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SUPPLEMENTARY METHODS
The COH-FIT Study
The COH-FIT project, with >230 clinicians/researchers/academics from 49 countries/territories/regions, conducted in 30 languages and six continents, embraces to the authors’ best knowledge currently the largest global network (full list available in our previous publications on COH-FIT methodology [1, 2]) and data sources among COVID-19 related health projects. The COH-FIT study recruited responses in a multi-wave design from non-probability, representative as well as weighted non-representative samples longitudinally at the population level. Since April 27th, 2020 COH-FIT collected over 180,000 responses from adults in over 150 countries. The primary objective of the COH-FIT project is to assess, quantify and understand the impact of the COVID-19 pandemic and related protective measures on the current and pre-COVID-19 recalled aspects of physical and mental health and related well-being, as well as on social, behavioral and coping outcomes in the general population, as well as across specific population risk groups [1, 2]. COH-FIT has a multi-wave structure. Both non-representative sampling via snowball/non-probabilistic approach and representative samples purchased via polling institutes have been collected. For this paper, only high-quality, representative responses from children aged 6-13 years (with help by their caregivers as needed/desired) from 12 countries were analyzed. Being a cross-sectional survey at the respondent level, COH-FIT is a longitudinal survey at the population level with continuous data collection during each wave, capturing responses at different times with different infection/mortality rates, enforces pandemic-related restrictions, etc. Data and outcomes were deliberately broad to provide a fine-grained and transdiagnostic physical, emotional, behavioral and interactional picture of the pandemic’s impact on children and their families, including well-being, mental health, physical health, health-service access/utilization, treatment adherence, interpersonal and family functioning, school and work performance, financial loss, emotions, sleep, etc. The COH-FIT protocol was finalized before first data collection (ClinicalTrials.gov; Identifier: NCT04383470) and was approved separately by all local co-investigators’ institutional ethics committees.

Supporting and endorsing organizations
COH-FIT has been supported by over 30 organizations/institutions and national scientific associations, including the European College of Neuropsychopharmacology Network on the Prevention of Mental Disorders and Mental Health Promotion (ECNP PMD-MHP), European Psychiatric Association (EPA), World Association of Social Psychiatry (WASP), European Lifestyle Medicine Organization (ELMO), among many more (full list available in our previous publications on COH-FIT methodology [1, 2]).

Survey platform, data management and protection
COH-FIT survey data were collected, stored and managed using the Research Electronic Data Capture (REDCap) software tool [3] first hosted at the Department of Neurosciences of the University of Padua, Italy, later transferred to the Charite University, Berlin, Germany. REDCap is a secure, web-based application designed to support data capture for research studies and used in over 3700 institutions worldwide, and provides: 1) an intuitive interface for validated data entry; 2) audit trails for tracking data manipulation and export procedures; 3) automated export procedures for seamless data downloads to common statistical packages; and 4) procedures for importing data from external sources. The application and data part reside on two separate virtual machines. The information is stored in two different datastore nodes to ensure resilience, disaster recovery and business continuity. Backup of all information is ensured daily. The entire system is protected by two perimetral defense levels. All operations are logged as required by GDPR law. The participation to the study was 100% anonymous and voluntary. No individually identifying information or data regarding individuals’ online activity were collected and retained. For all child and adolescent participants, their legal guardians have provided first a full written informed consent electronically on the survey’s platform for the minor to participate in the COH-FIT study prior to the child’s initiation of the survey. Further details have been published in our previous publications on COH-FIT methodology [1, 2].

Study participation
COH-FIT is an on-line anonymous survey for adults as well as, after guardian e-consent, for adolescents (14 - 17 years) and children (6 - 13 years). Participants could respond via a laptop, tablet, or smartphone. If participants wanted to interrupt the survey and come back to it later on, a “Return code” was generated. This code was sent automatically to an individually imputed e-mail address of preference (which was not stored in the database), requesting to rejoin and complete the saved questionnaire. 

COH-FIT Questionnaire for children 
For children (age 6-13 years), a separate survey instrument with abbreviated/condensed content (covering only a subgroup of relevant items) and simplified/developmentally appropriate language and age-appropriate response options was applied (COH-FIT-Children, COH-FIT-C), based on clinical experience of co-authors, for which parental consent was needed. These questions were tested in a small sample of 15 children of various ages and languages prior to study initiation. After e-consent, parents/guardians were asked to provide information on age, gender, and presence of physical/mental comorbidities of their child, and then handed over the survey to their child take the COH-FIT-C survey with their help as desired/appropriate. Parental assistance was not systematically required or encouraged. Outcome questions were asked for the time period of “2 weeks of regular life prior to the outbreak of the COVID-19 pandemic” (pre-pandemic) and for the “last two weeks prior to taking the survey” (intra-pandemic) (Table S1). The period of two weeks was chosen in order to allow for a reasonable time frame assuring response stability and validity, and also in order to be consistent with the “The CoRonavIruS Health Impact Survey” (CRISIS), conducted by investigators of the National Institute of Mental Health [4]. Symptoms and subjective ratings were rated on a visual analogue scale (VAS) 0-100. COH-FIT translations have been validated only in adults [5], but not in minors. COH-FIT-C has an adaptive format, in that answered questions lead to a prompt/ not a prompt for the respondent to answer additional questions depending on previous answers. The COH-FIT-C questionnaire includes also a comprehensive set of multidimensional demographic, socioeconomic, geographic and other factors relevant for mental health and well-being. The complete COH-FIT-C questionnaire is available upon request.

Data collection
[bookmark: _Hlk215822190][bookmark: _Hlk215485266][bookmark: _Hlk215486450]Nationally representative data based on participant sex and geographic national distribution were collected through different polling institutes in different countries at distinct wave periods between April 2020 and June 2022 (overall COH-FIT project duration). In all countries, a sample with analyzable data of at least 250 representative children aged 6-12 years old was targeted. Polling agencies first contacted randomly selected mothers/fathers in their databases. A screening questionnaire was applied for presence of minors in the household and representative characteristics of the child. In minors with representative characteristics, a computer-assisted web interviewing (CAWI) approach was applied, starting with parental consent and information about the child. Thereafter, minors were directly involved in completing the online COH-FIT-C questionnaire.
Data were collected through one-wave (Poland, France, Greece - October/November 2020, Canada - February 2022, Russia - May 2022), two-wave (U.K., U.S.A., Brazil, Italy, Austria - October/November 2020 and March/April 2022), three-wave (Germany - October/November 2020, April 2021 and March/April 2022) or five-wave approach (Spain - October/November 2020, January 2021, June 2021, September 2021 and February 2022). In all countries, except Poland, Austria and Russia, representative data were assessed by the international Polling Institute DOXA. In Poland, data were obtained within the terms of the Bialystok PLUS project, in Austria through the GALLUP Polling Agency and in Russia through the Levada Center Polling Agency. Last representative data were collected in May 2022 (Russia).

Missing data
Missing data was ≤ 1% for all items, except for medical condition (2%), coping strategy “other” (3%), immigration status (10%), and positive COVID-19 test status (64%). The high rate of missingness in the COVID test item reflects the fact this was a contingent question to be completed only if survey respondents had taken a COVID test (as such we did not attempt to impute data for this item). Patterns of missingness were explored across all included variables with the Anderson-Darling rank test [6]. This test was significant (median T = 39.90, median p < .001), suggesting that data were not ‘missing completely at random’, but can be reasonably considered ‘missing at random’, and that imputation can be legitimately performed. 

Missing data imputation
Missing item data were imputed using multivariate chained equations with predictive mean matching for continuous [7] and logistic regression analyses for categorical values, respectively. Imputation was performed for all data variables with missing data except for COVID-19 infection test result, as testing would not have been available during the early stages of data collection for many participants, and therefore imputation would have been inappropriate. All available dataset variables were used as predictors, with five iterations of imputation performed for each generated dataset. Predictive mean matching was used for continuous variables and logistic regression analysis for categorical variables. As procedures for combining pooled results from multiple datasets are not all amenable to pooling for certain statistical procedures (based on Ruben’s pooling rules), we chose to report analyses of the first imputed dataset for the analytic results after verifying that results were the same for all five imputed datasets.

Outliers
Outliers were identified using a high threshold of |z| = 5.0, winsoring them to the next highest non-outlying value.

Sample weights
While the sample was obtained through representative sampling via survey organizations, the final dataset consisted of a slightly high proportion of males (Table 1), so post-stratification adjustment weights were used to provide a representative distribution of sex within each country based on national population statistics. For current analyses, we only weighted for sex, as (i) employment and education classifications are not relevant to a child sample, and (ii) population figures frequently report age statistics using age-bands that extend beyond the ones used in our analyses.

PC-score model structure and validation
[bookmark: _Hlk184905862]The P-score has been previously validated by us in adults and adolescents participating in the COH-FIT study [5] as a five-dimensional factor of overall psychopathology. Items composing the P-score have been selected a priori based on clinical judgement. The slightly modified, four-dimensional PC-score in COH-FIT-C followed the same structure and was based on the same items as the validated P-score in adults but without the psychosis factor which was not appropriate for children having too low prevalences. The four retained domains were anxiety, depression, posttraumatic and psychophysiologic symptoms (sleep, concentration difficulties, stress). These domains included (i) five anxiety items extracted from the Generalized Anxiety Disorder 7 (GAD-7) for anxiety [8], (ii) two depression items from the Patient Health Questionnaire 9 (PHQ-9) [9] for depression, (iii) one posttraumatic stress disorder (PTSD) item from the post-traumatic stress disorder (PTSD) Checklist for DSM-5 (PCL-5) [10] for PTSD, and (iv) one sleep and one concentration item from the PHQ-9 [9], as well as one stress item from the WHO-5 well-being scale [11] for the psychophysiological domain.
Here, we performed an internal psychometric validation of the PC-score in children based on confirmatory factor analysis (CFA) of a hierarchical model with a single general PC- score with four sub-dimensions reflecting the theoretical basis for the factor’s development. In addition, we also tested and compared this hierarchical model with other plausible candidate models, specifically, a unidimensional model with a single PC-score and no subdimensions, and a correlated factors model with four correlated factors (anxiety, depression, posttraumatic and psychophysiologic) but no overall general factor.
Criteria for adequate model fit were: comparative fit index (CFI) >0.95, root mean square error of approximation (RMSEA)<.06, and standardized root mean square residual (SRMR) <.08 [12]. We also computed the Bayesian Information Criterion (BIC) where a lower BIC is indicative of better fit. Mean-adjusted maximum likelihood was used to estimate parameters with robust standard errors, and Satorra-Bentler scaled test statistics to account for any non-normality [13]. Overall and individual internal domain reliabilities were estimated with coefficient ω [14].
Equivalence of PC-score measurement across different survey languages and countries, as well as across gender, was tested in a hierarchical manner [15], assessing model fit after applying increasingly restrictive equality constraints across groups. Specifically, we modelled identical factor structures across groups (configural invariance), equal factor loadings (metric invariance) and equal item intercepts (scalar invariance), which is generally considered sufficient for the valid measurement of latent means for any subsequent hypothesis testing. To maximise reliability of estimates, we excluded any subgroups with N<200 (e.g., non-binary gender, or countries with minimal survey responses). Using Chen’s 2007 [16] guidelines, a change in the following fit indices was used as indicative of nonvariance: CFI <-.01 and either RMSEA >.015 or SRMR >.03 (loadings) / SRMR >.01(intercepts). We did not use chi-square tests to assess invariance, given that this approach is excessively sensitive to negligible changes in fit for large sample sizes.

Descriptive trend analyses
Descriptive trends in the well-being and P-score changes over time were explored with cubic regression splines. This approach fits a series of smoothed local piecewise regressions analyses across different time intervals [17] and may be particularly sensitive to revealing sudden temporal changes that might occur with COVID-related events, such as stringency changes. These analyses were performed in the whole sample using ten equally-spaced spline intervals, together with COVID-19 deaths and stringency index. This analytic approach was applied to provide descriptive data on possible trends.





SUPPLEMENTARY RESULTS
Responses per country
Final analyzed data included the following representative child responses per country: n=218-391 in single-wave countries (Poland, France, Greece, Canada, Russia), n=488-585 in two-wave countries (U.K., U.S.A., Brazil, Italy, Austria), n=771 in the three-wave country (Germany), and 1,250 in the five-wave country (Spain).

Data Screening
Missing data were <1% for all items, except immigration status (4.4%), and positive COVID-19 test status (59.3%). The high rate of missingness in the COVID test item reflects the fact this was a contingent question to be completed only if survey respondents had taken a COVID test (therefore, we did not attempt to impute data for this item). Other missing data were imputed using predictive mean matching. 

Recall bias analysis
[bookmark: _Hlk185231296]A longer interval between pandemic start and survey completion was not significantly associated with higher pre-pandemic well-being ratings in either a linear (β=.02, p=.192) or quadratic (β=.00, p=.677) fashion. For PC-scores, a linear (β=- .12, p<.0051 but not quadratic trend was found (β=.00, p=.469). Importantly, variation in pre-pandemic scores across time for both outcomes nevertheless appeared to be relatively minimal, suggesting little substantive recall bias/drift.

PC-score model structure and psychometrics
[bookmark: _Hlk185231396][bookmark: _Hlk185231673]Of the three models tested, the unidimensional model did not demonstrate adequate fit and was not considered further (Figure S2, Table S2). The second-order and correlated-factors model both met established model fit thresholds, with the second-order model exhibiting marginally more favorable fit indices vs. the correlated-factors model for RMSEA (.047 vs. .049) and BIC (607713 vs. 607725). Measurement invariance results indicate that the general factor model satisfies configural, metric and scalar invariance across gender and different survey languages based on Chen’s criteria (see PC-Score validation above), but with measurement invariance criteria for gender being partially met, with all but the CFI change indices supporting adequate fit (Table S5). Overall, these findings largely suggest that the PC-score exhibits satisfactory properties of invariance across different country, language and gender groups. 
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Figure S1. Completion rate of COH-FIT-C survey across items. 
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Figure S2. Factor loadings for three model specifications for the P-score in children: A. Unidimensional, B. Correlated-factors, C. Second-order.
[image: ]
Legend: Key: GF; General factor; Anx: Anxiety; Dep: Depression; PsyPhy: Psychophysiologic. p<.001 for all loadings.

Figure S3. Pre-pandemic WHO-5 well-being scores across different periods of survey administration, in children.

[image: ]


Figure S4. Pre-pandemic PC-score across different periods of survey administration in children.
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Figure S5. Regression slopes estimating pre- vs. intra-pandemic change in WHO-5 scores estimated from random effects intercept model.
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Figure S6. Regression slopes estimating pre- vs. intra-pandemic change in PC- scores estimated from random effects intercept model.
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Table S1. Variables used to identify risk factors, and COVID-19 pandemic course
	Category
	Variable
	Item
	Response_Options

	Demographic

	Age
	age
	How old are you? (in years)
	-

	First-generation immigration status
	country  
	What country/territory do you live in now?
	-

	
	migrant02
	In which country were you born?
	-

	Gender
	gend
	What is your gender?
	1, Male
2, Female
3, Other

	Enviromental_Clinical

	School closure
	schoolsclosed_ad
	In the last two weeks, which of the following have been closed due to the COVID-19 pandemic?
	1, Schools
2, Restaurants or bars
3, Shops other than food
4, Entertainment (cinema, theatre, sport, etc.)

	COVID-19 infection
	covidpositive
	Did you test positive?*
	1, Yes
0, No

	Physical disorder
	medicalyesno
	Have you ever been diagnosed with a medical disease by a health care professional?
	1, Yes
0, No

	Mental disorder
	mentalyesno
	Have you ever been diagnosed with a mental health conditions by a doctor or psychologist?
	1, Yes
0, No

	COVID-19-related loss
	familydeath
	Has anybody close to you died because of COVID-19?
	1, Yes
0, No


* If responded  >0 on “How many times have you been tested for COVID-19?”


 Table S2. Fit indices for the three candidate PC-score models. 
	Model
	df
	χ2
	CFI
(robust)
	RMSEA (scaled)
	SRMR
	BIC

	Unidimensional
	44
	3143.243
	0.876
	0.108
	0.060
	611760

	Second-order
	41
	595.962
	0.979
	0.047
	0.031
	607713

	Correlated factors
	39
	596.033
	0.979
	0.049
	0.031
	607725
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Table S3. Loading of COH-FIT PC-score items across genders in children
	Domain
	COH-FIT Items
	Boys
	Girls
	Difference

	Anxiety
	Anxiety Item 1
	.83
	.81
	.02

	
	Anxiety Item 2
	.74
	.67
	.07

	
	Anxiety Item 3
	.80
	.75
	.05

	
	Anxiety Item 4
	.75
	.72
	.03

	
	Anxiety Item 5
	.61
	.54
	.07

	Depression

	Depression Item 1
	.86
	.84
	.02

	
	Depression Item 2
	.94
	.91
	.03

	Post-traumatic
	PTSD Item 1
	1
	1
	0

	Psychophysiologic

	Sleep Item 1
	.75
	.72
	.03

	
	Focus Item 1
	.80
	.82
	-.02

	
	Stress Item 1
	.86
	.83
	.03


















Table S4. Reliability estimates* for COH-FIT PC-score general and domain-specific factors in children
	
	Anxiety
	Depression
	Psychophysiologic
	Total

	alpha
	.85
	.88
	.84
	.92

	omega
	.85
	.88
	.84
	.94


*We do not report results on PTSD as it is composed of 1 item only.























Table S5. Measurement invariance analysis for the with fit statistics for across countries, survey languages and gender.
	
	
	Fit
	Change in fit

	
	df
	CFI
	SRMR
	RMSEA
	ΔCFI
	ΔSRMR
	ΔRMSEA

	Country1

	Configural
	492
	.961
	.090
	.071
	
	
	

	Metric
	602
	.977
	.059
	.050
	.016
	-.031
	-.021

	Scalar
	668
	.961
	.065
	.061
	-.016
	.006
	 .011

	Language2

	Configural
	410
	.977
	.059
	.057
	
	
	

	Metric
	500
	.978
	.055
	.049
	.001
	-.004
	-.008

	Scalar
	554
	.966
	.078
	.059
	-.012
	.023
	 .010

	Gender3

	Configural
	82
	.984
	.029
	.047
	
	
	

	Metric
	92
	.983
	.034
	.046
	-.001
	.005
	-.001

	Scalar
	98
	.982
	.035
	.046
	-.001
	.001
	 .000



1Spain (N=1250), Germany (N=771), United Kingdom (N=585), Austria (N=532), United States of America (N=515), Brazil (N=504), Italy (N=488), Poland (N=391), Canada (N=325), France (N=246), Greece (N=242), Russia (N=218)
2English (N=1335), Spanish (N=1250), German (N=771), Austria (N=532), Brazil (N=504), Italian (N=488), Polish (N=391), French (N=336), Greek (N=242), Russian (N=218)
3Male (N=3308), Female (N=2753)








Table S6. Correlations across WHO-5 well-being score and PC total score and domain scores.

	
	WHO-5
	PC (Total)
	PC (Anx)
	PC (Dep)
	PC (PTSD)
	PC (Pp)

	WHO-5 
	[.92]
	-
	
	
	
	

	PC (Total)
	- .46
	[.92]
	
	
	
	

	PC (Anx)
	- .30
	.82
	[.85]
	
	
	

	PC (Dep)
	- .45
	.87
	.68
	[.88]
	
	

	PC (PTSD)
	- .37
	.85
	.66
	.69
	[ - ]
	

	PC (Pp)
	- .52
	.84
	.61
	.68
	.66
	[.84]



Legend: Correlations across WHO-5 wellbeing and PC-score total score and domain scores with tau reliability coefficients in diagonals (Cronbach’s alpha given for the WHO-5 wellbeing scale CFA was performed only for the PC scale). All correlations were highly statistically significant (p < .001). PC-Domains: Anx: Anxiety; Dep: Depression; Pp: Psychophysiologic; PTSD: posttraumatic.


Table S7. Changes in WHO-5 well-being and PC-scores across risk groups in children.
	 
	Pre-pandemic
	Intra-pandemic
	Weighted change

	Outcome
	Risk Factor
	Group
	N
	M
	SD
	M
	SD
	M
	Lower CI
	Upper CI
	  p

	WHO-5
	COVID-related loss
	No
Yes
	5,620
447
	81.8
	15.6
	76.9
	18.5
	-5.0
	-5.6
	-4.3
	.074

	
	
	
	
	79.5
	16.8
	75.9
	18.2
	-3.7
	-6.0
	-1.4
	

	PC-score
	
	
	
	32.3
	22.6
	39.0
	23.5
	6.7
	5.9
	7.6
	. 202

	
	
	
	
	51.2
	26.8
	58.8
	26.0
	7.7
	4.2
	11.1
	

	WHO-5
	COVID test status
	Negative
Positive
	1,792
679
	81.8
	15.4
	77.2
	18.3
	-4.6
	-5.7
	-3.5
	.103

	
	
	
	
	80.2
	16.9
	76.6
	19.4
	-3.6
	-5.5
	-1.7
	

	PC-score
	
	
	
	33.5
	23.5
	40.0
	24.4
	6.5
	4.9
	8.1
	<.001

	
	
	
	
	35.9
	26.6
	44.9
	25.7
	9.1
	6.3
	11.8
	

	WHO-5
	Gender
	Female
Male
	2,753
3,308
	81.3
	15.9
	75.9
	19.1
	-5.4
	-6.3
	-4.5
	.004

	
	
	
	
	82.0
	15.5
	77.7
	17.9
	-4.4
	-5.2
	-3.6
	

	PC-score
	
	
	
	33.2
	22.7
	41.1
	23.5
	7.8
	6.6
	9.0
	<.001

	
	
	
	
	34.0
	24.1
	39.8
	24.8
	5.9
	4.7
	7.0
	

	WHO-5
	School closure
	No
Yes
	3,699
2,368
	82.5
	15.4
	78.2
	17.8
	-4.3
	-5.1
	-3.6
	<.001

	
	
	
	
	80.4
	16.0
	74.7
	19.3
	-5.7
	-6.8
	-4.7
	

	PC-score
	
	
	
	30.7
	22.4
	37.3
	23.3
	6.7
	5.6
	7.7
	.418

	
	
	
	
	38.4
	24.5
	45.4
	24.8
	7.0
	5.6
	8.4
	

	WHO-5
	Mental disorder 
	No
Yes
	5,679
388
	82.3
	15.2
	77.6
	17.8
	-4.7
	-5.3
	-4.1
	.049

	
	
	
	
	72.8
	19.7
	65.8
	23.3
	-7.1
	-10.1
	-4.0
	

	PC-score
	
	
	
	32.5
	23.0
	39.0
	23.6
	6.5
	5.6
	7.3
	<.001

	
	
	
	
	50.7
	24.6
	61.8
	22.8
	11.3
	8.0
	14.7
	

	WHO-5
	Physical condition
	No
Yes
	5,621
446
	81.9
	15.5
	77.3
	18.1
	-4.7
	-5.3
	-4.0
	.001

	
	
	
	
	78.4
	17.4
	70.8
	21.8
	-7.6
	-10.2
	-5.0
	

	PC-score
	
	
	
	32.8
	22.9
	39.2
	23.6
	6.5
	5.6
	7.3
	<.001

	
	
	
	
	44.9
	27.3
	56.0
	25.8
	11.2
	7.7
	14.6
	

	WHO-5
	Immigrant status
	No
Yes
	5,374
427
	81.7
	15.8
	77.0
	18.4
	-4.7
	-5.4
	-4.1
	.184

	
	
	
	
	81.6
	16.1
	75.9
	19.4
	-5.8
	-8.2
	-3.4
	

	PC-score
	
	
	
	33.6
	23.6
	40.3
	24.3
	6.8
	5.9
	7.7
	.757

	
	
	
	
	34.1
	23.7
	40.6
	24.5
	6.6
	3.4
	9.8
	


Legend. LCI: lower confidence interval limit; M: mean; N: sample size, SD: standard deviation; UCI: upper confidence interval limit.
Table S8. Percentage of respondents endorsing importance of coping strategies during COVID-19 pandemic in children

	Coping Strategy
	Not
important 
	Somewhat
important 
	Very
important

	Contact with my family
	2.0
	12.8
	85.2

	Contact with my friends
	3.0
	29.7
	67.3

	Playing outside
	10.7
	35.3
	54.0

	My pet
	21.5
	27.0
	51.5

	Internet use
	8.6
	40.5
	50.9

	Sports or exercise
	11.5
	39.8
	48.7

	Listening to music
	10.4
	42.3
	47.4

	Playing inside
	7.7
	45.0
	47.3

	School work (including home schooling)
	9.1
	45.4
	45.5

	Television
	10.5
	45.2
	44.3

	Walking outside
	14.2
	41.8
	44.1

	Hobby (for example, playing an instrument)
	14.4
	43.5
	42.0

	Gaming
	17.1
	41.5
	41.4

	Reading
	15.5
	46.9
	37.6

	Information on Coronavirus
	23.2
	51.3
	25.5

	Religion, meditation or spirituality
	49.2
	33.0
	17.8

	Other
	46.3
	38.7
	15.1
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