2% Left Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	64
	-54
	8
	MNI
	Temporal_Mid_R
	BA 22
	60.0% Middle Temporal Gyrus, 
temporooccipital part
	72.1% Right Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	-58
	-70
	2
	MNI
	undefined
	undefined
	49.0% Lateral Occipital Cortex, 
inferior division
	59.5% Left Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	-50
	42
	16
	MNI
	undefined
	BA 46
	31.0% Frontal Pole
	41.3% Left Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	62
	-62
	14
	MNI
	undefined
	BA 22
	10.0% Lateral Occipital Cortex, 
inferior division
	29.7% Right Cerebral Cortex 
	undefined

	Icer
	2018
	SBC
	62
	-42
	8
	MNI
	Temporal_Mid_R
	undefined
	44.0% Middle Temporal Gyrus, 
temporooccipital part
	85.9% Right Cerebral Cortex 
	undefined

	Jiang
	2014
	non-SBC
	-9
	-30
	63
	MNI
	Paracentral_Lobule_L
	undefined
	14.0% Precentral Gyrus
	77.2% Left Cerebral White Matter
	undefined

	Jiang
	2014
	non-SBC
	9
	-30
	63
	MNI
	Paracentral_Lobule_R
	undefined
	16.0% Precentral Gyrus
	78.0% Right Cerebral White Matter
	undefined

	Jiang
	2014
	non-SBC
	-6
	-84
	27
	MNI
	Cuneus_L
	undefined
	51.0% Cuneal Cortex
	56.2% Left Cerebral Cortex 
	undefined

	Jiang
	2014
	non-SBC
	6
	-84
	27
	MNI
	Cuneus_R
	BA 19
	62.0% Cuneal Cortex
	70.0% Right Cerebral Cortex 
	undefined

	Jiang
	2014
	non-SBC
	-6
	-60
	-45
	MNI
	Cerebelum_9_L
	undefined
	undefined
	undefined
	78.0% Left IX

	Jiang
	2014
	non-SBC
	6
	-60
	-45
	MNI
	Cerebelum_9_R
	undefined
	undefined
	undefined
	88.0% Right IX

	Karalunas
	2014
	SBC
	-3
	-92
	0
	TAL
	Calcarine_L
	BA 18
	79.0% Occipital Pole
	72.3% Left Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	-19
	-81
	-5
	TAL
	undefined
	undefined
	5.0% Occipital Fusiform Gyrus
	87.5% Left Cerebral White Matter
	undefined

	Karalunas
	2014
	SBC
	-27
	-93
	-5
	TAL
	Occipital_Mid_L
	BA 18
	66.0% Occipital Pole
	70.6% Left Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	21
	-82
	5
	TAL
	Occipital_Sup_R
	undefined
	5.0% Lateral Occipital Cortex, 
superior division
	83.3% Right Cerebral White Matter
	undefined

	Karalunas
	2014
	SBC
	26
	-94
	-3
	TAL
	Occipital_Mid_R
	BA 18
	69.0% Occipital Pole
	68.8% Right Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	-24
	-100
	5
	TAL
	undefined
	undefined
	19.0% Occipital Pole
	19.3% Left Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	4
	-52
	52
	TAL
	Precuneus_R
	BA 5
	69.0% Precuneous Cortex
	78.0% Right Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	-10
	-43
	51
	TAL
	Precuneus_L
	undefined
	43.0% Postcentral Gyrus
	57.4% Left Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	-55
	-30
	39
	TAL
	SupraMarginal_L
	BA 3
	50.0% Supramarginal Gyrus, 
anterior division
	86.5% Left Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	-44
	-36
	42
	TAL
	Postcentral_L
	undefined
	43.0% Postcentral Gyrus
	80.8% Left Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	-2
	-7
	18
	TAL
	undefined
	undefined
	undefined
	61.7% Left Cerebral White Matter
	undefined

	Karalunas
	2014
	SBC
	-31
	-71
	-27
	TAL
	Cerebelum_Crus1_L
	undefined
	undefined
	undefined
	95.0% Left Crus I

	Karalunas
	2014
	SBC
	19
	-17
	22
	TAL
	undefined
	undefined
	undefined
	100.0% Right Cerebral White Matter
	undefined

	Karalunas
	2014
	SBC
	-18
	-99
	-4
	TAL
	Occipital_Mid_L
	undefined
	73.0% Occipital Pole
	72.5% Left Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	49
	21
	28
	TAL
	Frontal_Inf_Tri_R
	undefined
	34.0% Inferior Frontal Gyrus, 
pars triangularis
	82.9% Right Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	-22
	-79
	-28
	TAL
	Cerebelum_Crus1_L
	undefined
	4.0% Occipital Fusiform Gyrus
	7.9% Left Cerebral Cortex 
	79.0% Left Crus I

	Karalunas
	2014
	SBC
	-18
	53
	10
	TAL
	Frontal_Sup_L
	undefined
	40.0% Frontal Pole
	61.1% Left Cerebral White Matter
	undefined

	Karalunas
	2014
	SBC
	-30
	54
	1
	TAL
	Frontal_Mid_Orb_L
	BA 10
	72.0% Frontal Pole
	72.4% Left Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	41
	-81
	-34
	TAL
	undefined
	undefined
	undefined
	undefined
	undefined

	Karalunas
	2014
	SBC
	-43
	14
	4
	TAL
	undefined
	undefined
	50.0% Frontal Operculum Cortex
	77.5% Left Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	-35
	22
	3
	TAL
	Frontal_Inf_Orb_L
	undefined
	60.0% Frontal Orbital Cortex
	96.4% Left Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	-1
	-69
	24
	TAL
	Cuneus_L
	undefined
	69.0% Precuneous Cortex
	47.8% Left Cerebral Cortex 
	undefined

	Karalunas
	2014
	SBC
	-33
	44
	27
	TAL
	Frontal_Mid_L
	undefined
	92.0% Frontal Pole
	92.1% Left Cerebral Cortex 
	undefined

	Kim
	2018
	non-SBC
	-24.1
	-81.1
	22.9
	MNI
	Occipital_Mid_L
	undefined
	47.0% Lateral Occipital Cortex, 
superior division
	52.7% Left Cerebral White Matter
	undefined

	Kim
	2018
	non-SBC
	23.8
	-82.2
	24
	MNI
	Occipital_Mid_L
	undefined
	48.0% Lateral Occipital Cortex, 
superior division
	51.9% Left Cerebral White Matter
	undefined

	Kim
	2018
	non-SBC
	31.9
	-69.6
	20.4
	MNI
	Occipital_Mid_R
	undefined
	23.0% Lateral Occipital Cortex, 
superior division
	77.6% Right Cerebral White Matter
	undefined

	Kim
	2017
	SBC
	29
	42
	42
	TAL
	Frontal_Mid_R
	BA 9
	11.0% Frontal Pole
	13.1% Right Cerebral Cortex 
	undefined

	Kim
	2017
	SBC
	2
	47
	11
	TAL
	Frontal_Sup_Medial_R
	BA 10
	70.0% Paracingulate Gyrus
	92.2% Right Cerebral Cortex 
	undefined

	Kucyi
	2015
	SBC
	62
	44
	60
	MNI
	undefined
	undefined
	undefined
	undefined
	undefined

	Kucyi
	2015
	SBC
	56
	27
	49
	MNI
	undefined
	undefined
	undefined
	undefined
	undefined

	Kucyi
	2015
	SBC
	68
	65
	46
	MNI
	undefined
	undefined
	undefined
	undefined
	undefined

	Kucyi
	2015
	SBC
	34
	78
	31
	MNI
	undefined
	undefined
	undefined
	undefined
	undefined

	Li
	2014
	SBC
	-21
	16
	-21
	TAL
	Temporal_Pole_Sup_L
	undefined
	22.0% Frontal Orbital Cortex
	28.8% Left Cerebral Cortex 
	undefined

	Li
	2014
	SBC
	15
	11
	-21
	TAL
	undefined
	undefined
	5.0% Frontal Orbital Cortex
	9.3% Right Cerebral Cortex 
	undefined

	Li
	2014
	SBC
	-21
	16
	-21
	TAL
	Temporal_Pole_Sup_L
	undefined
	22.0% Frontal Orbital Cortex
	28.8% Left Cerebral Cortex 
	undefined

	Li
	2014
	SBC
	15
	11
	-21
	TAL
	undefined
	undefined
	5.0% Frontal Orbital Cortex
	9.3% Right Cerebral Cortex 
	undefined

	Li
	2014
	SBC
	-9
	61
	-6
	TAL
	undefined
	BA 11
	49.0% Frontal Pole
	52.1% Left Cerebral Cortex 
	undefined

	Li
	2014
	SBC
	-9
	35
	51
	TAL
	Frontal_Sup_Medial_L
	undefined
	52.0% Frontal Pole
	74.9% Left Cerebral Cortex 
	undefined

	Li
	2014
	SBC
	9
	37
	51
	TAL
	Frontal_Sup_Medial_R
	undefined
	80.0% Frontal Pole
	81.9% Right Cerebral Cortex 
	undefined

	Li
	2014
	SBC
	-34
	47
	11
	TAL
	Frontal_Mid_L
	undefined
	66.0% Frontal Pole
	65.6% Left Cerebral Cortex 
	undefined

	Li
	2014
	SBC
	15
	50
	14
	TAL
	Frontal_Sup_R
	undefined
	undefined
	99.7% Right Cerebral White Matter
	undefined

	Li
	2014
	SBC
	-19
	44
	-18
	TAL
	undefined
	undefined
	undefined
	undefined
	undefined

	Li
	2014
	SBC
	23
	43
	-16
	TAL
	undefined
	undefined
	undefined
	undefined
	undefined

	Li
	2014
	SBC
	62
	-3
	6
	TAL
	Temporal_Sup_R
	undefined
	2.0% Superior Temporal Gyrus, 
anterior division
	7.0% Right Cerebral Cortex 
	undefined

	Li
	2014
	SBC
	-36
	-9
	58
	TAL
	Precentral_L
	undefined
	53.0% Middle Frontal Gyrus
	84.0% Left Cerebral Cortex 
	undefined

	Li
	2014
	SBC
	33
	-18
	45
	TAL
	Precentral_R
	BA 6
	35.0% Precentral Gyrus
	53.1% Right Cerebral White Matter
	undefined

	Li
	2014
	SBC
	-45
	-28
	24
	TAL
	SupraMarginal_L
	undefined
	7.0% Supramarginal Gyrus, 
anterior division
	77.3% Left Cerebral White Matter
	undefined

	Li
	2014
	SBC
	62
	-22
	18
	TAL
	Rolandic_Oper_R
	BA 40
	7.0% Superior Temporal Gyrus, 
posterior division
	41.2% Right Cerebral Cortex 
	undefined

	Li
	2014
	SBC
	-30
	-11
	3
	TAL
	Putamen_L
	undefined
	undefined
	90.8% Left Putamen
	undefined

	Li
	2014
	SBC
	30
	-12
	-2
	TAL
	Putamen_R
	undefined
	undefined
	55.8% Right Cerebral White Matter
	undefined

	Li
	2014
	SBC
	-39
	-53
	-20
	TAL
	Fusiform_L
	undefined
	63.0% Temporal Occipital 
Fusiform Cortex
	86.5% Left Cerebral Cortex 
	4.0% Left Crus I

	Li
	2014
	SBC
	-36
	-44
	40
	TAL
	Parietal_Inf_L
	undefined
	30.0% Superior Parietal Lobule
	69.0% Left Cerebral Cortex 
	undefined

	Li
	2014
	SBC
	39
	-56
	39
	TAL
	Parietal_Inf_R
	BA 40
	41.0% Angular Gyrus
	54.4% Right Cerebral Cortex 
	undefined

	Lin
	2016
	SBC
	42
	-42
	-12
	MNI
	Temporal_Inf_R
	undefined
	7.0% Temporal Occipital 
Fusiform Cortex
	85.9% Right Cerebral White Matter
	undefined

	Lin
	2016
	SBC
	33
	-39
	-18
	MNI
	Fusiform_R
	undefined
	30.0% Temporal Fusiform Cortex, 
posterior division
	52.0% Right Cerebral White Matter
	undefined

	Lin
	2016
	SBC
	18
	24
	45
	MNI
	Frontal_Sup_R
	undefined
	26.0% Superior Frontal Gyrus
	68.8% Right Cerebral White Matter
	undefined

	Lin
	2016
	SBC
	-21
	-36
	-3
	MNI
	Hippocampus_L
	undefined
	undefined
	45.1% Left Hippocampus
	undefined

	Lin
	2016
	SBC
	9
	48
	-6
	MNI
	Frontal_Med_Orb_R
	undefined
	48.0% Paracingulate Gyrus
	73.9% Right Cerebral Cortex 
	undefined

	Lin
	2016
	SBC
	33
	-9
	-33
	MNI
	Fusiform_R
	undefined
	29.0% Parahippocampal Gyrus, 
anterior division
	68.9% Right Cerebral Cortex 
	undefined

	Lin
	2016
	SBC
	-39
	-69
	15
	MNI
	Occipital_Mid_L
	undefined
	30.0% Lateral Occipital Cortex, 
superior division
	58.7% Left Cerebral Cortex 
	undefined

	Lin
	2016
	SBC
	-30
	24
	39
	MNI
	Frontal_Mid_L
	undefined
	47.0% Middle Frontal Gyrus
	53.2% Left Cerebral Cortex 
	undefined

	Lin
	2015
	SBC
	48
	-36
	42
	MNI
	SupraMarginal_R
	undefined
	23.0% Supramarginal Gyrus, 
posterior division
	60.1% Right Cerebral White Matter
	undefined

	Lin
	2015
	SBC
	57
	21
	9
	MNI
	Frontal_Inf_Tri_R
	undefined
	44.0% Inferior Frontal Gyrus, 
pars opercularis
	89.5% Right Cerebral Cortex 
	undefined

	Lin
	2015
	SBC
	54
	15
	30
	MNI
	Frontal_Inf_Oper_R
	BA 9
	44.0% Inferior Frontal Gyrus, 
pars opercularis
	77.6% Right Cerebral Cortex 
	undefined

	Lin
	2015
	SBC
	33
	24
	30
	MNI
	Frontal_Mid_R
	undefined
	23.0% Middle Frontal Gyrus
	73.8% Right Cerebral White Matter
	undefined

	Lin
	2015
	SBC
	30
	12
	0
	MNI
	Putamen_R
	undefined
	1.0% Insular Cortex
	75.2% Right Cerebral White Matter
	undefined

	Lin
	2018
	SBC
	9
	-48
	24
	MNI
	Cingulum_Post_R
	undefined
	15.0% Cingulate Gyrus, 
posterior division
	80.8% Right Cerebral White Matter
	undefined

	Lin
	2018
	SBC
	-9
	-69
	42
	MNI
	Precuneus_L
	undefined
	56.0% Precuneous Cortex
	64.0% Left Cerebral Cortex 
	undefined

	Lin
	2018
	SBC
	-27
	-66
	6
	MNI
	undefined
	undefined
	12.0% Intracalcarine Cortex
	55.5% Left Cerebral White Matter
	undefined

	Lin
	2018
	SBC
	-57
	-33
	6
	MNI
	Temporal_Mid_L
	BA 22
	19.0% Superior Temporal Gyrus, 
posterior division
	53.7% Left Cerebral White Matter
	undefined

	Lin
	2018
	SBC
	45
	-24
	45
	MNI
	Postcentral_R
	undefined
	48.0% Postcentral Gyrus
	55.5% Right Cerebral Cortex 
	undefined

	Lin
	2018
	SBC
	39
	-15
	60
	MNI
	Precentral_R
	BA 4
	38.0% Precentral Gyrus
	53.2% Right Cerebral White Matter
	undefined

	Lin
	2018
	SBC
	-27
	-63
	6
	MNI
	undefined
	undefined
	14.0% Intracalcarine Cortex
	45.5% Left Cerebral White Matter
	undefined

	McLeod
	2014
	SBC
	52
	-32
	22
	MNI
	Temporal_Sup_R
	BA 40
	46.0% Parietal Operculum Cortex
	76.6% Right Cerebral Cortex 
	undefined

	McLeod
	2014
	SBC
	60
	-26
	28
	MNI
	SupraMarginal_R
	undefined
	49.0% Supramarginal Gyrus, 
anterior division
	83.0% Right Cerebral Cortex 
	undefined

	McLeod
	2014
	SBC
	46
	-10
	0
	MNI
	Insula_R
	undefined
	42.0% Heschl's Gyrus 
(includes H1 and H2)
	86.1% Right Cerebral Cortex 
	undefined

	McLeod
	2014
	SBC
	0
	30
	40
	MNI
	Frontal_Sup_Medial_L
	undefined
	51.0% Paracingulate Gyrus
	57.0% Left Cerebral Cortex 
	undefined

	McLeod
	2014
	SBC
	-18
	-4
	-8
	MNI
	undefined
	undefined
	undefined
	58.8% Left Cerebral White Matter
	undefined

	McLeod
	2014
	SBC
	48
	14
	30
	MNI
	Frontal_Inf_Oper_R
	undefined
	35.0% Inferior Frontal Gyrus, 
pars opercularis
	78.3% Right Cerebral Cortex 
	undefined

	McLeod
	2014
	SBC
	-54
	-52
	22
	MNI
	Temporal_Mid_L
	undefined
	39.0% Angular Gyrus
	77.2% Left Cerebral Cortex 
	undefined

	McLeod
	2014
	SBC
	-48
	-40
	34
	MNI
	SupraMarginal_L
	undefined
	14.0% Supramarginal Gyrus, 
posterior division
	68.6% Left Cerebral White Matter
	undefined

	McLeod
	2014
	SBC
	-2
	-28
	2
	MNI
	undefined
	undefined
	undefined
	22.3% Left Thalamus
	undefined

	McLeod
	2014
	SBC
	-20
	-6
	-10
	MNI
	undefined
	undefined
	undefined
	55.4% Left Cerebral White Matter
	undefined

	McLeod
	2014
	SBC
	-42
	-6
	-2
	MNI
	Insula_L
	BA 13
	79.0% Insular Cortex
	88.7% Left Cerebral Cortex 
	undefined

	McLeod
	2014
	SBC
	-44
	32
	2
	MNI
	Frontal_Inf_Tri_L
	undefined
	21.0% Inferior Frontal Gyrus, 
pars triangularis
	64.0% Left Cerebral White Matter
	undefined

	McLeod
	2014
	SBC
	-8
	18
	34
	MNI
	Cingulum_Mid_L
	undefined
	50.0% Cingulate Gyrus, 
anterior division
	84.0% Left Cerebral Cortex 
	undefined

	McLeod
	2014
	SBC
	-28
	-12
	2
	MNI
	Putamen_L
	Putamen
	undefined
	100.0% Left Putamen
	undefined

	McLeod
	2014
	SBC
	20
	4
	6
	MNI
	Pallidum_R
	Putamen
	undefined
	60.4% Right Putamen
	undefined

	McLeod
	2014
	SBC
	-38
	10
	40
	MNI
	Precentral_L
	undefined
	29.0% Middle Frontal Gyrus
	58.6% Left Cerebral White Matter
	undefined

	McLeod
	2014
	SBC
	-18
	-6
	-8
	MNI
	undefined
	Medial Globus Pallidus
	undefined
	51.9% Left Cerebral White Matter
	undefined

	Mennes
	2011
	SBC
	48
	18
	-4
	MNI
	undefined
	BA 47
	25.0% Frontal Operculum Cortex
	73.3% Right Cerebral Cortex 
	undefined

	Mennes
	2011
	SBC
	-60
	-26
	8
	MNI
	Temporal_Sup_L
	undefined
	48.0% Planum Temporale
	71.7% Left Cerebral Cortex 
	undefined

	Mennes
	2011
	SBC
	-32
	50
	36
	MNI
	undefined
	undefined
	12.0% Frontal Pole
	15.0% Left Cerebral Cortex 
	undefined

	Mennes
	2011
	SBC
	-38
	10
	4
	MNI
	Insula_L
	undefined
	34.0% Frontal Operculum Cortex
	99.0% Left Cerebral Cortex 
	undefined

	Mennes
	2011
	SBC
	6
	26
	26
	MNI
	Cingulum_Ant_R
	undefined
	73.0% Cingulate Gyrus, 
anterior division
	80.5% Right Cerebral Cortex 
	undefined

	Mennes
	2011
	SBC
	8
	10
	4
	MNI
	Caudate_R
	Caudate Head
	undefined
	86.7% Right Caudate
	undefined

	Mennes
	2011
	SBC
	10
	12
	6
	MNI
	Caudate_R
	Caudate Head
	undefined
	99.2% Right Caudate
	undefined

	Mennes
	2011
	SBC
	12
	32
	24
	MNI
	Cingulum_Ant_R
	undefined
	36.0% Cingulate Gyrus, 
anterior division
	69.3% Right Cerebral Cortex 
	undefined

	Mennes
	2011
	SBC
	-56
	-44
	10
	MNI
	Temporal_Mid_L
	undefined
	42.0% Supramarginal Gyrus, 
posterior division
	80.0% Left Cerebral Cortex 
	undefined

	Mennes
	2011
	SBC
	-30
	8
	26
	MNI
	undefined
	undefined
	4.0% Precentral Gyrus
	92.1% Left Cerebral White Matter
	undefined

	Mennes
	2011
	SBC
	-22
	40
	26
	MNI
	Frontal_Mid_L
	undefined
	34.0% Frontal Pole
	50.8% Left Cerebral Cortex 
	undefined

	Mennes
	2011
	SBC
	-54
	-42
	-4
	MNI
	Temporal_Mid_L
	undefined
	22.0% Middle Temporal Gyrus, 
posterior division
	51.8% Left Cerebral White Matter
	undefined

	Mennes
	2011
	SBC
	2
	10
	-12
	MNI
	undefined
	BA 25
	35.0% Subcallosal Cortex
	83.3% Right Cerebral Cortex 
	undefined

	Mennes
	2011
	SBC
	2
	-48
	62
	MNI
	Precuneus_R
	undefined
	58.0% Precuneous Cortex
	68.2% Right Cerebral Cortex 
	undefined

	Mennes
	2011
	SBC
	2
	-72
	-12
	MNI
	Vermis_6
	undefined
	13.0% Lingual Gyrus
	11.0% Right Cerebral Cortex 
	47.0% Vermis VI

	Mizuno
	2017
	SBC
	-38
	10
	48
	MNI
	Frontal_Mid_L
	undefined
	46.0% Middle Frontal Gyrus
	55.1% Left Cerebral Cortex 
	undefined

	Mostert
	2016
	non-SBC
	-2
	38
	4
	MNI
	Cingulum_Ant_L
	BA 24
	94.0% Cingulate Gyrus, 
anterior division
	96.9% Left Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	-34
	10
	-28
	MNI
	Temporal_Pole_Sup_L
	undefined
	81.0% Temporal Pole
	83.1% Left Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	-28
	-48
	34
	MNI
	undefined
	undefined
	11.0% Superior Parietal Lobule
	84.3% Left Cerebral White Matter
	undefined

	Posner
	2014
	SBC
	26
	-50
	30
	MNI
	undefined
	undefined
	undefined
	100.0% Right Cerebral White Matter
	undefined

	Posner
	2014
	SBC
	64
	-48
	38
	MNI
	SupraMarginal_R
	BA 40
	24.0% Angular Gyrus
	42.0% Right Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	-36
	14
	-22
	MNI
	Temporal_Pole_Sup_L
	BA 38
	20.0% Temporal Pole
	37.0% Left Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	26
	-44
	32
	MNI
	undefined
	undefined
	undefined
	100.0% Right Cerebral White Matter
	undefined

	Posner
	2014
	SBC
	-6
	56
	-18
	MNI
	Rectus_L
	undefined
	39.0% Frontal Pole
	54.7% Left Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	32
	-44
	-12
	MNI
	Fusiform_R
	BA 37
	68.0% Temporal Occipital 
Fusiform Cortex
	73.7% Right Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	2
	12
	-2
	MNI
	undefined
	undefined
	47.0% Subcallosal Cortex
	71.0% Right Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	-46
	-88
	12
	MNI
	undefined
	undefined
	16.0% Lateral Occipital Cortex, 
superior division
	35.3% Left Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	-6
	-64
	16
	MNI
	Calcarine_L
	undefined
	38.0% Precuneous Cortex
	78.9% Left Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	28
	8
	20
	MNI
	undefined
	undefined
	undefined
	100.0% Right Cerebral White Matter
	undefined

	Posner
	2014
	SBC
	12
	64
	26
	MNI
	Frontal_Sup_Medial_R
	BA 10
	76.0% Frontal Pole
	79.5% Right Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	40
	-68
	14
	MNI
	Temporal_Mid_R
	undefined
	29.0% Lateral Occipital Cortex, 
inferior division
	60.7% Right Cerebral White Matter
	undefined

	Posner
	2014
	SBC
	-44
	12
	30
	MNI
	Precentral_L
	BA 9
	36.0% Middle Frontal Gyrus
	74.4% Left Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	-26
	-6
	-12
	MNI
	Amygdala_L
	undefined
	undefined
	59.1% Left Cerebral White Matter
	undefined

	Posner
	2014
	SBC
	16
	4
	-14
	MNI
	undefined
	undefined
	2.0% Frontal Orbital Cortex
	71.7% Right Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	38
	-32
	-16
	MNI
	ParaHippocampal_R
	BA 36
	30.0% Temporal Fusiform Cortex, 
posterior division
	54.6% Right Cerebral White Matter
	undefined

	Posner
	2014
	SBC
	54
	-40
	-10
	MNI
	Temporal_Mid_R
	undefined
	17.0% Middle Temporal Gyrus, 
temporooccipital part
	69.6% Right Cerebral White Matter
	undefined

	Posner
	2014
	SBC
	-2
	-66
	14
	MNI
	Calcarine_L
	BA 23
	30.0% Precuneous Cortex
	92.8% Left Cerebral Cortex 
	undefined

	Posner
	2014
	SBC
	18
	38
	28
	MNI
	undefined
	BA 9
	3.0% Frontal Pole
	97.7% Right Cerebral White Matter
	undefined

	Posner
	2014
	SBC
	-34
	16
	50
	MNI
	Frontal_Mid_L
	BA 8
	33.0% Middle Frontal Gyrus
	56.5% Left Cerebral White Matter
	undefined

	Posner
	2014
	SBC
	20
	42
	50
	MNI
	Frontal_Sup_R
	BA 8
	41.0% Frontal Pole
	64.1% Right Cerebral Cortex 
	undefined

	Pruim
	2019
	non-SBC
	-6
	51
	3
	MNI
	Frontal_Sup_Medial_L
	BA 10
	82.0% Paracingulate Gyrus
	92.7% Left Cerebral Cortex 
	undefined

	Pruim
	2019
	non-SBC
	4
	-41
	25
	MNI
	Cingulum_Post_R
	BA 31
	86.0% Cingulate Gyrus, 
posterior division
	88.5% Right Cerebral Cortex 
	undefined

	Pruim
	2019
	non-SBC
	5
	-35
	46
	MNI
	Cingulum_Mid_R
	BA 7
	58.0% Cingulate Gyrus, 
posterior division
	92.1% Right Cerebral Cortex 
	undefined

	Pruim
	2019
	non-SBC
	-2
	49
	16
	MNI
	Frontal_Sup_Medial_L
	BA 10
	72.0% Paracingulate Gyrus
	91.6% Left Cerebral Cortex 
	undefined

	Pruim
	2019
	non-SBC
	-21
	-12
	17
	MNI
	undefined
	undefined
	undefined
	100.0% Left Cerebral White Matter
	undefined

	Pruim
	2019
	non-SBC
	-36
	-8
	-1
	MNI
	undefined
	undefined
	41.0% Insular Cortex
	53.2% Left Cerebral Cortex 
	undefined

	Pruim
	2019
	non-SBC
	61
	6
	33
	MNI
	Precentral_R
	undefined
	71.0% Precentral Gyrus
	78.2% Right Cerebral Cortex 
	undefined

	Pruim
	2019
	non-SBC
	27
	-41
	-27
	MNI
	Cerebelum_4_5_R
	undefined
	undefined
	undefined
	69.0% Right V

	Qian
	2019
	non-SBC
	-16
	52
	34
	MNI
	Frontal_Sup_L
	undefined
	77.0% Frontal Pole
	83.1% Left Cerebral Cortex 
	undefined

	Qian
	2019
	non-SBC
	-24
	40
	32
	MNI
	Frontal_Mid_L
	undefined
	42.0% Frontal Pole
	75.4% Left Cerebral Cortex 
	undefined

	Shang
	2018
	non-SBC
	33
	-9
	-6
	MNI
	Putamen_R
	undefined
	undefined
	55.1% Right Cerebral White Matter
	undefined

	Shang
	2018
	non-SBC
	-33
	-9
	-6
	MNI
	undefined
	undefined
	undefined
	88.4% Left Cerebral White Matter
	undefined

	Shang
	2018
	non-SBC
	0
	-66
	15
	MNI
	Calcarine_L
	undefined
	31.0% Precuneous Cortex
	66.3% Left Cerebral Cortex 
	undefined

	Shang
	2018
	non-SBC
	48
	-12
	45
	MNI
	Precentral_R
	BA 4
	44.0% Precentral Gyrus
	76.0% Right Cerebral Cortex 
	undefined

	Shang
	2018
	non-SBC
	-9
	9
	42
	MNI
	Cingulum_Mid_L
	undefined
	29.0% Paracingulate Gyrus
	57.8% Left Cerebral Cortex 
	undefined

	Shang
	2018
	non-SBC
	-3
	-36
	54
	MNI
	Paracentral_Lobule_L
	BA 5
	32.0% Precentral Gyrus
	71.1% Left Cerebral Cortex 
	undefined

	Shekarchi
	2014
	non-SBC
	34
	45
	16
	MNI
	Frontal_Mid_R
	undefined
	48.0% Frontal Pole
	53.0% Right Cerebral White Matter
	undefined

	Shekarchi
	2014
	non-SBC
	22
	43
	12
	MNI
	undefined
	undefined
	1.0% Frontal Pole
	98.7% Right Cerebral White Matter
	undefined

	Shekarchi
	2014
	non-SBC
	25
	9
	28
	MNI
	undefined
	undefined
	undefined
	100.0% Right Cerebral White Matter
	undefined

	Shekarchi
	2014
	non-SBC
	22
	18
	4
	MNI
	undefined
	undefined
	undefined
	76.9% Right Cerebral White Matter
	undefined

	Shekarchi
	2014
	non-SBC
	29
	8
	13
	MNI
	undefined
	undefined
	3.0% Insular Cortex
	93.6% Right Cerebral White Matter
	undefined

	Shekarchi
	2014
	non-SBC
	15
	33
	8
	MNI
	undefined
	Corpus Callosum
	undefined
	100.0% Right Cerebral White Matter
	undefined

	Shekarchi
	2014
	non-SBC
	15
	47
	26
	MNI
	Frontal_Sup_R
	undefined
	9.0% Frontal Pole
	92.0% Right Cerebral White Matter
	undefined

	Sokunbi
	2013
	non-SBC
	-10
	-88
	36
	TAL
	Occipital_Sup_L
	undefined
	18.0% Lateral Occipital Cortex, 
superior division
	28.7% Left Cerebral Cortex 
	undefined

	Sokunbi
	2013
	non-SBC
	-18
	-58
	52
	TAL
	Parietal_Sup_L
	BA 7
	44.0% Superior Parietal Lobule
	56.4% Left Cerebral Cortex 
	undefined

	Sokunbi
	2013
	non-SBC
	-8
	14
	68
	TAL
	undefined
	undefined
	7.0% Superior Frontal Gyrus
	9.4% Left Cerebral Cortex 
	undefined

	Sokunbi
	2013
	non-SBC
	-10
	24
	54
	TAL
	Frontal_Sup_Medial_L
	undefined
	52.0% Superior Frontal Gyrus
	69.6% Left Cerebral Cortex 
	undefined

	Sokunbi
	2013
	non-SBC
	8
	32
	24
	TAL
	Cingulum_Ant_R
	BA 32
	49.0% Cingulate Gyrus, 
anterior division
	83.0% Right Cerebral Cortex 
	undefined

	Yang
	2013
	non-SBC
	36
	-54
	-39
	TAL
	Cerebelum_Crus2_R
	undefined
	undefined
	undefined
	56.0% Right Crus II

	Yang
	2013
	non-SBC
	36
	-57
	-42
	TAL
	Cerebelum_Crus2_R
	undefined
	undefined
	undefined
	81.0% Right Crus II

	Yang
	2013
	non-SBC
	-6
	-36
	-33
	TAL
	undefined
	undefined
	undefined
	94.4% Brain-Stem
	1.0% Left IX

	Yang
	2013
	non-SBC
	-3
	48
	30
	TAL
	Frontal_Sup_Medial_L
	BA 10
	37.0% Superior Frontal Gyrus
	76.8% Left Cerebral Cortex 
	undefined

	Yang
	2013
	non-SBC
	18
	42
	39
	TAL
	Frontal_Sup_R
	undefined
	78.0% Frontal Pole
	79.7% Right Cerebral Cortex 
	undefined

	Yang
	2013
	non-SBC
	-30
	-78
	42
	TAL
	undefined
	undefined
	56.0% Lateral Occipital Cortex, 
superior division
	60.5% Left Cerebral Cortex 
	undefined

	Yang
	2013
	non-SBC
	-18
	-57
	-12
	TAL
	Lingual_L
	undefined
	54.0% Lingual Gyrus
	77.5% Left Cerebral Cortex 
	19.0% Left VI

	Yang
	2013
	non-SBC
	-60
	-3
	27
	TAL
	Postcentral_L
	BA 6
	28.0% Precentral Gyrus
	38.8% Left Cerebral Cortex 
	undefined

	Yang
	2013
	non-SBC
	-6
	9
	9
	TAL
	Caudate_L
	Caudate Head
	undefined
	60.6% Left Lateral Ventricle
	undefined

	Yang
	2013
	non-SBC
	21
	-21
	-18
	TAL
	ParaHippocampal_R
	undefined
	34.0% Parahippocampal Gyrus, 
posterior division
	52.0% Right Cerebral White Matter
	undefined

	Yang
	2013
	non-SBC
	33
	-6
	57
	TAL
	Frontal_Mid_R
	undefined
	49.0% Middle Frontal Gyrus
	79.5% Right Cerebral Cortex 
	undefined

	Yang
	2013
	non-SBC
	57
	0
	33
	TAL
	Precentral_R
	undefined
	48.0% Precentral Gyrus
	60.5% Right Cerebral Cortex 
	undefined

	Yang
	2013
	SBC
	-18
	60
	6
	MNI
	Frontal_Sup_L
	undefined
	30.0% Frontal Pole
	71.4% Left Cerebral White Matter
	undefined

	Yang
	2013
	SBC
	9
	-54
	9
	MNI
	Calcarine_R
	undefined
	57.0% Precuneous Cortex
	87.0% Right Cerebral Cortex 
	undefined

	Yang
	2013
	SBC
	60
	-3
	-33
	MNI
	Temporal_Inf_R
	undefined
	43.0% Middle Temporal Gyrus, 
anterior division
	66.4% Right Cerebral Cortex 
	undefined

	Yang
	2013
	SBC
	0
	-57
	-45
	MNI
	undefined
	undefined
	undefined
	undefined
	42.0% Vermis IX

	Yang
	2013
	SBC
	-48
	0
	-3
	MNI
	Temporal_Sup_L
	undefined
	38.0% Planum Polare
	67.0% Left Cerebral Cortex 
	undefined

	Yang
	2013
	SBC
	36
	-45
	45
	MNI
	Parietal_Inf_R
	undefined
	48.0% Superior Parietal Lobule
	72.8% Right Cerebral Cortex 
	undefined

	Yang
	2013
	SBC
	-30
	-36
	66
	MNI
	Postcentral_L
	BA 3
	60.0% Postcentral Gyrus
	80.0% Left Cerebral Cortex 
	undefined

	Yang
	2013
	SBC
	-54
	-27
	15
	MNI
	Temporal_Sup_L
	undefined
	52.0% Parietal Operculum Cortex
	88.5% Left Cerebral Cortex 
	undefined

	Yang
	2013
	SBC
	66
	-30
	21
	MNI
	Temporal_Sup_R
	undefined
	21.0% Parietal Operculum Cortex
	84.0% Right Cerebral Cortex 
	undefined

	Yang
	2013
	SBC
	-27
	-66
	-15
	MNI
	Fusiform_L
	undefined
	57.0% Occipital Fusiform Gyrus
	87.0% Left Cerebral Cortex 
	3.0% Left VI

	Yoo
	2018
	non-SBC
	0
	-48
	40
	MNI
	Precuneus_L
	undefined
	37.0% Precuneous Cortex
	41.0% Left Cerebral Cortex 
	undefined

	Yoo
	2018
	non-SBC
	40
	26
	44
	MNI
	Frontal_Mid_R
	BA 8
	67.0% Middle Frontal Gyrus
	74.6% Right Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	6
	-57
	-24
	MNI
	Vermis_6
	undefined
	undefined
	undefined
	26.0% Right V

	Yu
	2016
	SBC
	-48
	-30
	45
	MNI
	Parietal_Inf_L
	undefined
	47.0% Postcentral Gyrus
	84.2% Left Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	0
	-51
	-15
	MNI
	Vermis_4_5
	undefined
	undefined
	undefined
	72.0% Left I-IV

	Yu
	2016
	SBC
	-6
	-24
	-3
	MNI
	undefined
	undefined
	undefined
	22.8% Left Thalamus
	undefined

	Yu
	2016
	SBC
	-27
	-75
	-33
	MNI
	Cerebelum_Crus1_L
	undefined
	undefined
	undefined
	81.0% Left Crus I

	Yu
	2016
	SBC
	39
	-18
	30
	MNI
	undefined
	undefined
	undefined
	100.0% Right Cerebral White Matter
	undefined

	Yu
	2016
	SBC
	-63
	-18
	9
	MNI
	Temporal_Sup_L
	BA 42
	39.0% Planum Temporale
	76.4% Left Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	48
	9
	-9
	MNI
	Insula_R
	undefined
	44.0% Temporal Pole
	71.9% Right Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	12
	-57
	51
	MNI
	Precuneus_R
	undefined
	28.0% Precuneous Cortex
	56.5% Right Cerebral White Matter
	undefined

	Yu
	2016
	SBC
	-18
	-93
	-9
	MNI
	Occipital_Inf_L
	undefined
	42.0% Occipital Pole
	62.7% Left Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	-48
	3
	-15
	MNI
	Temporal_Pole_Sup_L
	BA 38
	29.0% Planum Polare
	54.0% Left Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	60
	0
	-6
	MNI
	Temporal_Sup_R
	undefined
	64.0% Superior Temporal Gyrus, 
anterior division
	75.2% Right Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	-6
	27
	48
	MNI
	Frontal_Sup_Medial_L
	BA 8
	44.0% Superior Frontal Gyrus
	62.2% Left Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	21
	24
	57
	MNI
	Frontal_Sup_R
	BA 8
	71.0% Superior Frontal Gyrus
	76.9% Right Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	-12
	-57
	-6
	MNI
	Lingual_L
	undefined
	85.0% Lingual Gyrus
	87.7% Left Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	24
	-78
	0
	MNI
	Lingual_R
	undefined
	7.0% Occipital Fusiform Gyrus
	90.5% Right Cerebral White Matter
	undefined

	Yu
	2016
	SBC
	-54
	-45
	51
	MNI
	Parietal_Inf_L
	BA 40
	60.0% Supramarginal Gyrus, 
posterior division
	85.4% Left Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	51
	-42
	48
	MNI
	Parietal_Inf_R
	BA 40
	53.0% Supramarginal Gyrus, 
posterior division
	72.2% Right Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	-6
	30
	51
	MNI
	Frontal_Sup_Medial_L
	BA 8
	42.0% Superior Frontal Gyrus
	53.6% Left Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	30
	33
	48
	MNI
	Frontal_Mid_R
	undefined
	47.0% Middle Frontal Gyrus
	86.2% Right Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	24
	27
	60
	MNI
	Frontal_Sup_R
	BA 6
	49.0% Superior Frontal Gyrus
	64.2% Right Cerebral Cortex 
	undefined

	Yu
	2016
	SBC
	-45
	-24
	45
	MNI
	Postcentral_L
	undefined
	53.0% Postcentral Gyrus
	58.3% Left Cerebral Cortex 
	undefined

	Note: AAL = Automated Anatomical Labelling, BA = Brodmann Area, MNI = Montreal Neurological Institute, SBC = Seed-Based Connectivity, TAL = Talairach





















