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UAV-Aided Two-Way Multi-User Relaying
Zhichao Sheng, Hoang Duong Tuan, Trung Q. Duong, and Lajos Hanzo

Abstract—Unmanned aerial vehicle (UAV)-aided two-way re-
laying networks are designed, where a UAV is deployed to assist
multiple pairs of users in their information exchange. There are
two basic approaches for the user pairs’ information exchange
within a single time slot via the UAV relay. The first approach
is based on full-duplex, where all participants operate in the
full-duplex mode to transmit and receive signals simultaneously.
However, all transceivers have to operate in the face of severe
self-interference, which cannot be completely suppressed. The
second approach is based on conventional half-duplex, where
the users send their information to the UAV within a certain
fraction of the time slot, and the UAV relays them within the
remaining fraction to avoid the self-interference. In either ap-
proach, the joint bandwidth and power allocation maximizing the
sum information exchange throughput under realistic resource
and user throughput constraints poses a complex nonconvex
problem. New inner approximations are proposed for developing
path-following algorithms for their computation. Our numerical
results show that the time-fraction-based half-duplex approach
clearly outperforms the high-complexity full-duplex approach.

Index Terms—Unmanned aerial vehicle (UAV)-enabled com-
munication, two-way relaying, throughput optimization, non-
convex optimization.

I. INTRODUCTION

Unmanned aerial vehicles (UAVs) are capable of supporting
and/or replacing the communication infrastructure in case of
disasters, battlefields or sporting events, thanks to their high
mobility, configuration flexibility and cost-efficiency [1]–[5].
Hence the research of UAV-enabled communication has at-
tracted a lot of recent attention (see e.g. [1]–[9] and references
therein). A UAV was exploited as a flying base station (BS) for
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serving multiple downlink (DL) users, where the joint design
of the UAV’s altitude and beamwidth or the joint design of
transmit power, bandwidth, transmit rate, and UAV’s position
was proposed in [10] and [11], respectively for maximizing
the sum throughput. Similarly, the joint design of bandwidth
allocation, power allocation, the UAV’s altitude and transmit
antenna beamwidth was considered in [12] for maximizing
the users’ worst throughput under non-orthogonal multiple
access (NOMA). In [13], the authors considered the two-way
communication of multiple UAV-user links, which was imple-
mented by appropriately adapting the transmission directions
of each link. In [14], a full-duplex (FD) secrecy communi-
cation scheme was proposed, where the energy efficiency of
secrecy communication was maximized by joint the design of
UAV trajectory and UAV/source transmit powers. Exploiting a
UAV as a flying relay for two-hop communication between a
source and destination, the joint design of the UAV trajectory
and the transmit power was proposed in [15] for maximizing
the throughput. By contrast, the authors of [16] aimed for
minimizing the outage probability, while the authors of [17]
have improved both the fairness and the energy efficiency. The
placement of multiple UAVs for either multi-hop single links
or for multiple two-hop links between a source and destination
was considered in [18] by maximizing the end-to-end signal-
to-noise ratio. The associated radio resource optimization was
considered in [19] for supporting the time division long-
term evolution advanced (TD-LTE-A) standard with the aid
of multiple UAV-assisted relaying.

Two-way relaying (TWR) is capable of supporting in-
formation exchange between users in two steps [20]–[24].
Various UAV-aided TWR systems were considered in [25],
[26]. Explicitly in [25], the joint design of UAV position
and transmission power optimization was used for maxi-
mizing the sum rate, while in [26] the minimum average
rate maximization was considered by the joint design of the
UAV trajectory, transmit power and bandwidth. However, the
information exchange in [25], [26] is arranged via half-duplex
(HD) operation. Furthermore, the deployment of FD [27]–
[33] at all nodes using separate transmit and receive antennas
for simultaneous signal transmission and reception dispenses
with separate transmit/receive time slots. However, the main
impediment of this FD-based approach is the hostile self-
interference (SI) imposed by the co-location of the transmit
and receive antennas. Although there is encouraging research
progress in suppressing the SI, it is still an open challenge to
ensure that FD-based TWR outperforms the classic HD-based
TWR in terms of spectral efficiency [34], [35]. The solution
advocated in [36], [37] is the first one making TWR within
a single time slot implementable based on the conventional
HD solution. Explicitly, the users transmit their information
to the relays within a certain fraction of the time slot (TS),
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TABLE I: A brief comparison of the related literature.
`````````Contents

Literature This work [10]–[14] [15]–[19] [25] [26]

BS
√

One-way relaying
√

HD-based TWR
√ √ √

One two-way pair
√

Multiple two-way pairs
√ √

FD-based TWR
√

BP-based TWR
√

TF-based TWR
√

Bandwidth allocation
√

and then the relays forward the signal to the users during
the remaining fraction of the TS, hence only requiring a
single antenna for both transmission and reception, whilst
dispensing with SI. The benefit of fractional time allocations
in terms of improving the capacity of single-user and single-
input single output HD decode-and-forward systems has been
shown earlier e.g. in [38], [39]. To sum up, we provide a brief
comparison of the related literature in Table I.

Against this background, this paper investigates a UAV-
aided TWR communication network, where a UAV relay helps
multiple pairs of users to exchange their information within
one time slot. In order to avoid inter-pair interference, each
pair of users is allocated a sliver of communication bandwidth.
Additionally, the location of the UAV can be optimized offline
and then be fixed to save propulsion energy [40]. We aim for
jointly optimizing both the bandwidth and power allocation
for maximizing the sum of information exchange throughput
subject to the constraints of the power budget, total bandwidth,
as well as the users’ minimum required throughput. The
contributions of this paper are as follows.
• To address this constrained optimization problem with

the aid of a FD-based interface, which is nonconvex and
hence computationally challenging, we develop new inner
approximation techniques, which lead to an efficient path-
following procedure for its solution.

• For time-fraction (TF)-based and HD-based transmission,
this constrained optimization problem involves the addi-
tional decision variable of TF, which changes the nature
of the throughput functions involved. Hence, we propose
new inner approximation techniques to develop a bespoke
path-following algorithm for solving the problem. The
numerical results show that the TF-based approach out-
performs both the FD-based and the conventional HD-
based TWR techniques.

The rest of this paper is organized as follows. Section II is
devoted to FD-based TWR, under which each user pair is
allocated a communication bandwidth for their TWR. Then
Section III considers a pair of HD-based TWR schemes, which
are still implementable within a single time-slot. In the first
one, similarly to the FD TWR each user pair is also allocated
a communication bandwidth but they send their signals to the
UAV relay in the first half of the time slot and receive their
signal from the UAV relay in the second half of the time slot.
By contrast, in the second particular case each user transmits
and receives his/her signal over separate bandwidths, so there
is still no FD SI. Section IV is devoted to TF-aided HD-based

TWR, where each user pair is allocated a communication
bandwidth and they send as well as receive their signal over the
same allocated bandwidth within the allocated time-fractions
of the time-slot. In contrast to the first particular case of
Section III, where the time-fractions were fixed to 1/2, they
are now also optimized. The simulations carried out in Section
V show the clear advantage of the TF-aided TWR over its
counterparts. Our conclusions are drawn in Section VI. The
appendices provide the fundamental inequalities used in the
derivation of the algorithms.

Notation. n ∼ CN (n̄, σ) indicates that n is a circularly-
symmetric complex Gaussian random variable with a mean of
n̄ and variance of σ. The optimization variables are printed in
boldface.

II. FULL-DUPLEX BASED UAV-ENABLED TWR

Consider a UAV-aided TWR communication network with
two groups of ground users as depicted by Fig. 1. Each ground
user (UE) k ∈ {1, . . . ,K} is paired with UE π(k) = K+k for
information exchange. We assume that there is no direct link
between the two UE groups, so UE k and UE π(k) = K + k
exchange information with each other via the UAV relay.

UE1

SI SI SI

SI

SI

UEk UEk+1 UE2k

Fig. 1: FD-based TWR

Let B be the normalized bandwidth, which can be shared
among the UEs, so that two way communication between UE
k and UE π(k) is supported by using a fraction

bk = 1/τk, k = 1, . . . ,K, (1)

of B, where 0 ≤ 1/τk ≤ 1 is the fraction of the bandwidth.
Let hk and gk be the ground-to-air (G2A) channel and
air-to-ground (A2G) channel between UE k and the UAV,
respectively,

In FD TWR communication, the UAV and UEs operate in
the FD mode. In support of this, each node has two antennas,
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one of the antennas is for signal transmission, while the other
is for signal reception.

Let sk and sπ(k) represent the information symbol transmit-
ted by UE k and UE π(k), respectively, which are independent
and normalized, i.e., E(|s|2k) = E(|s|2π(k)) = 1. Let us
furthermore define p2k and p2π(k) as the power allocated to sk
and sπ(k), respectively. Accordingly, the signal received by the
UAV over the bandwidth 1/τk can be written as

rk = hkpksk + hπ(k)pπ(k)sπ(k) + eLI,k + nR,k, (2)

where eLI,k models the effect of analog circuit imperfections
and the limited dynamic range of the analog-to-digital con-
verter (ADC) at the UAV, nR,k ∼ CN (0, σUAV /τk) is the
background noise at the UAV with σUAV = σ2

n, and σ2
n is the

noise power density.
The maximum allowed transmit power of UEs is constrained

by PU,max, i.e.

pk ≤
√
PU,max, 1 ≤ k ≤ 2K. (3)

In order to restrict the interference imposed on neighboring
networks, the total transmit power of UEs is limited by

2K∑
k=1

p2k ≤ PU,max
sum . (4)

The UAV processes the received signal and retransmits it by
allocating the power fraction 1/pR,k to it

rk√
pR,k

=
1

√
pR,k

(
hkpksk + hπ(k)pπ(k)sπ(k) + eLI,k

+nR,k) .

Let τττ , {τk, k = 1, . . . , τK} and p , {(pk, pπ(k), pR,k), k =
1, . . . ,K}. Then the transmit power at the UAV over the
bandwidth bk = 1/τk can be expressed as

PAk (τττ ,p) =
1

pR,k(1− σ2
SI)

(
|hk|2p2k + |hπ(k)|2p2π(k)

+
σUAV
τk

)
, (5)

which is constrained by PA,max as

PAk (τττ ,p) ≤ PA,max, 1 ≤ k ≤ K. (6)

For simplicity, in line with [36] we assume that
eLI,k/

√
pR,k ∼ CN (0, σ2

SIP
A
k (τττ ,p)), where σSI is the

UAV channel’s instantaneous residual SI attenuation level,
hence we have

E(|eLI,k|2) =
σ2
SI

1− σ2
SI

(
|hk|2p2k + |hπ(k)|2p2π(k) +

σUAV
τk

)
.

(7)

Moreover, the sum transmit power of the UAV is also limited
by PR,max

sum :

PRsum(τττ ,p) =

K∑
k=1

PAk (τττ ,p)

=

K∑
k=1

1

pR,k(1− σ2
SI)

(
|hk|2p2k + |hπ(k)|2p2π(k)

+
σUAV
τk

)
≤ PR,max

sum . (8)

The UAV forwards the processed signals to all UEs and then
the signals received at UE k and π(k) are given by

yk =
gk√
pR,k

(
hkpksk + hπ(k)pπ(k)sπ(k) + eLI,k + nR,k

)
+ χk,kpks̃k + nk, (9)

and

yπ(k) =
gπ(k)√
pR,k

(
hkpksk + hπ(k)pπ(k)sπ(k) + eLI,k + nR,k

)
+ χπ(k),π(k)pπ(k)s̃π(k) + nπ(k), (10)

where χk,ks̃k and χπ(k),π(k)s̃π(k) respectively denote the FD
interference at UEs k and π(k) with |χk,k|2 = |χπ(k),π(k)|2 =
σ2
SI , and nk ∼ CN (0, σUE/τk) and nπ(k) ∼ CN (0, σUE/τk)

are the background noise at the receiver of UEs k and π(k)
with σUE = σ2

n.
We can rewrite (9) and (10) as

yk =
gk√
pR,k

hπ(k)pπ(k)sπ(k) +
gk√
pR,k

hkpksk

+
gk√
pR,k

(eLI,k + nR,k) + χk,kpks̃k + nk, (11)

and

yπ(k) =
gπ(k)√
pR,k

hkpksk +
gπ(k)√
pR,k

hπ(k)pπ(k)sπ(k)

+
gπ(k)√
pR,k

(eLI,k + nR,k) + χπ(k),π(k)pπ(k)s̃π(k)

+ nπ(k), (12)

where the first terms of their right-hand sides (RHSs) are the
desired signal components. The second terms represent self-
interference, which can be mitigated by estimating leakage
channel of both the forward and backward channels as well
as the allocated power and then reconstructing as well as
substituting the estimated SI. The last two terms represent the
background noise. It is worth noting that there is no inter-pair
interference in the received signals, since the communication
between the users of each pair of is carried out over their
dedicated bandwidth.

When invoking (11), (12), and (7), the signal-to-
interference-plus-noise ratio (SINR) at UE k and π(k)
after respectively removing the self-interference term
gkhkpksk/

√
pR,k and gπ(k)hπ(k)pπ(k)sπ(k)/

√
pR,k is then
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calculated as

γk(τττ ,p) = |hπ(k)|2p2π(k)
/[ σ2

SI

1− σ2
SI

×
(
|hk|2p2k + |hπ(k)|2p2π(k) +

σUAV
τk

)
+
σUAV
τk

+
σ2
SI

|gk|2
pR,kp

2
k +

σUE
|gk|2

pR,k
τk

]
, (13)

and

γπ(k)(τττ ,p) = |hk|2p2k
/[ σ2

SI

1− σ2
SI

×
(
|hk|2p2k + |hπ(k)|2p2π(k) +

σUAV
τk

)
+
σUAV
τk

+
σ2
SI

|gπ(k)|2
pR,kp

2
π(k) +

σUE
|gπ(k)|2

pR,k
τk

]
.

(14)

In FD-based TWR, the amount of information exchanged by
the UE pairs is characterized by

Rk(τττ ,p) =
1

τk

[
ln(1 + γk(τττ ,p)) + ln(1 + γπ(k)(τττ ,p))

]
,

k = 1, . . . ,K. (15)

The problem of maximizing the sum of the information
exchanged subject to the constraints of transmit power budget,
total bandwidth as well as the QoS for each UE in terms of
its throughput is then formulated as1

max
τττ,p

K∑
k=1

Rk(τττ ,p) s.t. (3), (4), (6), (8), (16a)

K∑
k=1

1

τk
≤ 1, (16b)

ln(1 + γ`(τττ ,p)) ≥ r̄`τk, (16c)
` ∈ {k, π(k)}, k = 1, . . . ,K.

where (16b) constrains the sum-bandwidth and (16c) sets the
QoS for each UE in terms of its throughput thresholds.

By using the slack variable λλλ , (λ1, . . . , λK)T ∈ RK+ , we
can express (16) by

max
τττ,p,λλλ

K∑
k=1

λk s.t. (3), (4), (6), (8), (16b), (16c), (17a)

ln [1 + γk(τττ ,p)] + ln
[
1 + γπ(k)(τττ ,p)

]
≥ λkτk, (17b)

k = 1, . . . ,K.

Note that the functions on the left-hand side (LHS) of (17b)
and (16c) are nonconcave, making (17) a computationally
challenging nonconvex problem. To handle the constraints
(17b) and (16c), we develop their new inner approximations,
which are based on a lower-bounding concave function ap-
proximation for the functions on the LHS of (17b) and (16c)
and on an upper-bounding convex function approximation for
the RHS of (17b).

Let (τ (κ), p(κ), λ(κ)) be the feasible point for (17) that is
found from the (κ− 1)th of iteration.

1For practical implementation, one needs guarding bandwidths between
1/τk

1) Successive UE throughput function lower bounding ap-
proximation: Applying the inequality (77) of Appendix yields

ln [1 + γk(τττ ,p)] ≥
a
(κ)
k + b

(κ)
k pπ(k) − c

(κ)
k

[
|hπ(k)|2p2π(k)

+
σ2
SI

1− σ2
SI

(
|hk|2p2k + |hπ(k)|2p2π(k) +

σUAV
τk

)
+
σUAV
τk

+
|χk,k|2

|gk|2
pR,kp

2
k +

σUE
|gk|2

pR,k
τk

]
, (18)

where

0 > a
(κ)
k = ln(1 + (x̄

(κ)
k )2/ȳ

(κ)
k )− (x̄

(κ)
k )2/ȳ

(κ)
k ,

0 < b
(κ)
k = 2x̄

(κ)
k |hπ(k)|/ȳ

(κ)
k ,

0 < c
(κ)
k = (x̄

(κ)
k )2/ȳ

(κ)
k ((x̄

(κ)
k )2 + ȳ

(κ)
k ),

(19)

for

x̄
(κ)
k , |hπ(k)|p

(κ)
π(k),

ȳ
(κ)
k ,

σ2
SI

(1− σ2
SI)

(
|hk|2(p

(κ)
k )2 + |hπ(k)|2(p

(κ)
π(k))

2

+
σUAV

τ
(κ)
k

)
+
σUAV

τ
(κ)
k

+
|χk,k|2

|gk|2
p
(κ)
R,k(p

(κ)
k )2

+
σUE
|gk|2

p
(κ)
R,k

τ
(κ)
k

.

Furthermore, by using the inequality2

pR,k ≤
(p

(κ)
R,k)2

2p
(κ)
R,k − pR,k

, k = 1, . . . ,K, (20)

under the trust region

2p
(κ)
R,k − pR,k ≥ 0, k = 1, . . . ,K, (21)

it follows that the right-hand side (RHS) of (18) is lower
bounded by the following concave function

r
(κ)
k (τττ ,p) , a

(κ)
k + b

(κ)
k pπ(k) − c

(κ)
k

[
|hπ(k)|2p2π(k)

+
σ2
SI

1− σ2
SI

(
|hk|2p2k + |hπ(k)|2p2π(k) +

σUAV
τk

)
+
σUAV
τk

+
|χk,k|2

|gk|2
(p

(κ)
R,k)2

p2k

2p
(κ)
R,k − pR,k

+
σUE
|gk|2

(p
(κ)
R,k)2

(2p
(κ)
R,k − pR,k)τk

]
. (22)

2(p
(κ)
R,k − pR,k)2 ≥ 0 ⇒ (p

(κ)
R,k)2 ≥ pR,k

(
2p

(κ)
R,k − pR,k

)
⇔ (20)

under the trust region (21)
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Analogously,

ln
[
1 + γπ(k)(τττ ,p)

]
≥

a
(κ)
π(k) + b

(κ)
π(k)pk − c

(κ)
π(k)

[
|hk|2p2k

+
σ2
SI

1− σ2
SI

(
|hk|2p2k + |hπ(k)|2p2π(k) +

σUAV
τk

)
+
σUAV
τk

+
|χπ(k),π(k)|2

|gπ(k)|2
(p

(κ)
R,k)2

p2π(k)

2p
(κ)
R,k − pR,k

+
σUE
|gπ(k)|2

(p
(κ)
R,k)2

(2p
(κ)
R,k − pR,k)τk

]
,

r
(κ)
π(k)(τττ ,p), (23)

under the trust region (21), where we have

0 > a
(κ)
π(k) = ln(1 + (x̄

(κ)
π(k))

2/ȳ
(κ)
π(k))− (x̄

(κ)
π(k))

2/ȳ
(κ)
π(k),

0 < b
(κ)
π(k) = 2x̄

(κ)
π(k)|hk|/ȳ

(κ)
π(k),

0 < c
(κ)
π(k) = (x̄

(κ)
π(k))

2/ȳ
(κ)
π(k)((x̄

(κ)
π(k))

2 + ȳ
(κ)
π(k)),

(24)

for

x̄
(κ)
π(k) = |hk|p(κ)k ,

ȳ
(κ)
π(k) =

σ2
SI

(1− σ2
SI)

(
|hk|2(p

(κ)
k )2 + |hπ(k)|2(p

(κ)
π(k))

2

+
σUAV

τ
(κ)
k

)
+
σUAV

τ
(κ)
k

+
|χπ(k),π(k)|2

|gπ(k)|2
p
(κ)
R,k(p

(κ)
π(k))

2

+
σUE
|gπ(k)|2

p
(κ)
R,k

τ
(κ)
k

.

Since the functions r(κ)k and r(κ)π(k) are seen to be concave, the
nonconvex constraint (16c) in (17) is thus innerly approximat-
ed by the following convex constraint

r
(κ)
` (τττ ,p) ≥ r̄`τk, ` ∈ {k, π(k)}, k = 1, . . . ,K. (25)

Finally, the remaining nonconvex constraint (17b) in (17) is
innerly approximated by the following convex constraint

r
(κ)
k (τττ ,p) + r

(κ)
π(k)(τττ ,p) ≥

λ
(κ)
k τ

(κ)
k

4
(
λk

γ
(κ)
k

+
τk

τ
(κ)
k

)2, (26)

which exploits the following upper-bounding convex function
approximation for the RHS of (17b)

λ
(κ)
k τ

(κ)
k

4
(
λk

λ
(κ)
k

+
τk

τ
(κ)
k

)2 ≥ λkτk. (27)

2) Path-following algorithm: The following convex prob-
lem is solved at the κth iteration to generate the next feasible
point (τ (κ+1), p(κ+1), λ(κ+1)) for the nonconvex problem (17):

max
τττ,p,λλλ

K∑
k=1

λk s.t. (3), (4), (6), (8), (16b), (21), (25), (26).

(28)
The computational complexity of (28) is

O(n2m2.5 +m3.5), (29)

with n = 4K, which is the number of its decision variables,
and m = 7K + 3, which is the number of its constraints.

Note that
∑K
k=1 λ

(κ)
k and

∑K
k=1 λ

(κ+1)
k constitute a feasible

value and the optimal value for (28), so

K∑
k=1

λ
(κ+1)
k >

K∑
k=1

λ
(κ)
k ,

i.e., the three-tuple (τ (κ+1), p(κ+1), λ(κ+1)) constitutes a bet-
ter feasible point for (17) than (τ (κ), p(κ), λ(κ)) as long as
(τ (κ+1), p(κ+1)) 6= (τ (κ), p(κ)). As such Algorithm 1, which
generates the sequence {(τ (κ), p(κ), λ(κ))} converges at least
to a locally optimal solution of the nonconvex problem (17)
[41].

To find an initial feasible point [τ (0), p(0), λ(0)] for (17),
upon taking any feasible point (τ (0), p(0)) for the convex
constraints (16a) and (16b), we iterate the following convex
problem

max
τττ,p,λλλ

min
k=1,...,K

min
`∈{k,π(k)}

[r
(κ)
` (τττ ,p)− r̄`τk]

s.t. (16a), (16b), (21) (30)

until finding the nonnegative optimal value.

Algorithm 1 Path-following algorithm for FD-based TWR

1: Initialization: Set κ = 0. Iterate the convex problem (30)
to obtain an initial feasible point (τ (0), p(0), λ(0)),

2: Repeat until convergence: Solve the convex optimiza-
tion problem (28) to generate the next feasible point
(τ (κ+1), p(κ+1), λ(κ+1)) for (17). Set κ := κ+ 1.

3: Output (τ (κ), p(κ)) as the optimal solution of (17).

III. CONVENTIONAL HALF-DUPLEX TWR

It is quite clear from (13) and (14) that the efficiency of
the FD-based TWR is critically dependent on the residual SI
attenuation level σSI , which cannot be suppressed to a level so
that the SI in their denominator becomes comparable to the
background noise. Furthermore, there are at least two ways
of implementing TWR within a single time slot as presented
below.

A. Half-time-division (HT) Based TWR

Under this approach, during the first half of the time slot,
the UE transmitters send their signals to the UAV and then the
UAV relays its received signals to the UE receivers during the
other half of the time slot, as depicted in Fig. 2.3 Hence there
is no SI in (13) and (14). The resultant information exchange
throughput of UE pairs is given by

1

2τk

[
ln(1 + γ̃k(τττ ,p)) + ln(1 + γ̃π(k)(τττ ,p))

]
,

k = 1, . . . ,K, (31)

3If all nodes use the same antennas for signal transmission and reception,
a guard time occupying a certain fraction of the TS is required for switching
from the transmission mode to the reception mode and vice-versa
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instead of (15), where we have

γ̃k(τττ ,p) = |hπ(k)|2p2π(k)
/[σUAV

τk
+
σUE
|gk|2

pR,k
τk

]
, (32)

and

γ̃π(k)(τττ ,p) = |hk|2p2k
/[σUAV

τk
+

σUE
|gπ(k)|2

pR,k
τk

]
, (33)

which represent the SINRs at UE k and UE π(k) instead
of (13) and (14). The sum information exchange throughput
optimization problem corresponding to (17) is formulated as

max
τττ,p,λλλ

K∑
k=1

λk s.t. (3), (4), (16b), (34a)

1

pR,k

(
|hk|2p2k + |hπ(k)|2p2π(k) +

σUAV
τk

)
≤ 2PA,max, (34b)

k = 1, . . . ,K,
K∑
k=1

1

pR,k

(
|hk|2p2k + |hπ(k)|2p2π(k) +

σUAV
τk

)
≤ 4PA,max

sum , (34c)
ln(1 + γ̃`(τττ ,p)) ≥ 2r̄`τk, (34d)

` ∈ {k, π(k)}, k = 1, . . . ,K,

ln(1 + γ̃k(τττ ,p)) + ln(1 + γ̃π(k)(τττ ,p)) ≥ 2λkτk, (34e)
k = 1, . . . ,K,

where (34b) and (34c) represent the transmit power at the UAV
over the bandwidth 1/τk and the sum transmit power of the
UAV instead of (6) and (8).

UAV's reception during the first half of the time slot  

UAV's transmission during the other half of the time slot

UE1 UEk UEk+1 UE2k

UE1 UEk UEk+1 UE2k

Fig. 2: HT-based TWR

The problem (34) is nonconvex, since the pair of
throughput constraints (34d) and (34e) are nonconvex. Let
(τ (κ), p(κ), λ(κ)) represent the feasible point for (34) that
is found at the (κ − 1)th iteration. Similar to (25) and
(26), the nonconvex constraints (34d) and (34e) are innerly
approximated by the following convex constraints

r̃
(κ)
` (τττ ,p) ≥ 2r̄`τk, ` ∈ {k, π(k)}, k = 1, . . . ,K, (35)

and

r̃
(κ)
k (τττ ,p) + r̃

(κ)
π(k)(τττ ,p) ≥

λ
(κ)
k τ

(κ)
k

2
(
λk

λ
(κ)
k

+
τk

τ
(κ)
k

)2, (36)

where we have

r̃
(κ)
k (τττ ,p, αk) = a

(κ)
k + b

(κ)
k pπ(k) − c

(κ)
k

[
|hπ(k)|2p2π(k)

+
σUAV
τk

+
σUE
|gk|2

(p
(κ)
R,k)2

(2p
(κ)
R,k − pR,k)τk

]
and

r̃
(κ)
π(k)(τττ ,p, αk) = a

(κ)
π(k) + b

(κ)
π(k)pk − c

(κ)
π(k)

[
|hk|2p2k

+
σUAV
τk

+
σUE
|gπ(k)|2

(p
(κ)
R,k)2

(2p
(κ)
R,k − pR,k)τk

]

with a
(κ)
k , b(κ)k , c(κ)k and a

(κ)
π(k), b

(κ)
π(k), c

(κ)
π(k) defined by (19)

and (24) for

x̄
(κ)
k , |hπ(k)|p

(κ)
π(k),

ȳ
(κ)
k , σUAV /τ

(κ)
k + σUEp

(κ)
R,k/|gk|

2τ
(κ)
k ,

and

x̄
(κ)
π(k) , |hk|p

(κ)
k ,

ȳ
(κ)
π(k) , σUAV /τ

(κ)
k + σUEp

(κ)
R,k/|gπ(k)|

2τ
(κ)
k .

At the κ-th iteration we solve the following convex problem
to generate the next feasible point (τ (κ+1), p(κ+1), λ(κ+1)) for
the nonconvex problem (34):

max
τττ,p,λλλ

K∑
k=1

λk

s.t. (3), (4), (16b), (21), (34b), (34c), (35), (36). (37)

Its computational complexity is (29) with n = 4K and m =
7K + 3. Like Algorithm 1, Algorithm 2, which generated the
sequence {(τ (κ), p(κ), λ(κ))}, converges at least to a locally
optimal solution of the nonconvex problem.

Similarly to (30), upon taking any feasible point (τ (0), p(0))
for the convex constraints (3), (4), (16b), (34b), and (34c), we
iterate the following convex problem

max
τττ,p,λλλ

min
k=1,...,K

min
`∈{k,π(k)}

[r̃
(κ)
` (τττ ,p)− 2r̄`τk]

s.t. (3), (4), (16b), (21), (34b), (34c), (38)

until obtaining the nonnegative optimal value to locate an
initial feasible point (τ (0), p(0), λ(0)) for (34).

B. Bandwidth partitioning (BP) Based TWR

Under this approach UE k and UE π(k) send their signal to
the UAV over the bandwidth 1/τk and 1/τπ(k), respectively.4

The UAV then relays its received signal to UE π(k) and UE

4Guard bands are necessary for its practical implementation between the
adjacent bands of 1/τk , k = 1, . . . , 2K.
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Algorithm 2 Path-Following Algorithm for half-time division
based HD

1: Initialization: Set κ = 0. Iterate the convex problem (38)
for an initial feasible point (τ (κ), p(κ), λ(κ)) for (34).

2: Repeat until convergence: Solve the convex problem (37)
to generate the next feasible point (τ (κ+1), p(κ+1), λ(κ+1))
for (34). Set κ := κ+ 1.

3: Output (τ (κ), p(κ)) as the optimal solution of (34).

k over the same bandwidth fractions with powers pR,π(k)
and pR,k, as depicted in Fig. 3. Then instead of (16b), the
bandwidth constraint is

K∑
k=1

(
1/τk + 1/τπ(k)

)
≤ 1. (39)

UE1 UEk UEk+1 UE2k

1/τ1

1/τπ(1)

1/τK

1/τπ(K)

1/τπ(1)

1/τ1

1/τπ(K)

1/τK

Fig. 3: BP-based TWR

Furthermore, instead of (31), the information exchange
throughput of UE pairs is given by

1

τπ(k)
ln[1 + γ̄k(τττ ,p)] +

1

τk
ln[1 + γ̄π(k)(τττ ,p)], (40)

k = 1, . . . ,K,

with

γ̄k(τττ ,p) = |hπ(k)|2p2π(k)
/[σUAV

τπ(k)
+
σUE
|gk|2

pR,k
τπ(k)

]
, (41)

and

γ̄π(k)(τττ ,p) = |hk|2p2k
/[σUAV

τk
+

σUE
|gπ(k)|2

pR,π(k)

τk

]
. (42)

For τττ , {τk, k = 1, . . . , τ2K)}, p =
{(pk, pπ(k), pR,k, pR,π(k)), k = 1, . . . ,K}, and
λλλ , {λk, k = 1, . . . , 2K}, the problem of sum information
exchange throughput optimization corresponding to (34) is

formulated as

max
τττ,p,λλλ

K∑
k=1

(λk + λπ(k)) s.t. (3), (4), (39), (43a)

1

pR,k

(
|hπ(k)|2p2π(k) +

σUAV
τπ(k)

)
≤ PA,max, (43b)

k = 1, . . . ,K,

1

pR,π(k)

(
|hk|2p2k +

σUAV
τk

)
≤ PA,max, (43c)

k = 1, . . . ,K,
K∑
k=1

(
1

pR,k

(
|hπ(k)|2p2π(k) +

σUAV
τπ(k)

)
+

1

pR,π(k)

(
|hk|2p2k +

σUAV
τk

))
≤ PA,max

sum , (43d)

ln(1 + γ̄k(τττ ,p)) ≥ r̄kτπ(k),
ln(1 + γ̄π(k)(τττ ,p)) ≥ r̄π(k)τk, k = 1, . . . ,K, (43e)

ln(1 + γ̄k(τττ ,p)) ≥ λkτπ(k),
ln(1 + γ̄π(k)(τττ ,p)) ≥ λπ(k)τk, k = 1, . . . ,K, (43f)

where (43b)-(43d) represent the transmit power at the UAV
over the bandwidths 1/τπ(k) and 1/τk and the sum transmit
power of UAV instead of (6) and (8). Similarly to (34), (43)
is also a nonconvex problem, since the throughput constraints
(43e) and (43f) are nonconvex.

Let (τ (κ), p(κ), λ(κ)) be the feasible point for (43) that
is found at the (κ − 1)th iteration. Similar to (25) and
(26), the nonconvex constraints (43e) and (43f) are innerly
approximated by the following convex constraints

r̄
(κ)
k (τττ ,p) ≥ r̄kτπ(k), r̄

(κ)
π(k)(τττ ,p) ≥ r̄π(k)τk, k = 1, . . . ,K,

(44)
where we have

r̄
(κ)
k (τττ ,p) ≥

λ
(κ)
k τ

(κ)
π(k)

4
(
λk

λ
(κ)
k

+
τπ(k)

τ
(κ)
π(k)

)2, k = 1, . . . ,K,(45a)

r̄
(κ)
π(k)(τττ ,p) ≥

λ
(κ)
π(k)τ

(κ)
k

4
(
λπ(k)

λ
(κ)
π(k)

+
τk

τ
(κ)
k

)2, k = 1, . . . ,K,(45b)

under the trust region

2p
(κ)
R,k − pR,k > 0, k = 1, . . . , 2K, (46)

where we have

r̄
(κ)
k (τττ ,p) = a

(κ)
k + b

(κ)
k pπ(k) − c

(κ)
k

[
|hπ(k)|2p2π(k) +

σUAV
τπ(k)

+
σUE
|gk|2

(p
(κ)
R,k)2

(2p
(κ)
R,k − pR,k)τπ(k)

]
and

r̄
(κ)
π(k)(τττ ,p) = a

(κ)
π(k) + b

(κ)
π(k)pk − c

(κ)
π(k)

[
|hk|2p2k +

σUAV
τk

+
σUE
|gπ(k)|2

(p
(κ)
R,π(k))

2

(2p
(κ)
R,π(k) − pR,π(k))τk
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with a
(κ)
k , b(κ)k , c(κ)k and a

(κ)
π(k), b

(κ)
π(k), c

(κ)
π(k) defined by (19)

and (24) for

x̄
(κ)
k , |hπ(k)|p

(κ)
π(k),

ȳ
(κ)
k , σUAV /τ

(κ)
π(k) + σUEp

(κ)
R,k/|gk|

2τ
(κ)
π(k),

and

x̄
(κ)
π(k) , |hk|p

(κ)
k ,

ȳ
(κ)
π(k) , σUAV /τ

(κ)
k + σUEp

(κ)
R,π(k)/|gπ(k)|

2τ
(κ)
k .

At the κ-th iteration we solve the following convex problem
to generate the next feasible point (τ (κ+1), p(κ+1), λ(κ+1)) for
the nonconvex problem (43)

max
τττ,p,λλλ

K∑
k=1

(λk + λπ(k))

s.t. (3), (4), (39), (43b), (43c), (43d), (44), (45), (46). (47)

The computational complexity of (47) is (29) with n = 6K
and m = 10K + 3. Like Algorithm 1, Algorithm 3, which
generates the sequence {(τ (κ), p(κ), λ(κ))}, converges at least
to a locally optimal solution of the nonconvex problem (43).

Similarly to (38), upon taking any feasible point (τ (0), p(0))
for the convex constraints (3), (4), (39), (43b), (43c), and
(43d), we iterate the following convex problem

max
τττ,p,λλλ

min
k=1,...,K

min{r̄(κ)k (τττ ,p)− r̄kτπ(k), r̄
(κ)
π(k)(τττ ,p)

− r̄π(k)τk} s.t. (3), (4), (39), (43b), (43c), (43d), (48)

until obtaining the nonnegative optimal value to locate an
initial feasible point (τ (0), p(0)) for (43).

Algorithm 3 Path-Following Algorithm for bandwidth divi-
sion based HD

1: Initialization: Set κ = 0. Iterate the convex problem (48)
for an initial feasible point (τ (κ), p(κ), λ(κ)) for (43).

2: Repeat until convergence: Solve the convex optimiza-
tion problem (47) to generate the next feasible point
(τ (κ+1), p(κ+1), λ(κ+1)) for (43). Set κ := κ+ 1.

3: Output (τ (κ), p(κ)) as the optimal solution of (43).

IV. OPTIMAL TIME-FRACTION-BASED (TF) HD TWR

In this section, we propose a TF-based scheme in which
the specific time fraction 0 < µ < 1 is used for sending
information from all UE transmitters to the UAV, while the
remaining time fraction of (1− µ) is used for forwarding the
signals from the UAV to the UE receivers, as depicted in Fig. 4.
The hostile loop self-interference inherent in FD-based TWR
is thus absent in this TF-based TWR. Assuming that 1/pk is
the power share allocated to UE k for sending its information
to the UAV. The physical constraint of 1/pk obeys

1/pk ≤ P̄UE, 1 ≤ k ≤ 2K, (49)

where P̄UE = 3PU,max.

UAV's reception during time fraction μ 

UAV's transmission during time fraction 1-μ 

UE1 UEk UEk+1 UE2k

UE1 UEk UEk+1 UE2k

Fig. 4: TF-based TWR

The transmit power constraint of all UEs is

µ

2K∑
k=1

1/pk ≤ PU,max
sum . (50)

The signal received by the UAV over the bandwidth 1/τk is
given by

rk =
√
µ

(
hksk√
pk

+
hπ(k)sπ(k)
√
pπ(k)

+ nR,k

)
. (51)

The UAV processes the received signal and applies the transmit
power fraction 1/pR,k for its transmission

rk√
pR,k

=

√
µ

√
pR,k

(
hksk√
pk

+
hπ(k)sπ(k)
√
pπ(k)

+ nR,k

)

which is physically limited by

µ

pR,k

(
|hk|2

pk
+
|hπ(k)|2

pπ(k)
+
σUAV
τk

)
≤ P̄R, 1 ≤ k ≤ K,

(52)
where we have P̄R = 3PA,max.

The sum transmit power constraint is formulated as

(1− µ)µ

K∑
k=1

1

pR,k

(
|hk|2

pk
+
|hπ(k)|2

pπ(k)
+
σUAV
τk

)
≤ PR,max

sum .

(53)
Then the signal received by the UEs k and π(k) is expressed
as

yk =
√

1− µ

[ √
µ

√
pR,k

(
hksk√
pk

+
hπ(k)sπ(k)
√
pπ(k)

+ nR,k

)

× gk + nk

]
, (54)
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and

yπ(k) =
√

1− µ

[ √
µ

√
pR,k

(
hksk√
pk

+
hπ(k)sπ(k)
√
pπ(k)

+ nR,k

)

× gπ(k) + nπ(k)

]
. (55)

The SINR at UE k and π(k) after rejecting their own SI is
then given by

γ̃k(τττ ,p, µ) =
µ|hπ(k)|2/pR,kpπ(k)

µσUAV /pR,kτk + σUE/τk|gk|2
(56)

and

γ̃π(k)(τττ ,p, µ) =
µ|hk|2/pR,kpk

µσUAV /pR,kτk + σUE/τk|gπ(k)|2
. (57)

Thus, the infirmation exchange throughput of the UE pairs is
defined by

Rk(τττ ,p, µ) =
(1− µ)

τk
[ln(1 + γk(τττ ,p, µ))

+ ln(1 + γπ(k)(τττ ,p, µ))
]
k = 1, . . . ,K.

(58)

The problem of maximizing the sum information exchange
throughput subject to the constraints of our transmit power
budget, the total bandwidth and the UEs’ throughput is for-
mulated as

max
τττ,p,0<µ<1

K∑
k=1

(1− µ)

τk
[ln(1 + γk(τττ ,p, µ))

+ ln(1 + γπ(k)(τττ ,p, µ))
]

(59a)
s.t. (16b), (49), (50), (52), (53), (59b)

(1− µ)

τk
ln(1 + γ`(τττ ,p, µ)) ≥ r̄`, (59c)

` ∈ {k, π(k)}, k = 1, . . . ,K.

Compared to the problem (17), the presence of the new TF
variable µ makes the problem (59) much more computationally
challenging. Firstly, the UE throughput functions in (59a) are
more complex than that in (17b). Secondly, in contrast to the
convex constraints (4) and (6), the power constraints (50), (52)
and (53) are no longer convex.

For appropriately addressing (59), we first introduce the new
variables ttt , (t1, t2) with 0 < t1 = 1/µ and 0 < t2 =
1/(1− µ), satisfying the convex constraint

1/t1 + 1/t2 ≤ 1. (60)

Then, (59) is rewritten as

max
τττ,p,ttt

K∑
k=1

1

τkt2
[ln(1 + γk(τττ ,p, ttt))

+ ln(1 + γπ(k)(τττ ,p, ttt))
]

(61a)
s.t. (16b), (49), (60) (61b)

2K∑
k=1

1

pk
≤ PU,max

sum t1, (61c)

|hk|2

pR,kpk
+
|hπ(k)|2

pR,kpπ(k)
+
σUAV
pR,kτk

≤ P̄Rt1, (61d)

1 ≤ k ≤ K,
K∑
k=1

(
|hk|2

t2pR,kpk
+
|hπ(k)|2

t2pR,kpπ(k)
+

σUAV
t2pR,kτk

)
≤ PR,max

sum t1, (61e)
1

τkt2
ln(1 + γ`(τττ ,p, ttt)) ≥ r̄`, (61f)

` ∈ {k, π(k)}, k = 1, . . . ,K,

with

γk(τττ ,p, ttt) =
|hπ(k)|2/pR,kpπ(k)

σUAV /pR,kτk + σUEt1/τk|gk|2
(62)

and

γπ(k)(τττ ,p, ttt) =
|hk|2/pR,kpk

σUAV /pR,kτk + σUEt1/τk|gπ(k)|2
. (63)

The constraints (61b)-(61e) are convex but the objective func-
tion (61a) is nonconcave and the constraint (61f) is nonconvex.
Next, we develop a successive lower-bounding approximation
for the UE’s throughput functions, under which (61f) is innerly
approximated by the convex constraint.

Let (τ (κ), p(κ), t(κ)) be the feasible point for (61) that is
found from the (κ− 1)th iteration.

A. Successive UE-throughput function lower-bounding ap-
proximation

Applying the inequality (76) of Appendix yields

1

τkt2
ln(1 + γk(τττ ,p, ttt)) ≥

a
(κ)
k − b

(κ)
k

pR,kpπ(k)
p
(κ)
R,kp

(κ)
π(k)

+ c
(κ)
k

(
σUAV
τkpR,k

+
σUEt1
|gk|2τk

)
−d(κ)k (

t2

t
(κ)
2

+
τk

τ
(κ)
k

), (64)

where we have

0 < a
(κ)
k = 3d

(κ)
k + 2b

(κ)
k ,

0 < b
(κ)
k = 1/(x̄

(κ)
k ȳ

(κ)
k + 1)τ

(κ)
k t

(κ)
2

0 < c
(κ)
k = 1/ȳ

(κ)
k ,

0 < d
(κ)
k = ln(1 + 1/x̄

(κ)
k ȳ

(κ)
k )/τ

(κ)
k t

(κ)
2 ,
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for

x̄
(κ)
k = p

(κ)
R,kp

(κ)
π(k)/|hπ(k)|

2,

ȳ
(κ)
k = σUAV /τ

(κ)
k p

(κ)
R,k + σUEt

(κ)
1 /|gk|2τ (κ)k .

Furthermore, by exploiting the inequalities

pR,kpπ(k) ≤ Φ
(κ)
π(k)(p) ,

p
(κ)
R,kp

(κ)
π(k)

4
(
pR,k

p
(κ)
R,k

+
pπ(k)

p
(κ)
π(k)

)2, (65)

and

t1
τk
≤ ψ(κ)

k (τττ , ttt) ,
t
(κ)
1

4τ
(κ)
k

(
t1

t
(κ)
1

+
τ
(κ)
k

τk
)2, (66)

it follows that the RHS of (64) is lower-bounded by the
following concave function

r
(κ)
k (τττ ,p, ttt) , a

(κ)
k − b

(κ)
k

 Φ
(κ)
π(k)(p)

p
(κ)
R,kp

(κ)
π(k)

+ c
(κ)
k

(
σUAV
τkpR,k

+
σUE
|gk|2

ψ
(κ)
k (τττ , ttt)

)]
− d(κ)k (

t2

t
(κ)
2

+
τk

τ
(κ)
k

). (67)

Analogously, we have

1

τkt2
ln(1 + γπ(k)(τττ ,p, ttt)) ≥

a
(κ)
π(k) − b

(κ)
π(k)

[
Φ

(κ)
k (p)

p
(κ)
R,kp

(κ)
k

+ c
(κ)
π(k)

(
σUAV
τkpR,k

+
σUE
|gπ(k)|2

λ
(κ)
k (τττ , ttt)

)]
− d(κ)π(k)(

t2

t
(κ)
2

+
τk

τ
(κ)
k

) ,

r
(κ)
π(k)(τττ ,p, ttt), (68)

with

Φ
(κ)
k (p) ,

p
(κ)
R,kp

(κ)
k

4

(
pR,k

p
(κ)
R,k

+
pk

p
(κ)
k

)2

, (69)

where

0 < a
(κ)
π(k) = 3d

(κ)
π(k) + 2b

(κ)
π(k),

0 < b
(κ)
π(k) = 1/(x̄

(κ)
π(k)ȳ

(κ)
π(k) + 1)τ

(κ)
k t

(κ)
2 ,

0 < c
(κ)
π(k) = 1/ȳ

(κ)
π(k),

0 < d
(κ)
π(k) = ln(1 + 1/x̄

(κ)
π(k)ȳ

(κ)
π(k))/τ

(κ)
k t

(κ)
2 ,

for

x̄
(κ)
π(k) = p

(κ)
R,kp

(κ)
k /|hk|2,

ȳ
(κ)
π(k) = σUAV /τ

(κ)
k p

(κ)
R,k + σUEt

(κ)
1 /|gπ(k)|2τ

(κ)
k .

B. Path-following algorithm

The following convex optimization problem is solved
at the κth iteration to generate the next feasible point

(τ (κ+1), p(κ+1), t(κ+1)) for the nonconvex problem (59)/(61):

max
τττ,p,ttt

K∑
k=1

[
r
(κ)
k (τττ ,p, ttt) + r

(κ)
π(k)(τττ ,p, ttt)

]
(70a)

s.t. (61b)− (61e), (70b)

r
(κ)
` (τττ ,p, ttt) ≥ r̄`, (70c)
` ∈ {k, π(k)}, k = 1, . . . ,K.

The computational complexity of (70) is (29) with n = 3K+2
and m = 4K+ 4. Like Algorithm 1, Algorithm 4, which gen-
erates the sequence {(τ (κ), p(κ), t(κ))}, converges at least to a
locally optimal solution of the nonconvex problem (59)/(61).

To find an initial feasible point (τ (0), p(0), t(0)) for (59)
we take any feasible point (τ (0), p(0), t(0)) for the convex
constraints (61b)-(61e) and iterate the convex problem

max
τττ,p,ttt

min
k=1,...,K

min
`∈{k,π(k)}

r
(κ)
` (τττ ,p, ttt)/r̄` s.t. (61b)− (61e),

(71)
until it reaches a value which is more than or equal 1.

Algorithm 4 Path-Following Algorithm for FT

1: Initialization: Set κ = 0. Iterate the convex problem (71)
to find an initial feasible point (τ (0), p(0), t(0)) for (59).

2: Repeat until convergence: Solve the convex optimiza-
tion problem (70) to generate the next feasible point
(τ (κ+1), p(κ+1)) for (59). Set κ := κ+ 1.

3: Output (τ (κ), p(κ), t(κ)) as the optimal solution of (59).

V. NUMERICAL RESULTS

This section presents our numerical results characterizing
the performance of our algorithms. There are K = 10 UEs,
which are randomly placed within the cell leaving the cell
center at (100, 50, 0) meters, while the remaining K = 10 UEs
are randomly placed within the cell leaving the cell center at
(−100, 50, 0) meters. The radius of the cell is set to 50 meters.
The UAV is located at the position of (0, 50, 200) meters. The
G2A channel is modelled by

hk = φkh̃k, (72)

while the A2G channel is modelled by

gk = ϕkg̃k, (73)

where φk and ϕk denote the large-scale fading coefficients,
while h̃k and g̃k represent the small-scale fading coefficients
of the G2A and A2G channel, respectively. The large-scale
fading is modelled as log-normal shadowing [42], formulated
as

PLk(dB) = PL0 + 10α log10(dk/d0) +Xσ, (74)

where PL0 = 20 log10(4πd0fc/c) is the path loss at the
reference distance d0, the carrier frequency is fc and the speed
of light is c = 3 · 108 (m/s). Furthermore, α is path loss
exponent, which is 2.51 for G2A and 2.32 for A2G [42]–[45],
dk is the distance between UE k and the UAV, and Xσ is a
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zero-mean Gaussian distributed random variable with standard
deviation σX (in dB) representing the shadowing effects.

As there is a dominant line-of-sight path in the propagation
channel, the small-scale fading coefficient following the Rician
distribution can be modelled as h̃k ∼ CN (µ, 2σ2) with
Rician factor KR = |µ|2/2σ2. The carrier frequency is
fc = 2 GHz, the reference distance is d0 = 1 meter and
the Rician factor is KR = 10 [46]. The noise power density
is σ2

n = −174 dBm/Hz [11]. Other settings are PU,max = 20
dBm, PU,max

sum = KPU,max, and PA,max = 2PR,max
sum /K. The

computational tolerance is ε = 10−4.

A. Sum information exchange throughput optimization

This subsection analyzes the achievable sum information
exchange throughput obtained by four schemes, which are
labelled by “FD”, “HT”, “BP” and “TF” in all figures to refer
to FD-based TWR, HT-based TWR, BP-based TWR, and TF-
based TWR, respectively.

Figs. 5 and 6 plot the achievable sum information exchange
throughput versus SI attenuation level σ2

SI ∈ [−150,−110]
dB for each user throughput threshold of r̄` ∈ {0.1, 0.3, 0.6}
bps/Hz. Observe from Fig. 5 that when the value of σSI is
small, which reduces the FD SI to a level similar to noise, FD-
based TWR performs significantly better than HT-based TWR
and BP-based TWR. However, as the value of σSI becomes
higher and imposes FD SI higher than the noise, the latter
outperforms the former, since FD-based TWR fails to elimi-
nate the SI. By contrast, TF-based TWR always achieves better
sum information exchange throughput than the other schemes.
This is due to the fact that in contrast to TF-based TWR, the
time-fractions in HT-based TWR are fixed by definition at
1/2 without optimization. However, the optimization of the
time fraction is not trivial. Furthermore, since all UEs relying
on BP-based TWR are allocated separate bandwidths, each
member of a pair of UEs has half the bandwidth. This limits
their information exchange throughput.

Additionally, we examine the impact of each user through-
put threshold r̄` on the sum information exchange throughput.
Observe from Fig. 5(a) that the optimal solution of the
different schemes satisfies the achievable throughput require-
ment of each user. However, when r̄` = 0.3 bps/Hz, no
feasible solution can be found for FD-based TWR associated
with σ2

SI = −110 dB for satisfying each user’s throughput
requirement. Under high FD SI conditions it is difficult to
make the throughput of each user higher than r̄` = 0.3 bps/Hz.
Furthermore, when r̄` = 0.6 bps/Hz, there are no feasible
solutions for BP-based TWR and for HT-based TWR. Indeed,
this is also the case for FD-based TWR for σ2

SI ≥ −130
dB. Furthermore, compared to Fig. 5, the sum information
exchange throughput of TF-based TWR and of FD-based
TWR in Fig. 6 is reduced a bit, because the feasibility set
becomes narrower for higher throughput requirements.

Next, Figs. 7 and 8 plot the achievable sum information
exchange throughput versus the UAV transmit power budget
of PR,max

sum for r̄` ∈ {0.1, 0.3, 0.6} bps/Hz. The SI attenuation
level is fixed at σ2

SI = −130 dB. As expected, the achievable
sum information exchange throughput increases with PR,max

sum .
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Fig. 5: Sum information exchange throughput versus σ2
SI as

the optimal value of (16) for FD, (34) for HT, (43) for BP,
(59) for TF, with K = 10 and r̄` ∈ {0.1, 0.3}.

The achievable sum information exchange throughput of TF-
based TWR is always better than that of the other schemes.
Furthermore, observe in Figs. 7 and 8 the gap between TF-
based TWR and FD-based TWR is seen wider in PR,max

sum . The
increase of PR,max

sum leads to higher FD SI, thereby hindering
the improvement of exchange throughput of FD-based TWR.

Additionally, for r̄` = 0.1 bps/Hz, the optimal solution
under the different schemes assists each user to satisfy its
throughput requirement. However, since we have r̄` = 0.3
bps/Hz in Fig. 7(b), no feasible solution can be found for
BP-based TWR at PR,max

sum = 15 dBm. Furthermore, when
r̄` increases to 0.6 bps/Hz, there are no feasible solutions for
BP-based TWR and HT-based TWR. Moreover, no feasible
solution can be found for TF-based TWR and FD-based TWR,
when PR,max

sum = 15 dBm.
Figs. 9 examines the impact of the number of users K on

the sum-rate of information exchange, which increases with
K in all schemes. With PR,max

sum fixed, it is saturated when K
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Fig. 6: Sum information exchange throughput versus σ2
SI as

the optimal value of (16) for FD, (34) for HT, (43) for BP,
and (59) for TF, with K = 10 and r̄` = 0.6.

exceeds a certain threshold. Furthermore, Fig. 10, which plots
the sum-rate versus the UAV’s altitude at PR,max

sum = 15 dBm
and r̄` = 0.1 bps/Hz, shows that as expected, reducing the
power reduces the throughput.

Fig. 11 plots the optimal time fraction µ of TF-based
TWR versus the transmit power budget of UAV PR,max

sum in
conjunction with r̄` = 0.1 bps/Hz. It can be seen that the time
fraction µ, which is used for sending information from all UEs
to the UAV, decreases when PR,max

sum increases. Given a higher
power budget, an increased time fraction is allocated to the
link spanning from the UAV to the UEs.

Fig. 12 plots the bandwidth allocations 1/τk associated with
r̄` = 0.1 bps/Hz. All UEs are allocated separate bandwidths in
BP-based TWR, while UEs k and π(k) share the fraction 1/τk
of bandwidth in the other schemes. The bandwidths allocated
to UE pairs (6, 16) and (9, 19) are much higher than that
allocated to other UE pairs, because the channel gains gk in
the UE pairs of (6, 16) and (9, 19) are stronger than that of
other UE pairs, indicating that the sum information throughput
optimization may assign more bandwidth to strong UE pairs.
Next, Figs. 13(a) and 13(b) plot the optimal transmit power
allocation for the UEs to the UAV link and for the UAV to
UEs link, respectively. As seen in Fig. 13, the transmit power
allocation for the link spanning from the UEs to the UAV under
TF-based TWR is lower than that under the other schemes, but
the former needs more power for its transmission from the
UAV to UEs. This explains why TF-based TWR significantly
outperforms the other schemes in terms of its sum information
exchange throughput.

B. Algorithmic convergence

Fig. 14 characterizes the four algorithms convergence. The
HT-based TWR algorithm achieves the fastest convergence
rate. The BP-based TWR and FD-based TWR algorithms
require 23 and 30 iterations, respectively, whereas TF-based
TWR needs more iterations.
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Fig. 7: Sum information exchange throughput versus PR,max
sum

with K = 10 as the optimal value of (16) for FD, (34) for
HT, (43) for BP, and (59) for TF

VI. CONCLUSIONS

Four UAV-aided TWR solutions have been conceived, where
pairs of users can exchange information via the UAV relay. A
pair of prospective approaches have been proposed to enable
information exchange between pairs of users within one time
slot. The first approach is FD-based TWR, which relies on
FD transceivers both at the UAV relay and at the users, while
the second approach is TF-aided HD TWR, which allows
both the UAV relay and users to employ a fraction of the
time to transmit and receive. In contrast to the first approach,
it is much easier to implement the second one for UAV-
enabled TWR. The problems of jointly optimizing both the
bandwidth and power allocation for pairs of users to maximize
minimum information exchange throughput have been solved
by our efficient path-following algorithms with the aid of new
inner approximation techniques. Our numerical results show
the advantage of TF-based HD TWR over conventional HD
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Fig. 8: Sum information exchange throughput versus PR,max
sum

with K = 10 and r̄` = 0.6 as the optimal value of (16) for
FD, (34) for HT, (43) for BP, and (59) for TF
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Fig. 9: Sum information exchange throughput versus K with
PR,max
sum = 15 dBm and r̄` = 0.1 as the optimal value of (16)

for FD, (34) for HT, (43) for BP, and (59) for TF

TWR and FD-based TWR.

APPENDIX: FUNDAMENTAL INEQUALITIES

The following inequalities were proved in [36] and [47]:

ln(1 + 1/xy)

zt
≥ 3

ln(1 + 1/x̄ȳ)

z̄t̄
+

1

(x̄ȳ + 1)z̄t̄
(2− x

x̄
− y

ȳ
)

− ln(1 + 1/x̄ȳ)

z̄2t̄
z − ln(1 + 1/x̄ȳ)

z̄t̄2
t, (75)

and

1

τ
ln(1 + 1/xy) ≥ 2

τ̄
ln(1 + 1/x̄ȳ) +

1

(1 + x̄ȳ)τ̄
(2− x

x̄
− y

ȳ
)

− ln(1 + 1/x̄ȳ)

τ̄2
τ. (76)
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Fig. 10: Sum information exchange throughput versus the UAV
altitude with PR,max

sum = 15 dBm and r̄` = 0.1 as the optimal
value of (16) for FD, (34) for HT, (43) for BP, and (59) for
TF
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Fig. 11: Optimal time fraction µ versus PR,max
sum with K = 10

and r̄` = 0.1.

for all x > 0, y > 0, z > 0, t > 0, and x̄ > 0, ȳ > 0, z̄ > 0,
t̄ > 0, while

ln(1+x2/y) ≥ ln(1+ x̄2/ȳ)− x̄
2

ȳ
+2

x̄

ȳ
x− x̄2

ȳ(ȳ + x̄2)
(x2+y)

(77)
for all x ≥ 0, y > 0, and x̄ ≥ 0, ȳ > 0.
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