Supplementary Table 1. SERS bands and vibrational mode assignments.
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CH: lipids and proteins
C=C benzenoid ring
C-C stretching cellular pigment
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Supplementary Table 2. Area under receiver operating characteristic curves
(AUROC:S) of Al model for the non-invasive identification of NASH according to
different histologic definitions.

The definition of NASH AUROC
NASH with NAS >3 0.784
Active NASH with NAS >4 0.785
Definite NASH with NAS >5 0.828




Supplementary Table 3. Area under receiver operating characteristic curves
(AUROC:S) of Al model for the non-invasive diagnosis of the stage of liver fibrosis.

The degree of liver fibrosis AUROC
Significant Fibrosis (F >2) 0.72
Advanced Fibrosis (F >3) 0.96
Cirrhosis (F =4) NA




Supplementary Table 4. Area under receiver operating characteristic curves
(AUROC:S) of different machine learning algorithms for the non-invasive
identification of NASH.

Machine learning algorithms AUROC
LightGBM 0.74
XGBoost 0.73
Random forest 0.72
Logistic regression 0.75
Gradient boosting 0.74
Convolutional Neural Network (CNN) 0.75
FCNN 0.83




