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Abstract:
Purpose - The prevalence of artificial intelligence (AI) has considerably affected management and society. This study exploredits potential impact on hospitality industry employees, bringing enlightenment to both employees and managers. 
Design/methodology/approach - Data were collected from a survey of 432 employees who worked in full-service hotels in China. Structural equation modeling (SEM) was employed to analyze the data.
Findings - Results presented a positive relationship between AI awareness and job burnout. No significant direct relationship was found between AI awareness and career competencies. Organizational commitment mediated the relationship between AI awareness and career competencies, as well as the relationship between AI awareness and job burnout.
Research limitations/implications - This study contributes to human resource management in the hospitality industry to theoretical and practical aspects. Theoretically, it enriched both career theory and fit theory. Practically, this study reminds managers to pay attention to the adverse effect of AI on human capital. It also enlightens the manager to think of the positive effects that AI may bring. Managers should provide proper support to overcome AI’s threat to human resources. 
Originality/value – The study aims to analyze the impact of AI from a career perspective. It provided theoretical support and evidence for hotel managers for the effects of AI awareness on hotel employees. The study conveys a potential topic of concern that the hospitality industry may face in the future.


Keywords: Artificial intelligence, AI awareness, career competency, job burnout, organizational commitment





1. Introduction
[bookmark: _GoBack]The Fourth Industrial Revolution has introduced several smart technologies such as artificial intelligence (AI) and the Internet of things (Schwab, 2016). This revolution, also referred to as Industry 4.0, emphasizes smart manufacturing or the industrial Internet (Hofmann and Rüsch, 2017). Smart technologies introduced during Industry 4.0 automate the production process and reduce production costs (Brougham and Haar, 2018; Bowen and Morosan, 2018); thus, they have become popular in many organizations. In line with earlier predictions (Minsky, 2007), AI, one of the typical representatives of smart technology, is in the course of transforming business sectors and societies (Almada-Lobo, 2015), including the hospitality industry (Filimonau and Naumova, 2019). AI began in the late 1950s, and it requires machines, such as robots, to perform jobs with intelligence (Simon, 1995). Through deep learning, AI may outperform humans in various complex jobs (Samek et al., 2017; Christouet et al., 2020; Moro et al., 2019), and many jobs can be performed by AI rather than by people (Choi et al., 2019; Frey and Osborne, 2017). AI technologies may replace various positions in the hospitality industry. Frey and Osborne (2017) reported that hotel desk clerks face a too high risk of being replaced by robots (probability is 94%). Smart hotels equipped with AI in various departments have already been established. Henn-na Hotel in Japan and Alibaba Future Hotel in China are two prominent examples; both hotels are staffed by robots (Northfield, 2015). 
AI streamlines the operating processes in hotels and restaurants and introduces reforms (McCartney and McCartney, 2020). Different experts have different expectations about AI or machine learning toward jobs in the future. Anderson and Smith (2014) surveyed 1896 experts on their opinions about AI toward economics and business, and half of the participants predicted that AI would displace a significant number of jobs by 2025, which may lead to unemployment issues and social order disruptions. The integration of robots will change the boundaries of jobs, occupations, and organizations, possibly affecting employees’ career patterns (Acemoglu and Restrepo, 2020).
According to career theories and fit theories, the better an individual fits into an organization, the higher the job satisfaction he or she achieves (Chen et al., 2016; Mensah and Bawole, 2018). Inferior person–organizational fit has led to employee burnout (Kilroy et al., 2017). The integration of AI changes the arrangement and allocation of resources within organizations (Xu et al., 2020), and it may disturb the relationship between individuals and an organization, changing the person-organization fit pattern. 
However, how employees may behave towards the introduction of smart technology is still a topic of concern (Gonzalez et al., 2020; Law et al., 2019; Ali et al., 2019). Thus, this study aims to test hospitality employees’ perception of the implementation of AI machines in the workplaceunder the background of Industry 4.0 (Schneider and Sting, 2020). It intends to examine the effects of AI on a career perspective and investigate how AI's perception may affect hospitality employees’ career competency and job burnout. Lastly, it examines the role of organizational commitment as a mediator between the introduction of AI and career outcomes. Based on the results, theoretical and practical implications are discussed to provide pragmatic suggestions to human resource management. 

2. Literature Review
2.1 AI awareness and Career Competency
Artificial intelligence (AI) aims to endow machines with human capacities such as understanding, thinking, reasoning, or learning (Hilker, 1986; Li and Du, 2007; Lu et al., 2019). AI awareness is defined as the awareness that AI machines such as robotsand algorithm management may replace an employee’s current job in the future; it reflects the uncertain situation that would be harmful to employees (Brougham and Haar, 2018). Frey and Osborne (2017) estimated that AI might supplant approximately 47 percent of USjobs in the future. Lee (2016) predicted that one-quarter of employment in Singapore would be at risk of being computerized. Many hotels and restaurants have adopted AI to reduce costs and provide efficient services (Ivanov et al., 2017; Choi et al., 2019; Pillai and Sivathanu, 2020). Examples, including self-service check-in kiosks, front desk robots, and vacuum-cleaning robots, have already become a reality (Karatepe et al., 2020). It is predicted that by 2030, 25 percent of the hospitality industry workforce will be automated (Bowen and Morosan, 2018). However, Hirschi (2018) suggested that middle-skilled service jobs are more vulnerable to AI than lower- and higher-skilled jobs because middle-skilled jobs follow precise and predictable procedures. 
Employees with higher AI awareness are worried about their jobs in the future in both organizations and industries due to the implementation of AI (Brougham and Haar, 2018). They feel insecure about their current careers,so their career competencies may be weakened (Colakoglu, 2011). Intelligent career competencies (Arthur et al., 1995) is composed of three competency dimensions: “knowing why,” “knowing how,” and “knowing whom.”“Knowing-why” competency involves the motivation and self-concept behind actions, “knowing-how” competency refers to performance-related skills, and “knowing-whom” competency relates to the interpersonal relationship within or outside the organizations (DeFillippi and Arthur, 1994; Spurk et al., 2019). 
AI awareness brings an anxious and insecure feeling to employees, which lowers their job-related self-efficacy and occupation-related self-management (Alisic and Wiese, 2020). As they contend that their jobs are at high risk of being replaced, they will not have motivation for careers and are not satisfied with their careers; therefore, the “knowing-why” competency may be negatively affected (Kong et al., 2018). Artificial intelligence can do lots of skilled human jobs effectively and efficiently (Makridakis, 2017), which means that robots and machines can also possess the career-related skills and professions that used to be possessed by humans. Job-related abilities are enhanced by practice and experience. Once the job resources (Akkermans et al., 2013) contribute to the improvement taken over by AI, an individual’s skills may be reduced and even become obsolete (Pazy, 1990). This could also lead to reduced income (Acemoglu and Restrepo, 2020). As employees may not have the opportunity to apply their professional knowledge, their “knowing-how” competency may be weakened. In terms of “knowing-whom” competency, employees would like to seek career supports from organizations (Kong et al., 2012) or others. Higher AI awareness may cause employees inability to find the right person to seek information or supports. Then, their communication and interpersonal relationship skills could be negatively affected. From the elaboration above, the following hypothesis is proposed: 
H1: AI awareness will be negatively associated with career competency.
2.2 AI awareness and Job Burnout
Burnout is a psychological reaction to stresses at work (Halbesleben and Buckley, 2004); itis reflected in three dimensions: emotional exhaustion, depersonalization, and reduced personal accomplishment (Maslach and Jackson, 1981). Previous studies have shown that hotel frontline employees are more likely to suffer from burnout because they are always required to control their negative emotions and display positive expressions (Choi et al., 2019). However, other factors, such as the advancement of AI, may also contribute to burnout. For one thing, employees who have a high awareness of AI think their career as highly uncertain; they are worried that machines could easily replace their positions. They have a strong sense of job insecurity, which brings stress to them. The career uncertainty and job insecurity make them feel emotionally exhausted (Ito and Brotheridge, 2001).
The using of AI may replace employees’ position in their organization (Zhu and Chang, 2020), and affect employees’ career development. Employees’ personal needs may not be satisfied through careers; they are likely to suffer career dissatisfaction (Karatepe, 2012). As robots sometimes are more efficient than human laborers, employees may feel it difficult to make personal accomplishment. Besides,Li et al. (2019) suggested that hotel employees’ AI awareness accelerates their turnover intention because the application of AI made them feel insecure or stressed. A high turnover intention is also a positive predictor of job burnout as high turnover intentions deteriorate one’s mental health (Liljegren and Ekberg, 2009). AI brings uncertainty to one’s career. The application of AI to hotels and restaurants will reshape management hierarchies and the arrangement of jobs, such that employees may feel dissatisfied, depressed, or cynical, possibly leading to increased burnout in current jobs (Toker and Biron, 2012). Based on the literature, the following hypothesis is proposed.
H2: AI awareness is positively associated with job burnout.
2.3 The mediating role of organizational commitment
Commitment links an employee to an organization. Organizational commitment includes affective, continuance, and normative commitment (Allen and Meyer, 1990). Meyer and Allen (1991) illustrated the three components as a desire, need, and obligation to preserve a career within an organization. The emergence of smart technologies, such as AI,has changedthe operation process of organizations. Many hotels have launched robots to deliver service to customers, which makes human labor costly and redundant. Employees who experienced this situation have a strong feeling of career uncertainty or insecurity within the organization. For example, organizations may not provide essential support to employees as significant share of operation processes are automated, which leads employees’ lower organizational commitment (Kim et al., 2016). AI may replace one’s jobs in the future (Shin and Jeong, 2020; Cha, 2020). Employees who have a high awareness of AI are not fully satisfied with their current jobs because they contend that their jobs are vulnerable to disruptive technological advancement. Lower job satisfaction leads to lower organizational commitment (Yousef, 2017). Employee’s perceptions about future jobs affect organizational commitment, and high AI awareness leads to low organizational commitment (Brougham and Haar, 2018).
Previous studies have shown that organizational commitment is related to one’s career outcomes (Devece et al., 2016).Employees with high organizational commitment have high career competencies (Kong et al., 2012). Organizations with highly committed employees generate improved performance (Nikpour, 2017). Employees tie themselves to the organization emotionally or obligatorily; making full use of their potentials to achieve better performance. By contrast, low organizational commitment may lead to low satisfaction, high turnover intention, and high burnout (Cannon and Herda, 2016). Employees who do not feel connected with their organizations are unlikely to devote themselves to their jobs, and they feel exhausted and tired quickly.
The advent of AI has transformed organizational patterns. Job insecurity and uncertainty make employees feel less committed to the organizations. Such a decrease in commitment may also lead to low career competencies and high burnout levels. Therefore, the following hypotheses are proposed.
H3: Organizational commitment mediates the relationships between AI awareness and career competencies.
H4: Organizational commitment mediates the relationships between AI awareness and job burnout.
Based on the above analysis, this study proposed the theoretical model. AI awareness was proposed as exogenous variable, career competencies and job burnout the endogenous variables. Organizational commitment was developed as the mediator, which mediating the relationship between AI awareness and career competencies, as well as the relationship between AI awareness and job burnout.
-------------------------------
Insert Figure 1 here
-------------------------------

3. Methodology
3.1 Research Design
This study collected data to test the hypotheses developed via a questionnaire survey. First, pilot test was conducted, with participants of hotel employees. They were also asked to verify the questionnaire's clarity, content, and validity to make it more understandable. Then main survey questionnaires were distributed to young employees national wide. A seven-point Likert scale (1 = strongly disagree, 7 = strongly agree) was used to measure all the items.
3.2 Measurement
AI awareness was measured via four items adopted from a scale developed by Brougham and Haar (2018). A representative sample item is “I think STARA could replace my job.” The Cronbach’s α for the measure was 0.931. Organizational commitment was measured via items developed by Allen and Meyer (1993). A representative sample item is “I would be pleased to spend the rest of my career with this organization.” The Cronbach’s α was 0.927. Career competency was measured by items developed by Kong et al. (2019). A representative sample item is “I have good insight into my career.” The Cronbach’s α for the measure was 0.947. Lastly, job burnout was measured via items developed by Demerouti et al. (2001). A sample item is “During my work, I often feel emotionally drained.” The Cronbach’s α for the measure was 0.924. Items employed in this study were identified and verified by both academic and practitioner experts. 
3.3 Data collection 
In the main survey, 500 questionnaires were distributed to the target respondents in China. Employees who worked in the food and beverage department, housekeeping department, and front office in full-service hotels were surveyed in this study. The respondents received financial incentive to promote the answers’ validity and improve response rate (Baruch and Holtom, 2008). The research ethic was approved by the research committee of theUniversity to protect the confidentiality of the respondents. The data were checked for incomplete answers, and outliers were identified using the median absolute deviation method (Leys et al., 2013). Finally, 38 incomplete answers and 30 outliers were identidied and deleted, and 432 valid questionnaires were collected; the response rate is 86.4%, substantially above the norm in similar studies (Baruch and Holtom, 2008). The data were tested to be normally distributed (p-value = 0.4981, which is > 0.05) using the Henze-Zirkler test (Henze and Zirkler, 1990). 
3.4 Data analysis
Structural equation modeling (SEM) was applied to analyze the data using SPSS 23 and AMOS 22 software. First, the demographic description of the respondents was generated. Second, Cronbach’s α and average variance extracted (AVE) were calculated to assess the reliability and validity of the measurement scales. Then, confirmative factor analysis (CFA) was conducted to evaluate the measurement and structural models' fit. Harman’s single-factor test was employed to test common method variance bias. Finally, the hypotheses were tested.

4. Results
4.1 Profile of respondents
Table 1 presents the profiles of the respondents. Among the respondents, 62.96% were female, and 37.04% were male. The majority of the respondents were between 26 and 40 years old. In terms of educational background, most of the respondents had a bachelor’s or college degree, and the proportions were 51.85% and 38.43%, respectively. Concerning working experience, the majority of the respondents (91.57%) had 1–10 years of working experience. Gender effects were tested using independent-sample T-test, with AI (T-value=0.034, p-value = 0.855), OC (T-value=0.582, p-value = 0.446), CC (T-value=0.000, p-value = 0.984), and JB (T-value=0.159, p-value = 0.690). As p-values were all above 0.05, the gender effects were not significant in the study.
-------------------------------
Insert Table 1 here
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4.2 Correlations, Means, Standard deviation, Reliability, and Validity
Table 2 and Table 3 provide the correlation, mean, standard deviation (SD), Cronbach’s α, and AVE values of the four constructs. Cronbach’s α was used to evaluate the reliability of each measurement instrument. Measurement instruments with a Cronbach’s α value of more than 0.70 (Nunnally, 1994) indicate reliable and stable characteristics. AVE was used to evaluate convergent and discriminant validities. In a reflective model, an AVE value higher than 0.50 manifests that the construct explains more than half of its indicators, implying good convergent validity (Hair et al., 2016). Discriminant validity evaluates how different constructs are distinct from one another. Per the Fornell–Larcker (1981) criterion, the squares of the correlations of either two constructs should be less than the individual AVE values to establish discriminant validity. This condition suggests that a construct explains its measurement items better than other constructs, and constructs are distinct.
In this study, the Cronbach’s α values of AI awareness, organizational commitment, career competencies, and job burnout are all above 0.70, indicating that the measurement instruments are reliable. In terms of validity, the AVE values of AI awareness, organizational commitment, career competencies, and job burnout are 0.77, 0.68, 0.64, and 0.67, respectively. All the values are over 0.50 and more than the correlation values' squares, indicating that convergent and discriminant validities were established.
-------------------------------
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4.3 Tests of model fit
4.3.1 Measurement model
CFA was used to assess the fit of the measurement model. Statistical index values reported in this study are chi-squares, degree of freedom (df), goodness of fit index (GFI), comparative fit index (CFI), and root mean square error of approximation (RMSEA). GFI, an absolute fit measure, ranges from 0 to 1, with 1 indicating the perfect measure and 0 indicating the poorest measure (Hu and Bentler, 1995). A GFI value above 0.90 is acceptable in this study. Another absolute fit measure is RMSEA, one of the most widely used indices in SEM (Steiger, 1980; Kline, 2015). An RMSEA value less than 0.05 suggests a good model fit; a value between 0.05 and 0.08 indicates a mediocre fit. An RMSEA value of less than 0.08 is acceptable (Byrne, 2010). CFI is an incremental fit measure; a CFI value greater than 0.90 suggests a good fit (Hair et al., 1998). The model fit index values of each construct model in this study are as follows:AI awareness model (chi-square = 3.97, df = 2, CFI = 0.99, GFI = 0.99, RMSEA = 0.05);Organizational commitment model (chi-square = 15.31, df = 9, CFI = 0.99, GFI = 0.98, RMSEA = 0.04);Career competency model (chi-square = 78.47, df = 35, CFI = 0.98, GFI = 0.96, RMSEA = 0.05);Job burnout model (chi-square = 26.76, df = 9, CFI = 0.99, GFI = 0.98, RMSEA = 0.07).All the preceding statistical results passed the tests that measure the model fit. Thus, the data fit the individual measurement models well.The overall measurement model was also evaluated. The results are as follows: chi-square = 383.58, df = 293, CFI = 0.98, GFI = 0.94, and RMSEA = 0.03. The results suggested that the data fit the overall measurement model well.The result from Harman’s single factor test showed that only 34.73% of the total variance was explained by one factor, which indicates that any single factor was not accountable for most of the variance. Therefore, the common method variance issue is not significant in this study. 
4.3.2 Structural model
Lastly, the structural model was tested following the same procedures above, and the results are as follows: chi-square = 386.52, df = 294, CFI = 0.99, GFI = 0.94, and RMSEA = 0.03. The results show that the data fit the model fairly well.
4.4 Hypotheses testing
4.4.1 Tests of direct effects
Figure 1 and Table 4 below presents the path analysis results in this study. An absolute value of the critical ratio of more than 1.96 indicates that the p-value is less than 0.05. Thus, a significant relationship occurs between the two constructs.
-------------------------------
Insert Figure 2 here
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In the path from AI awareness to career competency, the absolute value of the critical ratio (1.79) is less than 1.96, showing an insignificant result. This finding indicates that no direct relationship occurs between AI awareness and career competency; therefore, Hypothesis 1 is not supported. From AI awareness to job burnout, the critical ratio's absolute value is 8.27, which is considerably higher than 1.96. Thus, a significant direct relationship occurs between AI awareness and job burnout, supporting Hypothesis 2.
4.4.2 Tests of indirect effects
To determine whether organizational commitment plays a mediating role in this theoretical model, we used a bootstrapping method to conduct the analysis. As a versatile method, bootstrapping is used by many researchers attempting to solve inferential problems. A 95% bias-corrected bootstrapped confidence interval (i.e., the interval between the lower and upper bounds) without zero indicates that the mediating effect is significant with a p-value of less than 0.05 (Hayes, 2017). Table 5 presents the results of 1000 (Cheung and Lau, 2008) bootstrapping samples of this study. The mediated effect of AI awareness on career competency is −0.05, indicating that due to organizational commitment’s mediating effect, career competency goes down by 0.05 when AI awareness increases by 1.
Similarly, when AI awareness increases by 1, job burnout will increase by 0.07due to the mediated effect of organizational commitment. Table 5 indicates that the 95% confidence intervals between the lower and upper bounds of both mediated paths do not contain zero; therefore, the mediating effects of organizational commitment on both paths are significant. Hypotheses 3 and 4 are supported.
-------------------------------
Insert Table 5 here
-------------------------------

[bookmark: OLE_LINK1][bookmark: OLE_LINK2]5. Discussion and Implications
5.1 Discussion
The results fully support out hypotheses and the resulted model. They represent a positive relationship between AI awareness and job burnout; hospitality employees worried that AI might replace their jobs are likely to be exhausted and tired because of the insecure feelings.AI can help save labor costs (Frey et al., 2017) and make effective management decisions (McAfee et al., 2012). According to fit theories (Caplan, 1987), positive outcomes are unlikely to happen once there is a mismatch between an individual and the organization (Akkermans et al., 2018).Previous studies have indicated that AI and other disruptive technologies change the way the organization operates. However,such a situation would bring uncertain factors to one’s career patterns. Employees who have high AI awareness are afraid that AI could replace their jobs and be unemployed in the future. Therefore, they will be less passionate when coping with their current tasks, making them feel bored and exhausted. Employees could be burnout due to AI’s effects.
No significant direct relationship is found between AI awareness and career competencies. AI is one of the representative products of the Fourth Industrial Revolution. Evidence from existing automated hotel or automated services showed that robots could provide equivalent quality services to humans. Previous studies have suggested that AI awareness fosters turnover intention (Li et al., 2019) and caused depressed and cynical emotions (Brougham and Haar, 2018), which are detrimental to career competencies. However, in this study, it is discovered that AI awareness does not necessarily reduce one’s career competency. Making proper use of AI may help enhance the “know-why” “know-how” and “know-who” competencies. For example, AI awareness may urge employees to adapt to the new environment, thus improving their career adaptability. The process may help strengthen the “know-why” and “know-who” competencies in return. Furthermore, cooperating with AI or learning from AI could help advance employees’ “know-how” abilities. Besides, organizational support is critical to maintaining employees competent in careers (Kong et al., 2020). Under the threat of disruptive technology to human resources, organizations may offer career training or development programs from which employees can benefit. 
Nevertheless, AI may negatively impact career competency and positively impact job burnout through the mediating role of organizational commitment. AI awareness decreased employees’ organizational commitment. Decreased organizational commitment increases job burnout and decreases career competencies. Existing studies have shown that organizational commitment is a significant predictor of job satisfaction,performance,and job involvement (Mathieu and Farr, 1991; Dinc, 2017). Decreased job security (Filimonau et al., 2020) and increased job stress (Chen et al., 2006) reduces organizational commitment. This study suggested that organizational commitment served as a mediator to transmit AI’s effects. Employees who consider that AI may take over their jobsare likely to become less committed to the organization. They may be anxious about the current organization's uncertainty and job security,and their jobs may become obsolete in the future. Then they may become weary, and their career competencies will sufferharmful effects. 
5.2 Theoretical implications
AI was not considered a significant factor when many of thecurrent career theories were developed, although many of these theories refer to technological impact. The current study contributes to career and fit theories in five ways. First, it investigated the impact of AI on the social science perspective, particularly on the psychological contract, and how contemporary careers are shaped by multiple factors (Baruch and Rousseau, 2019). Psychological factors (commitment and burnout) and human resource factors (career competency) are relevant to management, and traditional values, such as the role of commitment, remain essential when new technologies are introduced. Such factors enrich research on AI and smart technologies. Second, this study provided evidence to supplement career theories. Awareness of AI was found to weaken career competencies through the mediating effects of organizational commitment, enriching career management research. Third, organizational commitment's mediating role is an influential factor when conducting management or other social science research. Fourth, this study provided evidence for the fit theory. The infiltration of AI may disturb the previous equilibrium between individuals and contexts, leading to unacceptable conditions. Adverse effects, such as diminished organizational commitment and increased job burnout, will occur. The results supplemented evidence to person-environment or person-organization fit theories. Lastly, the study offered enlightenment for sustainable career research. Career theories evolve with time. Sustainability has elicited considerable attention from scholars at present. With the constant changes in the world and society, adapting careers to evolution and innovation over time is essential (de Vos et al., 2018). AI is one of the influential factors that can reshape lifestyles, jobs, organizations, or societies. Thus, the impact of AI may be considered to maintain a sustainable career.
5.3 Practical implications
Practically, this study provides suggestions to general managers and human resource managers in the hospitality industry. First, managers should be aware that the infiltration of AI or other smart technologies is inevitable in the future. The revolution of modern technologies is challenging the management process in five aspects: leadership, talent management, technology, decision-making, and company culture (McAfee et al., 2012). AI is to replace human labor; thiswill bring adverse effects to employees’ career outcomes. Employees’ job security would be influenced and they may be exhausted and less committed to the organization, thus higher turnover intention may occur (Li et al., 2019). Hotel managers should figure out ways to come over this situation. For example, managers may provide adequate training for employees to do some subjective job that would not be easily replaced by AI. Moreover, supports should be provided to enhance employees’ self-efficacy and psychological empowerment (Kong et al., 2016) to make them competent with this dilemma. 
Second, this study enlightens manager to consider the positive effects of AI. Applying AI will bring positive effects to the organizations. Daugherty and Wilson (2018) suggested that although AI ushers in an era of business transformation, humans must collaborate with AI to benefit from it. Managers should not only see the threat of AI but also they should realize the opportunities that AI may bring (Jiang and Wen, 2020). In service industries, AI is adopted to conduct various tasks used to be performed by humans (Huang and Rust, 2018; Brynjolfsson and McAfee, 2017). For example, robots are being used in healthcare and automated household services. Managers should know that, apart from substituting jobs, AI also complementsemployees’ performance in the service industry (Marinova et al., 2017). Managers should evaluate which jobs can be automated and which jobs can not be automated, and design effective organizational structure or management systems to exploit the advantages of AI. Implementing job crafting (Wrzesniewski and Dutton, 2001) processes or providing adequate job resources (Cheng and Yi, 2018) to employees may help organizations benefit from AI.
Third, this study prompts managers to pay attention to employees’ career patterns. Modern careers become boundaryless (DeFillippi and Arthur, 1994); this means that employees will not confine themselves in only one organization. In the hospitality industry, turnover culture is a significant problem (McGinley, 2018; Iverson and Deery, 1997) that may influence careers. AI’s introduction changes jobs and tasks’ boundaries, possibly reinforcing the hospitality industry's turnover culture, thus accelerating careers' boundaryless nature. This study shows that AI awareness decreases employees’ organizational commitment. Managers should guide employees to cooperate with AI to improve their career outcomes. By collaborating with AI, employees may transition themselves from tedious and routine work to those that require subjective judgment and emotional connection (Agrawal et al., 2018; Anderson and Smith, 2014), possibly enhancing their adaptability to the changing environment and lifelong learning abilities.
6. Limitations and future research
The limitations of this study are as follows. First, the sample data were only collected in full-service hotels in China, a specific geographical area with a unique collective culture compared with western cultures (Yao et al., 2020), which may restrict the results’ generalizability. Future researches may include data from different countries with different economic contexts to verify the results. Second, only one mediator was identified. As there was no significant relationship between AI awareness and career competencies, other mediators or moderators should be identified in future researches. Third, as the data was in self-reported form, social desirability bias might exist. Thus, objective data may be included to reduce bias in future studies. Finally, future research is recommended to identify additional career-related factors that AI may influence and explore its mechanism.
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Figure 1. Theoretical model
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Figure 2.The causal relationship among latent variables








Table 1. Profile of respondents
	Item
	Characteristic
	Frequency
	Proportion

	Gender
	Male
	160
	37.04%

	
	Female
	272
	62.96%

	Age
	25 years or below
	66
	15.28%

	
	26-30 years
	168
	38.89%

	
	31-40 years
	188
	43.52%

	
	Above 40 years
	10
	2.31%

	Educational Background
	High School
	18
	4.17%

	
	College
	166
	38.43%

	
	Bachelor
	224
	51.85%

	
	Master
	22
	5.09%

	
	Doctor
	2
	0.46%

	Working Experience
	Less than one year
	2
	0.46%

	
	1-3 years
	114
	26.39%

	
	3-6 years
	148
	34.26%

	
	6-10 years
	132
	30.56%

	
	Above ten years
	36
	8.33%

	Department
	Food & Beverage
	132
	30.56%

	
	Front Office
	140
	32.41%

	
	Housekeeping
	160
	37.04%






Table 2. Correlations, Means, and Standard Deviations
	Constructs
	AI Awareness
	Organizational Commitment
	Career Competencies
	Job Burnout

	AI Awareness
	1.00
	
	
	

	Organizational Commitment
	-0.25***
	1.00
	
	

	Career Competencies
	-0.16
	0.32***
	1.00
	

	Job Burnout
	0.48***
	-0.42***
	-0.24***
	1.00

	Mean
	4.93
	5.28
	5.22
	4.55

	SD
	1.62
	1.18
	1.08
	1.40


Note: N=432; * means p<0.05, ** means p<0.01, *** means p<0.001.






Table 3. Item measurement properties
	Construct
	Std. loadings
	Cronbach’s alpha
	AVE

	AI awareness
	
	0.93
	0.77

	  I am personally worried about my future in my industry due to AI replacing employees
	0.87
	
	

	  I am personally worried about my future in my organization due to AI replacing employees
	0.92
	
	

	  I am personally worried that what I do now in my job will be able to be replaced by AI
	0.86
	
	

	I think AI could replace my job
	0.87
	
	

	Organizational Commitment
	
	0.93
	0.68

	I would be very happy to spend the rest of my career with this organization
	0.78
	
	

	The organization has a great deal of personal meaning for me
	0.87
	
	

	Right now, staying with my organization is a matter of necessity as much as desire
	0.83
	
	

	It would be very hard for me to leave my organization right now, even if I wanted to
	0.84
	
	

	If I got another offer for a better job elsewhere I would not feel it was right to leave my organization
	0.86
	
	

	I think that people these days move from company to company too often
	0.77
	
	

	Career Competency
	
	0.95
	0.64

	I have good insight into my career
	0.81
	
	

	I have a proactive personality
	0.84
	
	

	I have the ability to learn from experience
	0.81
	
	

	I have a good personal relationship within my organization
	0.82
	
	

	I have a good personal relationship outside my organization
	0.79
	
	

	  I take part in career counselling activities
	0.73
	
	

	I have vocational/work-related skills
	0.81
	
	

	I joined a career-related professional organization
	0.85
	
	

	I know the latest developments and developments in my industry
	0.75
	
	

	I focus on training and further education
	0.81
	
	

	Job Burnout
	
	0.92
	0.67

	Sometimes, I feel sickened by my work tasks
	0.84
	
	

	After work, I tend to need more time than in the past to relax and feel better
	0.82
	
	

	During my work, I often feel emotionally drained
	0.82
	
	

	It happens more and more often that I talk about my work in a negative way
	0.82
	
	

	Lately, I tend to think less at work and do my job almost mechanically
	0.83
	
	

	After my work, I usually feel worn out and weary
	0.80
	
	


Note: N=432; Std. loadings = standardized loadings; AVE = average variance extracted




Table 4. Hypotheses testing of direct effects
	Hypotheses/Paths
	Coefficient
	C.R. value
	Results

	AI awareness  Career competency
	-0.09
	-1.79
	Not supported

	AI awareness  Job Burnout
	0.40
	8.27***
	Supported

	AI Awareness  Organizational Commitment
	-0.25
	-4.85***
	Supported

	Organizational Commitment  Career Competency
	0.30
	5.68***
	Supported

	Organizational Commitment  Job Burnout
	-0.33
	-6.75***
	Supported


Note: N=432; * means p<0.05, ** means p<0.01, *** means p<0.001.




Table 5. Hypotheses testing of mediation effects
	Path/Hypothesis
	Indirect effects estimate
	Lower Bounds (95% confidence)
	Upper Bounds (95% confidence)
	Results

	AI  OC  CC
	-0.05
	-0.13
	-0.04
	Supported

	AI  OC  JB
	0.07
	0.05
	0.12
	Supported


Note: A bootstrapped 95% confidence interval that does not contain zero is considered statistically significant at p < 0.05.
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