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Abstract
[bookmark: _Hlk54634192]We use a cross-country sample of over 9,000 startup ventures from over 100 countries, to examine the relationship between the cultural diversity in the founding team and the likelihood of admission into impact-oriented acceleration programmes. Building on signalling theory, we hypothesise that the formation of multi-cultural founding teams sends a signal from the applicants to the decision makers of social impact accelerators. The results confirm this hypothesis, showing that cultural diversity has a positive and statistically significant association with the likelihood of being admitted. This finding is robust across several specifications, and accounts for the potential endogeneity of cultural diversity. In further analysis, we examine whether and how cultural diversity interacts with other signals concerning the human capital and demographical characteristics of the founding team. We find that these signals do not only have an individual effect on the admission likelihood, but their interaction effects are also statistically significant. 
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1. Introduction
In recent years, the media, market participants, and academics, have emphasised the role of team diversity across various dimensions in new ventures. They argue that diversity is the key to startup success, that new ventures should focus on diversity from the very beginning, and that they should communicate externally their commitment to diversity (Wang, 2018; Moghimi, 2019; Gompers and Kovvali, 2018). 
In the present study, we examine whether and how the cultural diversity of the founding team matters for the admission of startup ventures into impact-oriented acceleration programmes. In more detail, drawing on signalling theory, we hypothesise that the composition of the founding team, and in particular its cultural diversity, might serve as a signal to decision-makers in accelerators. Subsequently, this has implications for the selection or rejection of the startups’ applications. To shed further light on the selection process, we extend our analysis to examine whether and how the effect of this signal depends on other signals  sent simultaneously from the new venture during its application.  
[bookmark: _Hlk211444597]Thus, we build on past studies that: (i) examine the association between the diversity of the founding team with the decisions and evaluations of third parties, such as venture capitalists (Franke et al., 2008; Åstebro et al., 2022), angel investors (Boerner et al., 2025), IPO investors (Eesley et al., 2014), and acquirers (Soleimani and Stau, 2024); (ii) show that cultural diversity in the board of listed firms is associated with corporate value and profitability (Frijns et al., 2016), corporate social responsibility (Dodd et al., 2022), corporate innovation (Luo et al., 2023), sales growth (Dodd et al., 2024); and (iii) examine trade-offs between different team characteristics, and whether and how multiple signals of new ventures shape the decision of third parties in the entrepreneurial ecosystem, like venture capitalists (Franke et al., 2008; Ko and McKelvie, 2018), angel investing (Edelman et al., 2021) and crowdfunding backers (Kulkarni et al., 2024), and (iv) more broadly examine the role of diversity in work groups (van Knippenberg and Schippers, 2007; Bezrukova et al., 2009; Duchek et al, 2020).  Within this context, we   propose that forming culturally diverse founding teams can signal a distinct capability to accelerators and help overcome informational asymmetries. 
[bookmark: _Hlk182252483][bookmark: _Hlk180587566][bookmark: _Hlk182252497]A review of the literature by Colombo (2021) illustrates that there are many studies associating the use of signals with new-venture financing decisions in the case of crowdfunding investors, angel investors, venture capital investors, and equity investors. However, such research in the accelerators’ literature is almost non-existent, consisting of a handful studies (Yang et al., 2020; Lall et al., 2020, Assenova, 2021). 
[bookmark: _Hlk182252527] There are various reasons for which such signal could be of use to accelerator decision-makers. First, ventures that apply to accelerators are typically at a very early stage compared even to the ones applying to angel investors, not to mention venture capitalists and initial public offerings (IPOs). Thus, substantial information asymmetry exists between the two parties. As a result, similar to the case of angel investment (Colombo, 2021), signalling in the context of accelerators primarily rests on transmitting signals based on subjective and non-verifiable claims, with the characteristics of the founding team playing a central role in developing an appealing narrative to successfully transfer relevant information to prospective investors. Therefore, the cultural differences of the founders could be associated with a wide range of knowledge, perspectives, values, beliefs, and experiences resulting in differing points of view, the ability to consider a larger set of problems and come up with a wider set of alternative potential solutions and hence be better in solving complex tasks and reaching innovative solutions. For example, Richard et al. (2004) mention that, in terms of strategy formulation and implementation within management groups, this value-in-diversity perspective suggests that the attributes of a heterogenous management group enhance the development of strategic alternatives and promote creative and effective competitive strategies. This might be even more important in the case of new venture teams that: (i) have to direct the startups through the various stages of entrepreneurial process; (ii) are characterised by great managerial discretion and latitude, and (iii) need various skills to deal with diverse activities when starting the organisation, including creativity, problem-solving and implementation tasks (Klotz et al., 2014; Ensley et al., 2002; Lazear, 2005).
Furthermore, our interest in accelerator programme decisions stems from their substantial growth and increasing attention in recent years, becoming an important part of the entrepreneurial ecosystems around the world (Roberts and Lall, 2019). Whilst the median investment per venture is not very large, participation in an acceleration programme is associated with numerous benefits like networking, entrepreneurship education, venture performance differences, mentorship opportunities and shared office space (Cohen and Hochberg, 2014; Gonzalez-Uribe and Leatherbee, 2018). Most importantly, accelerators play an important role in identifying and supporting the most promising ventures, and they aim to help startups hone their strategy, identify market opportunities, strengthen their management teams, and connect to potential investors (Kempner, 2019). Additionally, they help resolve uncertainties around company quality sooner, allowing founders to make funding and exit decisions (Yu, 2020). For example, Hallen et al. (2020) find that accelerators increase both the likelihood and speed of reaching key outcomes for participating ventures. Along the same lines, Gonzalez-Uribe and Leatherbee (2018) conclude that entrepreneurship schooling bundled with basic services of cash and coworking space leads to significant increases in venture fundraising and scale. Finally, Cohen et al. (2019) point out that a third of all startups securing venture capital in 2015 had been through an accelerator programme. 
Therefore, admission into a programme may have profound implications for new ventures. However, such an admission is very challenging, with the median acceptance rate being around 10% (Roberts and Lall, 2019). As discussed in Yu (2020), because of the large number of applicants, founders may not get feedback on why their applications were rejected. Nonetheless, knowledge of the factors that drive the decisions of accelerators may be of interest to firm founders, policy makers and other stakeholders of the startup ecosystem. 
[bookmark: _Hlk51000643]The data employed in our study come from the Entrepreneurship Database Programme (EDP) at Emory University, supported by the Global Accelerator Learning Initiative (GALI). In addition to details about the new venture, the dataset includes information about the nationality of the founders. Following earlier studies on board characteristics of listed companies, we use founders’ country of birth to assign   country-level values, specifically Hofstede’s (1980) national culture dimensions. Subsequently, we construct a diversity measure by calculating the average cultural distance between founding members. In the first stage of our analysis, we examine whether and how this firm-specific diversity metric influences the probability of admission into an accelerator programme. The results show that diversity is positively associated with the probability of being selected. This finding is robust across various specifications and robustness tests. In the second stage, we examine whether and how cultural diversity interacts with other potential signals about the human capital and characteristics of the founding team. Our results show that these characteristics not only have individual effects on the probability of admission but also exhibit significant interaction effects.

2. Background discussion
2.1. Accelerator programmes and the selection process 
2.1.1. Impact-oriented Accelerators
The history of accelerators dates back to 2005, with the launch of the Y Combinator, while the popularity of this organisational form was enhanced by well-known participants such as Dropbox, Reddit, and Airbnb (Yu, 2020). In general, one may distinguish between the following three different types of accelerators: (i) private seed accelerators, (ii) corporate accelerators, (iii) impact-oriented accelerators. 
The last type of accelerators, the impact-oriented ones, which is the focus of the present study, have received limited attention in the existing literature. We still know too little about many aspects surrounding their operations, including who is selected to participate into these programmes (Roberts and Lall, 2019; Yang et al., 2020). This is surprising, for at least two reasons outlined in Lall et al. (2020). First, it is widely believed that impact-oriented entrepreneurship is critical for widespread economic development. Second, accelerators view selection as a key component of their models. 
[bookmark: _Hlk181022758][bookmark: _Hlk182252410]One underlying difference, compared to the other two types of accelerators, is that the impact-oriented accelerators admit new ventures that seek some combination of financial returns and societal impact. This societal impact is broadly defined. For example, some of the impact objectives most frequently cited by ventures in the EDP/GALI database are employment generation, income or productivity growth, and community development. Others are typical entrepreneurs whose ventures’ impacts are needed in marginalised regions and sectors. As discussed in Roberts and Lall (2019), roughly 60% of the impact accelerators in the EDP/GALI database focus on a particular sector or set of sectors, with the most common sectors being: (i) healthcare and life sciences, (ii) agriculture and food, and (iii) information and communication technology. It should be noted that the interest in social and environmental issues does not mean that ventures are non-profit. As outlined in Roberts and Lall (2019), 79% of the ventures in the EDP/GALI database are for-profit companies, with the remaining 21% being a mix of non-profit or hybrid ones.
Additionally, social impact accelerators differ in terms of funding structures and sources, as they have greater reliance on philanthropic funders. Although they are less likely than impact-agnostic accelerators to provide direct funding, still one in two provide some kind of equity investment, grants, quasi-equity instruments, or debt.  

2.1.2. Selection criteria and the importance of founding team
Roberts and Lall (2019) point out that conversations with accelerator programme managers and publicly-espoused preferences reveal that accelerators consider a mix of both objective criteria (positive revenues, own intellectual property, etc.) and intangible factors (entrepreneurship passion, leadership, etc.). Lall et al. (2020) distinguish between generic observable criteria and idiosyncratic selection practices. Leatherbee and Gonzalez-Uribe (2018) also discuss that, for the process of identification and selection of future performance to be effective, it must somehow recognise the potential of entrepreneurs to discover a high-potential opportunity.
[bookmark: _Hlk182252621]Empirical research in the field is still limited. In more detail, Yang et al. (2020) show that: (i) social impact accelerators are more likely to accept startups that signal their economic and social credibility, as these are reflected in prior equity investment and prior philanthropic investment, respectively, and (ii) the impact of these signals differs by the lead founder’s gender. The estimations in Lall et al. (2020) also reveal that the likelihood of participating in a programme depends primarily on the business model, having a social media page, debt sources, and founders with a graduate degree. Finally, Assenova (2021) finds that national-level institutional reforms that reduced the barriers to entry, growth, and exit for new firms decrease the startups’ average probability of being admitted into accelerators. 
Another aspect that appears to be particularly relevant in our context is that the venture team appears to be an important factor in the selection process, as discussed in Pauwels et al. (2016) and Roberts and Lall (2019). They both provide examples illustrating that there is a preference for multi-founders’ ventures, and that accelerators are trying to assess the personality, energy and passion of the entrepreneurs, along with the “culture fit” and the founding team cohesion. The underlying reason is that the business idea can change entirely in the early years, and even an incredible idea is not going to succeed without the appropriate team (Roberts and Lall, 2019). Along the same lines, Lall et al. (2020) highlight that the specifics describing each accelerator’s selection process may vary; however, most of them focus on characteristics of the venture and its founding team. It should be noted here that, despite the limited evidence in the case of accelerators, the importance of the founding team has been highlighted before in the literature of entrepreneurial financing decisions, like in the case of business angels and venture capitalists (Mason and Stark, 2004; Sudek, 2006), with many of them revealing that the team is even more important than the product or the industry (MacMillan et al., 1985; Muzyka et al., 1996).  
Within this context, we assume that national culture can serve as a proxy for the values and behaviour of the venture founders. Whilst it is difficult to observe ex-post the behaviour of a given founder or team of founders, their cultural background might provide useful pieces of information. Being part of society, business managers and leaders share the same beliefs and values, and they must adhere to them. Therefore, it is not surprising that the literature suggests that differences in managerial and leadership beliefs, values, styles and behaviour reflect societal cultural differences (Shaw, 1990; House et al., 2004). 

2.2. The signalling role of cultural diversity
In the preceding section, we established the importance of the founding team, not only for the new venture, but also for its potential selection in acceleration programmes. In the discussion that follows, we refer to the role of cultural diversity as a potential signal, and we develop our hypothesis. 
Drawing on signalling theory, we hypothesise that the cultural diversity of the founders’ team can serve as a signal of the ventures’ potential, therefore providing the basis for a more informed decision by accelerators. In general, signalling theory (Spence, 1973) is applicable in cases where one party (individual or corporation) may communicate information to another, through a signal, to reduce information asymmetry. Therefore, it has become very popular in the entrepreneurial financing literature, where information asymmetries constitute an important issue. 
In more detail, new ventures have limited or no track records of revenues and profits, they do not have well-established networks like public firms, they often possess assets that are knowledge-based and intangible, and thus they face challenges to prove their legitimacy, managerial capacity, and prospects for the future (Audretsch et al., 2012; Plummer et al., 2015; Ko and McKelvie, 2018; Yang et al., 2020). For example, Lee and Huang (2018) emphasise the role of information that might be unrelated to the objective quality of a business, and the lack of “hard” information, mentioning that: “Evaluations of early-stage ventures frequently lack objective, “hard” venture information; contexts such as business plan reviews, pitch competitions, and informal meetings provide limited evidence on financial performance or proven products (MacMillan et al. 1985). Evaluators consequently rely heavily on subjective interpersonal signals and cues and form narratives about how a founder might achieve success in the founder’s venture (Martens et al. 2007). In such assessments, evaluations may be influenced by information unrelated to the objective quality of a business, including […] or observed characteristics of entrepreneurs, such as gender and attractiveness (Brooks et al. 2014)” (p. 2). Thus, external stakeholders have an informational disadvantage, and the underlying idea is that new ventures can reduce uncertainty for investors and decision makers by signalling their potential value through venture attributes (Audretsch et al., 2012; Plummer et al., 2015; Ko and McKelvie, 2018; Yang et al., 2020). 
[bookmark: _Hlk211444308][bookmark: _Hlk54525597]The management and organizational behavioural literature have devoted a lot of attention to workgroup diversity and its positive and negative effects on various issues such as decision-making, cooperation, performance, etc. (Williams and O’Reilly, 1998; van Knippenberg and Schippers, 2007; Bezrukova et al., 2009; Roberson, 2019). Along the same lines, a related strand of the literature has examined the role of diversity among founders of new ventures, focusing on issues like team effectiveness, sales performance and evaluation by third parties (Klotz et al., 2014; Sundermeier and Mahlert, 2023). Building on these strands of the literature, we assume that there are numerous reasons for which the cultural diversity of the founding team could serve as a signal of the team’s potential, eventually influencing the decision of accelerators. The literature suggests that national culture influences various behavioural aspects of entrepreneurs and firm founders, including risk-taking and proactiveness (Kreiser et al., 2010), growth aspirations (Autio et al., 2013), overconfidence (Cieślik et al., 2018), entrepreneurs’ opportunity exploitation decision (Liu et al., 2019), entrepreneurs’ goals for value creation (Hechavarrıa et al., 2017), and entrepreneurial intentions (Schlaegel et al., 2013). Along the same lines, in their review of the literature, Hayton et al. (2002) refer to differences in entrepreneurial cognitive scripts (Mitchell et al., 2000), motives (Scheinberg and MacMillan, 1988), and internal locus of control (Mueller and Thomas, 2000) across cultures. Hence, bringing together people from different cultures in the founding team would result in different views, values, and practices. At the same time, many studies suggest that cultural diversity engenders information elaboration, offering a wide range of knowledge, perspectives and experiences with different institutional environments (Nederveen Pieterse et al., 2013; Nielsen and Nielsen, 2013; Frijns et al., 2016). Thus, as discussed in the literature, the presence of people with different points of view ensures the consideration of a larger set of problems and alternative potential solutions (Bantel and Jackson, 1989). 
[bookmark: _Hlk181953933]Therefore, nationally diverse teams might be better at solving complex tasks and arriving at more innovative solutions (Umans, 2009; Nielsen and Nielsen, 2013 and references therein). Considering that, in the case of new ventures, many problems will be novel, and will require creative thinking, we would expect that a diverse team would serve as a positive signal. Additionally, impact-oriented entrepreneurs try not only to create high-quality jobs and reliable incomes, but also to develop innovative, market-based solutions to address major social challenges, like the lack of access to energy, education, or healthcare (Roberts and Lall, 2019). Within this context, they must meet both financial and social or environmental targets, which creates an additional difficulty as they must balance the values of various stakeholders. Duchek et al. (2020) highlight that diversity in the top management team allows for better environmental scanning and perception of complex environments. Hence, different views originating from different cultures within the founding team, along with superior ability to act in complex environments could be seen as an asset from the perspective of the accelerators’ decision makers. All these positive attributes and the superior ability of culturally diverse founding teams should translate in better future performance for the new venture. This would also be in line with findings about the positive impact of cultural diversity of the board of directors on the performance of listed firms across various dimensions like social and environmental performance, financial performance, innovation and sales growth. In this regard, we link cultural diversity of the founding team to signalling theory in as much as signalling theory reflects the signal receivers' perceived belief that there is a link between cultural diversity and future performance of the new venture. Therefore, we formulate our first hypothesis as follows: 

H1a: The cultural diversity of the founding team can serve as a positive signal that will enhance the likelihood of admission into an acceleration programme 

[bookmark: _Hlk54525695]However, some general patterns in the signalling literature imply that cultural diversity may not necessarily have a positive effect on the decision of accelerators, as hypothesised above. In more detail, while the literature generally refers to intentional communication, parties may also send signals without being aware they are signalling (Spence, 1973, 2002; Connelly et al., 2011). Additionally, signals are not necessarily positive, but they can be negative as well (Fischer and Reuber, 2007; Jain et al., 2008). Therefore, as discussed in Connelly et al. (2011), some actions of insiders may communicate negative information about organisational attributes. As they explain, insiders do not generally send these negative signals to outsiders with a view toward reducing information asymmetry; however, this is often an unintended consequence of the insider’s action. In our context, the decision to add a founder with a different cultural background could eventually serve as a(n) (unintentional) negative signal, if the accelerators were to hold the view that, instead of having positive implications, the cultural diversity of the founding team could result in drawbacks. This could be the case because of different norms, priorities, perceptions, and assumptions about future events and beliefs, introducing barriers to communication and collaboration between the members of multicultural teams (Nederveen Pieterse et al., 2013; Jang, 2017), resulting in decreased communication, conflicts and inefficiencies in the decision-making process of the founding team (Bantel and Jackson, 1989; Giannetti and Zhao, 2019). This leads to the following hypothesis: 

H1b: The cultural diversity of the founding team can serve as a negative signal that will decrease the likelihood of admission into an acceleration programme.

2.3. The moderating role of other signals about the founding team 
Research on organisational signalling has traditionally focused on the effect of individual signals on the decision-making of external parties (Hsu and Ziedonis, 2013). However, more recent studies suggest that corporations may send multiple signals (Courtney et al., 2017; Drover et al., 2018; Steigenberger and Wilhelm, 2018; Kulkarni et al., 2024). As discussed in the reviews of Colombo (2021) and Bafera and Kleinert (2023), multiple signals may complement one another, yet when they are inconsistent, or provide overlapping information, they may also conflict with one another. In the discussion that follows, we outline whether and how other signals of human capital quality and other demographic characteristics of the founding team can interact with cultural diversity in shaping the admission decision of accelerators. 
In terms of human capital, the two most frequently discussed and explored characteristics in the literature are possibly education and prior experience (Franke et al., 2008; Barbi and Mattioli, 2019). Demographic characteristics, often considered in the literature, are age, gender and ethnicity (Nasra and Oliver, 2024). According to Beckman et al. (2007) demographic arguments differ from human capital ones in that demography theorises about team composition and diversity in addition to the existence of any particular experience. However, this distinction is not universally accepted. For example, Barbi and Mattioli (2019) mention that the gender composition of the entrepreneurial team may be broadly included in the characteristics of human capital, which is consistent with the approach of Assenova (2021), who considers it as an indicator of human capital in her empirical analysis.
[bookmark: _Hlk211426786]The use of education as a signal goes back to the seminal work of Spence (1973) about the job market. In general, more educated individuals are supposed to have greater knowledge and higher skills necessary for a venture’s survival and performance (Barbi and Mattioli, 2019). Additionally, education signals the capacity to commit to a purpose and the acquisition of soft skills (D’Agostino et al., 2024). Most studies show that education is positively associated with the likelihood of receiving venture capital investments (Engel and Keilbach, 2007) and equity from business angels (Pierrakis and Owen, 2022), as well as the outcomes of crowdfunding campaigns (Barbi and Mattioli, 2019; Coakley et al., 2022). Ko and McKelvie (2018) emphasise that founders’ educational background has an important effect in venture financing, not only in the first-round (when ventures lack performance track records), but also in subsequent stages. Along the same lines, Lall et al. (2020) find that having founders with a graduate degree enhances the probability of acceptance in impact-oriented accelerator programmes. Consistent with these studies we expect the education of the founders to have a positive effect on the admission decision of accelerators. Culture and education may interact in complex ways. For example, Schueth and O’Loughlin (2008) find that a higher level of education is associated with a greater likelihood of cosmopolitan culture identification, i.e., a sense of belonging to ‘‘the world as a whole”. As it concerns, the impact of the interaction of the founding team’s education with its cultural diversity on the accelerators’ decisions, we hypothesise that education can either magnify or mitigate the effect of cultural diversity. On the one hand, should the admission teams of the accelerators hold a positive view about cultural diversity (consistent with Hypothesis H1a), the additional positive information from the signal about education will play a complementary role and result in a joint effect of higher magnitude. On the other hand, if the view about cultural diversity is negative (consistent with Hypothesis H1b), the positive signal about education could mitigate the negative effect of the signal about cultural diversity. Therefore, we formulate two alternative hypotheses as follows:

H2a: The education of the founding team will magnify the positive effect of the cultural diversity of the founding team on the likelihood of admission into an acceleration programme 

H2b: The education of the founding team will mitigate the negative effect of the cultural diversity of the founding team on the likelihood of admission into an acceleration programme 

[bookmark: _Hlk181784061]Prior start-up experience, or else prior founding experience, of the founding team is being regarded as another important signal. The literature suggests that prior founding and entrepreneurial experience increase the likelihood of VC funding (Hsu, 2007) and success in equity crowdfunding (Piva and Rossi-Lamastra, 2018). Furthermore, Solodoha and Rosenzweig (2023) highlight the role of founding experience in signalling angels. Bengtsson (2013) finds that one in three serial founders enters into a repeated relationship with any previous VC firm, and Ko and McKelvie (2018) conclude that founders’ founding experience is one of the two characteristics with the greatest effect on acquiring first-round financing. Turning to the limited evidence in the case of accelerators, Roberts and Lalls (2019) mention that accelerators value teams with some prior founding experience; however, the results of Yang et al. (2020) imply that prior entrepreneurial experience does not have a statistically significant effect on the probability of selection by accelerators. Various reasons in the literature explain this overall positive view about prior founding experience and its usefulness as a signal that transmits valuable information to third parties. For example, entrepreneurs without prior founding experience may face difficulties in both actual new venture development ability and perceived ability (Hsu, 2007), while experienced entrepreneurs have been associated with the ability to recognise new business opportunities (Baron and Ensley, 2006) and larger professional networks that can be leveraged for partnerships and business development (Boerner et al., 2025). As discussed in Delmar and Shane (2006), experience helps entrepreneurs to overcome liabilities of newness and improve the performance of their new ventures because of learning curves. That is, the more that entrepreneurs launch firms, the better they become at organising firms, hiring employees, acquiring resources, attracting customers and suppliers. Based on a reasoning similar to the case of education, we formulate our next two hypotheses as follows:

H3a: The prior founding experience of the founding team will magnify the positive effect of the cultural diversity of the founding team on the likelihood of admission into an acceleration programme 

H3b: The prior founding experience of the founding team will mitigate the negative effect of the cultural diversity of the founding team on the likelihood of admission into an acceleration programme 

The age of entrepreneurs and corporate directors of new ventures has been negatively associated with deal valuations in the case of angel investors (Boerner et al., 2025), the probability of success in equity crowdfunding campaigns (Ralcheva and Roosenboom, 2020) and selection by venture capitalists (Lyonnet and Stern, 2022). While some perceive the age of the founders as a broad proxy for general experience (Ewens et al., 2018; Coakley et al., 2022), insights from decision heuristics and social perception theory suggest that decision makers may discriminate amongst the applicants based on age stereotypes about entrepreneurs (Nelson, 2005; Boerner et al., 2025). Boerner et al. (2025) summarise several reasons suggested in the literature as for why angel investors, and by extension other decision makers in the entrepreneurial ecosystem, may favour younger entrepreneurs. These include higher levels of motivation, productivity and persistence, willingness to learn as well as to accept risks, higher energy and resilience, longer time horizon to invest in the growth and success of their venture, and ability to work long hours involved with early-stage entrepreneurship. Ewens et al. (2018) put forward another possible explanation in their discussion of the venture capitalists’ investment strategy. They mention that younger and more inexperienced founders, who have a technology that holds a lot of promise but are not experienced at running a company, need mentorship and governance more than the experienced entrepreneurs. Boulton et al. (2019) make a similar argument for angel investors, mentioning that, in cases where they place a high value on their role as mentors, they may favour ventures with younger entrepreneurs. Given that ventures applying to accelerators are at a much earlier stage of their life than those applying for funding to venture capital firms or business angels, we believe that this issue will be even more important in our context. Following the reasoning for education and founding experience, we formulate the following hypotheses:

H4a: Having a team with younger founders will magnify the positive effect of the cultural diversity of the founding team on the likelihood of admission into an acceleration programme 

H4b: Having a team with younger founders will mitigate the negative effect of the cultural diversity of the founding team on the likelihood of admission into an acceleration programme 

Earlier research on venture capitalists shows that investments in women-led businesses is small (Greene et al., 2001; Guzman and Kacperczyk, 2019), and that women start their firms with a smaller amount of startup capital than men (Verheul and Thurik, 2001). Angel investors also offer lower deal valuations to teams of female entrepreneurs (Boerner et al, 2025). However, more recent research reveals that this is not necessarily the case when looking at financing from crowdfunding and the acceptance rates of accelerators.  For instance, Greenberg and Mollick (2015) and Gafni et al. (2021) find that women outperform their male counterparts and are more likely to succeed in a crowdfunding campaign. Turning to accelerators, Avnimelech and Rechter (2023) mention that female founders’ participation rate in Israeli accelerators is significantly higher (15.3 %) than their participation rate in the Israeli start-up sector (7.4 %).  Yang et al. (2020) conclude that social impact accelerators appear to select social startups with female entrepreneurs at a higher rate than those with male entrepreneurs; however, there still appears to be a gender bias toward women. In more detail, they find that the selection probabilities increase for both men and women who send economic (i.e. received equity investment in the past) and social (i.e. received philanthropic investment in the past) signals that are congruent with their gender (i.e. men sending economic signals or women sending social signals). However, when those signals are incongruent with the entrepreneur's gender, the selection probabilities increase only for men, while those for women decrease below those of women who send no signals at all. 
We hypothesise that the joint effect of cultural diversity and gender diversity of the founding team will depend upon the perceptions of accelerators about diversity. Should they have a positive (negative) view about team diversity, it is possible that gender diversity will amplify the positive (negative) effects of cultural diversity. Therefore, we formulate our last hypothesis as follows:

H5: Higher gender diversity in terms of females in the founding team will amplify the effect of the cultural diversity of the founding team on the likelihood of admission into an acceleration programme 

3. Data, Variables and Methodology
3.1. Data
As mentioned earlier, the venture-level data were provided by the EDP at Emory University, which is part of the GALI. Between 2013 and 2019, the EDP partnered with accelerators from various countries around the world to collect standardised data based on a set of core questions that every participating accelerator programme asked in its application process. 
[bookmark: _Hlk206607780]The dataset that was made available to us includes application data collected from accelerator programmes that accepted applications in the 2013-2018 window. The initial dataset includes 14,313 ventures for which we have information on whether they have been selected in a programme or not, and we narrow this down to 11,023 ventures for which we have data on the country of origin for all founders. This information is necessary to calculate the diversity proxies of main interest to this study. As the proxies are not available for all countries, this narrows our sample down to 9,988 ventures for which we have available cultural data to proxy diversity. Following the addition of all the explanatory variables in the baseline model, the data set is further narrowed down to 9,273 ventures. These ventures operate in 106 countries and filled an application to any partner accelerator programme during the period 2013-2018. Panel A in Table A1 in the Appendix provides the distribution of the applications of the new ventures and the acceptance rate, based on the country of the ventures’ headquarters. Approximately 21% of applications are from new ventures headquartered in the USA, followed by Mexico (14%), India (13%), Kenya (9%), Chile (7%), and Brazil (5%). Panel B presents similar information for the accelerators; however, in the absence of information about the exact country of the accelerators we present this info grouped by geographical region. Based on the applications that they received, around 41% of the accelerators for which we have information about their region are from Latin America & Caribbean, followed by North America (26%), Sub-Saharan Africa (19%), South Asia (10%), and other regions (4%).
The data for the construction of the cultural diversity measure stems from Hofstede Insights. Data for the country-level control variables are obtained from various databases. Information about GDP growth rate (%) and inflation rate comes from the World Development Indicators of the World Bank, whilst information on institutional development comes from the ‘Worldwide Governance Indicators’ project of the World Bank. The regional categorisation is based on information from the Global State of Democracy Indices Codebook (Tufis, 2018).



3.2. Variables
3.2.1. Dependent variable
The dependent variable (‘Selected’) is binary and takes the value of ‘1’ if an enterprise has been successfully selected for an accelerator programme, and ‘0’ otherwise.

3.2.2. Cultural Diversity
The main explanatory variable of interest is a proxy that measures diversity (‘Diversity’) in the cultural values of a venture’s founders. Following, Frijns et al. (2016), we rely on the following four dimensions of culture identified by Hofstede: power distance, uncertainty avoidance, individualism, masculinity. Given that these cultural dimensions are well known in the literature, we do not discuss them in detail here. However, a brief discussion of these cultural dimensions and how they could influence individual behaviour and managerial decisions is available in section I of the online appendix. 
To construct the cultural diversity indicator of the founding members, we work as follows. Initially, we collect information from the EDP application survey which asks applicants to identify the top three members of their founding teams, and provide some basic information, like their age, gender, country of birth, etc. Then, we use the country of birth to assign the values of national culture to each of the identified founders. As discussed in Frijns et al. (2016), an alternative would be to use the country of residence instead of the country of birth. However, as they point out, nationality (in our case, country of birth) reflects a person’s cultural values and norms more accurately than the country of residence. For example, when referring to the culture as a means of mental software, Hofstede et al. (2010, pp.4-5) highlight that “Every person carries within him or herself patterns of thinking, feeling and potential acting that were learned throughout the person’s lifetime. Much of it was acquired in early childhood, because at that time a person is more susceptible to learning and assimilating. As soon as certain patterns of thinking, feeling, and acting have established themselves within a person’s mind, he or she must unlearn these patterns before being able to learn something different, and unlearning is more difficult than learning for the first time”. Therefore, our approach is similar to that of Frijns et al. (2016), who use the nationality of the board of directors in the case of UK-listed firms, and Nguyen et al. (2018), who consider the cultural values that prevail in the country of the US CEO’s ancestors. Next, as in the study of Kogut and Singh (1988), for each venture , the cultural distance (CD) between each pair of founders  is measured as:



where is the venture-specific set of the  founders of venture ,  is the cultural value of director  in venture  according to the cultural dimension  and, similarly,  regards director .  is the in-sample variance of the cultural dimension . Note that the latter is not venture-specific. Moreover, the variance is calculated according to the unique set of countries (i.e. each country appearing once). Understandably, as cultural distance is considering the Hofstede framework, the cultural dimensions included are those four defined in this section; hence, . 
Finally, following Frijns et al. (2016), we use the computed cultural distance scores (CD), to estimate the venture-level cultural diversity (‘’) of the founders as the average of cultural distances in all pairs of founding members, i.e.:


3.2.3. Other indicators of founding teams’ human capital and demographic characteristics
As discussed in section 2.3., additional characteristics of the founding team can play a role in the decision of accelerators, either on an individual basis or in combination with the information about cultural diversity. Therefore, we account for the: (i) prior founding experience of the founding team, (ii) education of the founding team (iii) average age of the founders, (iv) gender diversity of the founding team.
To capture prior founding experience of the founding team we consider the answer to the following question: “How many new organizations did each founder start before launching this venture?”. Our indicator at the founding team level is the average number of new organisations launched in the past across all founders of each venture.  
To capture the level of education of each founding team, we consider the information provided about the “Highest Level of Education Completed” of each founder by the applicants. Initially, we differentiate between undergraduate (Bachelor’s degree), postgraduate (Master’s/Graduate degree) and doctoral (PhD) studies, similarly to Herrmann and Datta (2005). Then, as in Papadimitri et al. (2020), we assign points similar to increasing constants, in a cumulative manner, for each level of studies as follows: founders are assigned 1 point if they have an undergraduate degree, +2 points on top of that for a postgraduate, and +3 more points for a doctoral degree. The average of all founders’ score is computed to serve as a proxy for education across all founding members.
	To account for the potential signal transmitted through the age of the founders we calculate the founding team’s average age, as in Lall et al. (2020). Finally, we account for gender diversity by expressing the number of female founders as a percentage of the total number of the (up to three) identified founders for which we have information about their gender. 

3.2.4. Other Control Variables
To account for additional effects that might impact the accelerators’ selection decision we include control variables for: venture-level attributes and characteristics of the country of operations. 
In particular, the venture-level control variables that we consider are:  (i) the natural logarithm of the years for which the venture is active, (ii) the natural logarithm of the venture’s revenues in the previous year, (iii) a dummy for the ventures that are non-for-profit, (iv) a dummy variable that takes the value of ‘1’ in cases where the applicant explicitly stated that the start-up has social motives, (v) a dummy denoting whether the venture’s model is invention-based or not, (vi) an ‘intellectual property’ dummy variable that takes the value of ‘1’ when a venture has patents, copyrights, or trademarks, and the value of ‘0’ otherwise, (vii) the logarithm of the equity investments received from outside sources between the founding date and the time of the application, (viii) a dummy variable denoting whether the founding team has prior experience with accelerator programmes. Further discussion of these control-variables and justification for their inclusion in the regressions is available in Section III of the online appendix. 
As for the country-level controls, we include: (i) GDP growth rate to capture the demand side of economic opportunities that encourage entrepreneurship (Thai and Turkina, 2014), (ii) inflation to capture monetary instability in the country of operations, (iii) an index of institutional development, based on indicators from the Worldwide Governance Indicators (Kaufmann et al., 2011),  to capture heterogeneity across countries that stems from institutional quality.
Table 1 provides the descriptive statistics of the above variables. A description of the variables and Pearson’s correlation coefficients are available in Tables A.2 and A.3. in the online appendix.

 [INSERT TABLE 1 ABOUT HERE]

3.3. Methodology
Given the binary nature of the dependent variable, a logistic regression of the following form is fitted:
(3.3.1)






Being a logistic regression,  denotes the logistic cumulative distribution function which maps the linear predictor to the probability of being selected with F(x)=exp(x)/{1+exp(x)}. As our data structure is hierarchical in nature, with the ventures (level 1) nested in the accelerator programmes (level 2), following Yang et al. (2020), we adopt a multilevel model, one of its most important benefits to our sample structure being the usefulness of modelling intra-cluster correlation. Hence, eq. (3.3.1) is estimated via means of a Generalised Linear Mixed Model (GLMM). 
Index  denotes firms,  refers to countries, and  denotes the time dimension. ‘Select’ is the dependent variable as described in Section 3.2. Turning to the explanatory variables, ‘Diversity’ is the main variable of interest in this study (see Section 3.2 for a description); ‘Team’ is a vector of co-variates that accounts for other characteristics of the founding team related to its human capital and demographics, ‘Venture’ is a vector of co-variates that controls for other venture-level attributes, and ‘Country’ contains country-related attributes as detailed in the previous section. Additionally, all regressions include time (‘Year’) and industry (‘Sector’) dummies to capture the temporal (year of application) and sectoral heterogeneity (sector in which the venture operates), as well as programme-specific (‘Programme’) attributes that may have been important during each partner accelerator call. ‘Region’ refers to a set of dummy variables that captures heterogeneity stemming from the wider geographical regions in which the ventures are based, distinguishing between: (i) Africa (omitted group dummy captured by the constant), (ii) Asia & the Pacific, (iii) Europe, (iv) Latin America & the Caribbean, (v) Middle East & Iran, (vi) North America. The purpose of the regional dummies is to account for unobserved characteristics that are common within certain regions and have not been adequately captured by the control variables that we use. These could, for example, include some characteristics of the financial markets, institutions (formal or informal), and macroeconomic conditions that we fail to capture with the variables outlined in Table 1 (GDP growth rate, inflation, institutional development index). Given that these regional variables can also capture cultural and other informal institutions, their inclusion imposes a strong test for our main variable of interest, in examining whether venture-level diversity in terms of the founders’ national culture plays a role in explaining admission into accelerator programmes.  
Finally, to account for the variation in the number of founders, all the regressions also include the following dummy variables: (i) a dummy taking the value of ‘1’ if there are two founders in the venture, and (ii) another dummy taking the value of ‘1’ if there are three founders in the venture. Single-founder ventures (dummy of which is omitted) are captured by the constant. This setting captures variation that could explain information about the level of diversity, and in particular why it could be higher or lower than expected due to intrinsic reasons attributed to the size of the venture founders. For instance, a zero-diversity score in a single-founder venture shall naturally be expected, as opposed to a venture of three founding members. In additional robustness analysis, we condition our sample to multi-founder ventures only. However, we choose not to make this our baseline setting as we would wittingly create sample bias and reduce the pool-ability of our sample at the same time by focusing on results that apply to multi-founder settings only.

4. Empirical Results
4.1. Cultural diversity and admission likelihood 
Table 2 contains the results of the baseline model described in Section 3. Column 1 presents a specification that is univariate in nature, including only the cultural diversity measure. In Column 2, we add the characteristics of the venture. In Column 3, we extend the specification of Column 2 by adding the characteristics of the founding team. Finally, in Column 4, we present the most comprehensive specification that includes all the previous variables and the country-level controls (macroeconomic and institutional development). Note that, to facilitate the interpretation of log-odds coefficients accompanying logistic models by default, the coefficients are converted into odds ratios (i.e. ) and standard errors are accordingly reported using the delta method (i.e.  x standard error). 
The results in Table 2 show that the cultural diversity amongst a venture’s founders has a positive and statistically significant association with the probability of being selected into an accelerator programme. This finding holds when we control for a variety of team-level, venture-level and country-level attributes as well as other fixed effects (regional, industry, etc.). In particular, taking into account the comprehensive baseline model (Column 4), for every single unit of increase in the diversity index, the odds of a venture being selected increase by 1.090, ceteris paribus. To put this into context, the cultural diversity index in our sample takes values between 0 and 5.49. For two ventures with these values, all else equal, the most culturally diverse venture in our sample is 5.98 () times more likely to be selected compared to any other non-culturally diverse venture. Thus, our results support Hypothesis 1a, indicating that the cultural diversity of the founders serves as a positive signal that communicates the potential of a diverse team across a range of capabilities, and in turn affects the decisions of accelerators. These capabilities may include, among others, better environmental scanning and perception of complex environments, better perceptions of trends and risks, better recognition of special customer wishes and market developments, higher ability to prepare for unexpected events, consideration of a larger set of potential solutions, and the ability to arrive at more innovative solutions (Bantel and Jackson, 1989; Umans, 2009; Nielsen and Nielsen, 2013; Duchek et al., 2020). 
	
 [INSERT TABLE 2 ABOUT HERE]

As it concerns the other indicators of the founding team’s human capital and demographic characteristics, the results in Column 3 show that, consistent with our expectations, the education of the founding team is positively associated, and the average age is negatively associated with the admission likelihood. Furthermore, higher proportion of female founders enhances the probability of admission. The only human capital characteristic that does not have a statistically significant effect is the average prior founding experience of the founding team.
[bookmark: _Hlk181952765]Before proceeding to the examination of the potential interaction between the cultural diversity and the other signals about the founding team’s human capital and demographic characteristics, we conduct various tests to confirm the robustness of the key findings about the role of cultural diversity. We outline these estimations below, and we provide more details and some of the estimations in section IV of the online appendix. 
[bookmark: _Hlk212145769][bookmark: _Hlk181952797]First, we use alternative versions of the cultural diversity index by using: (i) all six indicators of Hofstede or (ii) the cultural indicators from the Global Leadership and Organisational Behaviour Effectiveness (GLOBE) project (House et., 2004). Second, in terms of the size of the founding team, we drop from the analysis the ventures that have: (i) a single founder, and (ii) four or more founders. Third, we account for whether the venture is operating in a developed or developing country. Fourth, we account for the fact that some founders live in a different country than the one they were born in. In all these cases, we continue to find that the cultural diversity of the founders’ team has a positive and statistically significant association with the probability to be admitted into an accelerators’ programme. 
Finally, in terms of methodology, we: (i) estimate a standard (non-hierarchical) logistic regression model, (ii) estimate a linear probability model with the use of OLS, (iii) use country-fixed effects, (iv) cluster the errors at different levels (i.e. accelerator programme, application year, and venture), and (v) use the following three techniques to address potential endogeneity concerns: (a) a Two-Stage Residual Inclusion model, (b) a Probit model with endogenous covariates, and (c) a Two-Stage Least Square model. In the case of the last three techniques, we instrument culture by the agricultural potential of the country and migratory distance from East Africa. To do so, we construct venture-specific indicators of diversity along these two dimensions, based on the country of origin of the founders as we did earlier for the cultural diversity indicator. Then we use these two variables as instruments of cultural diversity. We present these results in Table 3.[footnoteRef:2] Our results hold.  [2:  In the light of the robustness of the results and to conserve space we do not discuss these estimations here in detail. Diagnostics, whenever, confirm the validity of the instrumentation in question in our case. Further discussion and the underlying reason for selecting these instruments is available in the online appendix. ] 


[INSERT TABLE 3 ABOUT HERE]



4.2.  Interactions of cultural diversity with other signals
In the regressions presented in Table 2, we have not included interaction effects. We refrained from doing so in order to examine the effect of cultural diversity and other signals on an individual basis, ceteris paribus. The reason for this is that inclusion of the interaction term alters the standard interpretation of the coefficients of the main variables. For example, in the presence of an interaction term between cultural diversity and the average age of the founders, the effect of cultural diversity is a conditioned coefficient. It reflects the effect of cultural diversity when the value of the indicator for the other signal (i.e. average age) equals zero. Similarly, the coefficient of average age shows the effect of the founder’s average age on the admission likelihood only in the special case that cultural diversity equals zero. Thus, such an approach would not allow us to examine the unconditional effect of the cultural diversity and the remaining signals on an individual basis, while simply controlling for the rest. 
	In the present section, we turn our attention to Hypotheses 2 to 5 and the potential interactions between cultural diversity and the other human capital and demographic characteristics of the founding team, discussed in Section 2.3. Table 4 presents these estimations. The interaction term shows whether the effect of cultural diversity on the admission decision differs across different levels of the other signal (i.e. prior founding experience, education, average age, proportion of females). As in the case of the results in Table 2, to facilitate the interpretation of the estimates, we present the odds ratios. As mentioned above, the odds ratios of the main variables are now conditioned, and in some cases, it makes no sense. For example, we observe that cultural diversity retains its statistical significance; except than in Column 2 where it is interacted with founders’ age. However, in this case, the odds ratio for cultural diversity shows the effect of cultural diversity on the admission likelihood only for the special case where the founders’ age takes the value of 0. As it is not possible to have a venture with founders’ average age equal to 0, this estimate is of no interest to us. 
Hence, as it is usually the case, we concentrate on the interaction term. We observe that, in all cases, the interaction term enters the results with a statistically insignificant coefficient. However, one should be cautious in its interpretation, given the difference between interaction and multiplicative effects (Buis, 2010). Interaction effects in non-linear models are both conceptually and empirically distinct from those in linear ones (Ai and Norton, 2003; Plummer et al., 2016), warranting more analysis to truly decompose the actual effect by using e.g. average marginal effects. In doing so, we are interested in the effect of cultural diversity of the founding team at different values (5th-95th percentiles) of the founders’ characteristics and attributes. To avoid proliferation of tables in the manuscript, the marginal effect tables are included in the appendix. Interestingly, we find no support of hypotheses 2-5 discussed in Section 2, i.e. that all founders’ characteristics and attributes but their age complement the positive (or mitigate the negative) effects of cultural diversity. Instead, we find substitute effects. More specifically, the less gender-diverse, less-educated, less-experienced, and more senior a founding team is, the more cultural diversity increases its chances of being selected by accelerators.

[INSERT TABLE 4 ABOUT HERE]

As a final step in our analysis, we examine whether the interactions of Table 4 are statistically significant under two conditions that could pose additional challenges to new ventures, making multiple signals more valuable. First, we split the sample in two groups based on whether the applicants replied that their venture is invention-based or not. The rationale for this is that the development of innovative, market-based solutions to address major social issues poses high challenges that could require a combination of different human capital characteristics.  Second, we split the sample in developed and developing countries. It is possible that higher levels of uncertainty and information asymmetry in developing markets could translate into accelerators looking for a combination of signals to overcome these challenges. This is consistent with the institutional perspective on signalling theory, which argues that decision-makers do not evaluate signals in isolation, but instead, they do so in the institutional context (Colombo, 2021). Looking into the marginal effects of the interaction term coefficient, we find that there is qualitatively no difference when it comes to invention-based moderation effects. We do find, however, that the moderation effects seem to be applicable only in the case of ventures headquartered in developing countries, as opposed to developed ones. To conserve space, we do not tabulate these regressions; however, they are all available upon request.
[bookmark: baep-author-id1]
5. Discussion
Signalling theory has been used widely to explain the decisions of crowdfunders, business angels, venture capitalists, and investment funds in the case of new ventures’ financing (Busenitz et al., 2005; Ahlers et al., 2015; Alsos et al., 2017; Edelman et al., 2021).  In the present study, we put forward the hypothesis that the formation of multi-cultural founding teams could serve as a signal from applicants to social impact accelerators. However, theory suggests that a signal does not necessarily have a positive effect. It may also have negative consequences if it is an unintentional signal or it may have no effect at all, if it is not clearly communicated or is simply ignored by the decision maker (e.g. accelerator). Thus, this issue warrants empirical investigation. 
The results presented in the previous section provide evidence in favour of a positive association between cultural diversity among the founding team and admission into social impact accelerating programs. Thus, the results provide support to hypothesis H1a. One possible explanation is that cultural diversity can be seen as a signal that communicates the potential of higher capacity of the team at solving complex tasks and coming up with innovative solutions, an ability that is associated with culturally driven differences in perceptions, values, and assumptions about future events, ultimately leading to a greater pool of ideas (Umans, 2009; Nielsen and Nielsen, 2013; Nathan and Lee, 2013; Jones et al., 2020). 
These results have various implications as they provide insights to both the founders of new ventures seeking admission into accelerating programmes, and funders that support the work of social impact accelerators. Entrepreneurs seeking admission into impact-oriented accelerators need to understand the criteria that accelerators utilise to evaluate the applications of early-life ventures Thus, our results have practical implications for new venture founders, because they confirm that cultural diversity can indeed serve as a signal to enhance the admission likelihood. With admission rates at around 10% and limited feedback provided by accelerators, such knowledge could help founders establish an appropriate team and enhance their chances of submitting a successful application. Of course, acceptance into an accelerator programme is not the primary aim of the founders when forming a new venture, and as such they should consider potential costs associated with the cultural diversity of their team.  For example, being selected into an accelerator is neither enough nor necessary condition for being successful in the future, as many successful ventures never went to accelerators. At the same time, as we discuss in more detail in the next section, it is possible that other types of accelerators, or other types of resource providers (venture capitalists and business angels) do not value cultural diversity as much as impact-driven accelerators, and this remains an open question to be addressed in future research. 
At the same time, our results do not imply that other criteria do not matter or that entrepreneurs should add founding members who were born in different countries, rather than those who are experienced, educated, and competent. In fact, our results show that other characteristics of the founding team that relate to its human capital and demographics can serve as important signals and influence the probability of admission. Moreover, our results imply that such signals do not only work independently of cultural diversity, but present a substitution effect, particularly from ventures headquartered in developing countries. 

6. Conclusions
The importance of having a diverse founding team has been emphasised on several occasions in recent years, with the underlying idea being that ventures led by diverse teams leverage a range of perspectives that enable them to achieve their targets in the demanding environment of a globalised economy. 
In the present study, we use a cross-country sample of more than 9,000 startup ventures from over 100 countries, to examine the association between the cultural diversity in the founding team and the likelihood of the admission of startup ventures into impact-oriented acceleration programmes during the period 2013-2018. 
	The results show that cultural diversity has a positive and statistically significant association with the likelihood of being admitted. These results hold while controlling for various characteristics of the founding team, the venture, the country of operations, and other fixed effects for the acceleration programme. Additionally, we show that they hold when addressing potential endogeneity concerns. Finally, we find that additional characteristics of the founding team related to its overall education, average age, and gender diversity play a role in the accelerators’ decision, and these signals interact with the one about the founding team’s cultural diversity.    
	The present study contributes to the literature in various ways. First, we extend the recent and growing literature on impact-oriented accelerators and ventures. There are several reasons for which we focus on this type of accelerators. First, ventures that apply to these programmes usually aim to balance conflicting targets, such as financial, social and environmental ones. This enhances substantially the challenges for the founding team, resulting in an interesting setting for testing our hypothesis. Second, social impact accelerators have been growing at a rapid pace in recent years, and they can become critical components of underdeveloped ecosystems. This is because they support promising, but often marginalised, entrepreneurs who tackle social and environmental challenges, like generating employment, improving incomes for people that currently live in poverty, and producing innovative business models that give underserved people access to essential products and services (Roberts and Lall, 2019). Hence, knowledge of the driving factors behind their decisions is important. Nonetheless, research on social impact accelerators remains scarce, especially when it comes to their decision process.  
	Second, we extend earlier work that relies on signalling theory to explain the decisions of economic agents, like crowdfunding, business angels, VCs, and equity investors, that are part of the startup ecosystem and support new ventures. Our empirical results complement and extend these findings by showing that cultural diversity of the founding team can serve as a signal for the decision makers of the accelerators. 
Third, we contribute to a recent strand of the literature that suggests that new ventures may send multiple signals to third parties, and in particular to the call of Colombo (2020) to consider interaction between different types of signals in future research. Our results confirm that several other characteristics related to the founders’ team, like education, age, prior experience with accelerators and gender diversity have an impact on the decision of accelerators, suggesting that they may serve as potential signals. Yet, while we find no evidence that these signals interact with cultural diversity. 
[bookmark: _Hlk114854740][bookmark: _Hlk211372806]Our study is not without its limitations, primarily due to data constraints. In more detail, the information in the EDP dataset is anonymized and therefore it cannot be matched with venture-specific or accelerator-specific information from other sources. For example, founders’ diversity in terms of specific knowledge may be an important issue since the new venture may face different challenges along various dimensions (technical, financial, commercial, etc.). Unfortunately, such data are not included in the database that was made available to us. While we have controlled for prior founding experience and the level of education, future research could consider the role of specific knowledge stemming either from education or work experience. Similarly, there is no information about the country of the accelerators. Having such information would allow us to consider cultural similarities between the accelerators and the ventures in question. Finally, one may question the exclusive focus on nationality-based cultural differences which overlook within-country cultural variations and individual cultural adaptation. This can be even an even more important for founders with international experience or from multicultural societies. The lack of data on both the exact place of birth (e.g. city, province) of the founders and indicators of globally comparable within-country cultural scores for different sub-regions have not allowed us to examine these issues. As we mention in the Appendix, to partially address such concerns, we undertook some preliminary empirical tests by excluding from the regressions ventures that have one or more founders that reside in a country different than the one of birth, and we also restricted the sample to ventures whose founders - at the time of the application - reside in the country of birth and at the same they have not worked abroad in their last two jobs. We acknowledge these limitations, and we hope that future research will tackle these issues.
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Table 1: Summary statistics



	Variable
	Obs.
	Min
	25th
	Mean
	Median
	75th
	Max
	Std. Dev.

	Dependent variable

	Selected
	9,273
	0
	0
	0.19
	0
	0
	1
	0.39

	 

	Main explanatory variable

	Cultural Diversity
	9,273
	0
	0
	0.29
	0
	0
	5.49
	0.85

	 
	 
	 
	 
	 
	 
	 
	 
	 

	Venture-level control variables

	Years Active
	9,273
	0
	1
	2.16
	1
	3
	18
	2.66

	Revenues in t-1 (in USD)
	9,273
	0
	0
	41,170.29
	0
	13,000.00
	1,614,000.00
	140,149.30

	Non-for-Profit type
	9,273
	0
	0
	0.09
	0
	0
	1
	0.29

	Venture has social motives
	9,273
	0
	1
	0.9
	1
	1
	1
	0.3

	Intellectual Property
	9,273
	0
	0
	0.55
	1
	1
	1
	0.49

	Model invention-based
	9,273
	0
	0
	0.5486
	1
	1
	1
	0.49

	Equity since founded (in USD)
	9,273
	0
	0
	34,323
	0
	0
	1,085,000
	148,715

	Report prior accelerator
	8,369
	0
	0
	0.33
	0
	1
	1
	0.471

	

	Founding team-level control variables

	Prior ventures founded (Average)
	8,369
	0
	0
	0.8
	0.5
	1
	10
	1.09

	Education
	8,369
	0
	0.33
	1.11
	1
	1.66
	5
	0.94

	Average age among founders
	8,369
	21
	28.5
	35.38
	33.5
	40.67
	62
	9.38

	% of Females
	8,369
	0
	 
	0.32
	 
	 
	1
	0.37

	 
	 
	 
	 
	 
	 
	 
	 
	 

	Macro-level controls
	 
	 
	 
	 
	 
	 
	 
	 

	Institutional Index
	576
	-1.57
	-0.54
	0.14
	-0.14
	0.85
	1.86
	0.83

	GDP Growth (%)
	576
	-3.31
	1.93
	3.36
	3.31
	5.01
	8.17
	2.61

	Inflation rate (%)
	576
	-0.52
	1.02
	4.07
	2.82
	5.74
	17.15
	4.25

	Note: All variables’ statistics are based on the conditional sample of the baseline model, i.e. either Column 3 or 4 of Table 2. The only exception is in the macro-level controls, which are obtained using a panel of only country-level data to avoid over-weighting them according to the distribution of countries in those samples. Variables are described in Table A1.
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	(1)
	(2)
	(3)
	(4)

	VARIABLES
	Bivariate
	+ Venture controls
	+ Founding Team controls
	+ Country controls

	 
	 
	 
	 
	 

	Cultural Diversity
	1.098***
	1.106***
	1.088**
	1.090**

	 
	(0.0365)
	(0.0382)
	(0.0380)
	(0.0384)

	Log (Years firm is active)
	 
	1.003
	1.047
	1.049

	 
	 
	(0.0538)
	(0.0595)
	(0.0601)

	Log (Revenues in t-1)
	 
	1.066***
	1.064***
	1.065***

	 
	 
	(0.0080)
	(0.0080)
	(0.0081)

	Non-for-profit type
	 
	0.888
	0.882
	0.871

	 
	 
	(0.1070)
	(0.1080)
	(0.1070)

	Social Motives
	 
	0.949
	0.927
	0.908

	 
	 
	(0.0982)
	(0.0965)
	(0.0960)

	Model invention-based
	 
	1.113*
	1.097
	1.116*

	 
	 
	(0.0725)
	(0.0722)
	(0.0745)

	Intellectual Property
	 
	1.019
	1.018
	1.009

	 
	 
	(0.0654)
	(0.0662)
	(0.0665)

	Log (Equity since founded)
	 
	1.066***
	1.065***
	1.064***

	 
	 
	(0.0078)
	(0.0079)
	(0.0080)

	Reported prior accelerator
	 
	 
	1.261***
	1.260***

	 
	 
	 
	(0.0841)
	(0.0850)

	Founders’ founding experience
	 
	 
	0.943
	0.944

	 
	 
	 
	(0.0641)
	(0.0648)

	Founders’ education
	 
	 
	1.179***
	1.173***

	 
	 
	 
	(0.0481)
	(0.0483)

	Founders’ age
	 
	 
	0.990***
	0.989***

	 
	 
	 
	(0.0037)
	(0.0037)

	% of females in founding team
	 
	 
	1.283***
	1.278***

	 
	 
	 
	(0.1140)
	(0.1140)

	GDP Growth
	 
	 
	 
	1.012

	 
	 
	 
	 
	(0.0323)

	Inflation
	 
	 
	 
	0.957**

	 
	 
	 
	 
	(0.0205)

	Institutional Index (WGI)
	 
	 
	 
	0.908

	 
	 
	 
	 
	(0.0980)

	Constant
	0.209***
	0.143***
	0.147***
	0.204***

	 
	(0.0513)
	(0.0426)
	(0.0477)
	(0.0837)

	 
	 
	 
	 
	 

	Observations
	9,988
	9,273
	8,369
	8,369

	# of Founders Dummies
	YES
	YES
	YES
	YES

	Programme Dummies
	YES
	YES
	YES
	YES

	Sector Dummies
	YES
	YES
	YES
	YES

	Year Dummies
	YES
	YES
	YES
	YES

	Regional Dummies
	YES
	YES
	YES
	YES

	Likelihood Ratio Test (p-value)
	0.000
	0.000
	0.000
	0.000

	Notes: Standard errors in parentheses. Multi-level logit model estimated via generalised linear mixed-effects model (GLMM), where ventures (level 1) are nested within accelerator programmes (level 2). Coefficients are reported as odds ratios (eβ) and standard errors are reported using the delta method (eβ x std. errors). Variables defined in Table A1. *** p<0.01, ** p<0.05, * p<0.1





Table 3 – IV estimation techniques
	 
	(1)
	(2)
	(3)
	

	VARIABLES
	2SRI
	IVPROBIT
	2SLS
	

	Cultural Diversity
	1.094**
	1.325***
	1.091***
	

	 
	(0.0394)
	(0.138)
	(0.0305)
	

	εcultural diversity
	0.711**
	
	
	

	 
	(0.102)
	
	
	

	Log (Years firm is active)
	1.050
	0.996
	1.000
	

	 
	(0.0603)
	(0.0277)
	(0.00733)
	

	Log (Revenues in t-1)
	1.065***
	1.029***
	1.008***
	

	 
	(0.0081)
	(0.00384)
	(0.00102)
	

	Non-for-profit type
	0.862
	0.846
	0.957***
	

	 
	(0.1060)
	(0.1476)
	(0.0132)
	

	Social Motives
	0.906
	0.884
	0.968**
	

	 
	(0.0957)
	(0.0960)
	(0.0140)
	

	Model invention-based
	1.121*
	0.919
	0.976***
	

	 
	(0.0751)
	(0.1093)
	(0.00825)
	

	Intellectual Property
	1.010
	0.957
	0.988
	

	 
	(0.0666)
	(0.0312)
	(0.00847)
	

	Reported prior accelerator
	1.267***
	1.007
	1.000
	

	 
	(0.0873)
	(0.0344)
	(0.00918)
	

	Log (Equity since founded)
	1.064***
	1.018***
	1.005***
	

	 
	(0.0082)
	(0.00400)
	(0.00118)
	

	Founding experience
	0.947
	0.927
	0.980**
	

	 
	(0.0656)
	(0.0703)
	(0.00834)
	

	Founders’ Education
	1.180***
	0.988
	0.995
	

	 
	(0.0542)
	(0.0211)
	(0.00582)
	

	Founders’ age
	0.989***
	0.999
	1.000
	

	 
	(0.0037)
	(0.00181)
	(0.000477)
	

	% of Females
	1.267***
	1.197***
	1.184***
	

	 
	(0.1140)
	(0.0524)
	(0.0491)
	

	GDP Growth
	1.013
	0.999
	1.000
	

	 
	(0.0324)
	(0.0114)
	(0.00266)
	

	Inflation
	0.956**
	0.960***
	0.990***
	

	 
	(0.0207)
	(0.00790)
	(0.00186)
	

	Institutional Index (WGI)
	0.912
	0.899
	0.966***
	

	 
	(0.1010)
	(0.1376)
	(0.0109)
	

	Constant
	0.207***
	0.496***
	1.225***
	

	 
	(0.0856)
	(0.0693)
	(0.0423)
	

	Observations
	8,369
	8,369
	8,369
	

	# of Founders Dummies
	YES
	YES
	YES
	

	Programme Dummies
	YES
	YES
	YES
	

	Sector Dummies
	YES
	YES
	YES
	

	Year Dummies
	YES
	YES
	YES
	

	Regional Dummies
	YES
	YES
	YES
	

	1st stage: F-statistic
	40.67
	
	40.67
	

	Wald Test of Exogeneity (p-value)
	
	0.002
	
	

	Underidentification test (Kleibergen-Paap rk LM; p-value)
	
	
	0.000
	

	Weak identification test (Kleibergen-Paap rk Wald F statistic)
	
	
	97.140
	

	Overidentification test (Hansen’s J; p-value)
	
	
	0.478
	

	1st stage: Instruments
	
	
	
	

	Pre 1500 Max Calories Max
	1.000***
	1.000***
	1.000***
	

	
	(0.000)
	(4.60e-06)
	(0.000)
	

	Migratory Distance from East Africa
	0.994**
	0.989**
	0.994**
	

	 
	(0.0036)
	(0.00454)
	(0.0036)
	 

	Notes: Standard errors in parentheses. Coefficients are reported as odds ratios (eβ) and standard errors are reported using the delta method (eβ x std. errors). Variables defined in Table A1. *** p<0.01, ** p<0.05, * p<0.1
	







Table 4. Interactions of cultural diversity with other signals about founding teams’ human capital and demographic characteristics 
	VARIABLES
	(1)
	(2)
	(3)
	(4)

	Cultural Diversity
	1.092*
	1.148**
	1.070
	1.124**

	
	(0.0541)
	(0.0664)
	(0.1330)
	(0.0522)

	Log (Years firm is active)
	1.049
	1.050
	1.049
	1.048

	
	(0.0601)
	(0.0601)
	(0.0601)
	(0.0600)

	Log (Revenues in t-1)
	1.065***
	1.065***
	1.065***
	1.066***

	
	(0.0081)
	(0.0081)
	(0.0081)
	(0.0081)

	Non-for-profit type
	0.871
	0.871
	0.870
	0.871

	
	(0.1070)
	(0.1070)
	(0.1070)
	(0.1070)

	Social Motives
	0.908
	0.908
	0.908
	0.909

	
	(0.0960)
	(0.0960)
	(0.0960)
	(0.0960)

	Model invention-based
	1.116*
	1.118*
	1.116*
	1.115

	
	(0.0745)
	(0.0746)
	(0.0745)
	(0.0744)

	Intellectual Property
	1.010
	1.009
	1.009
	1.010

	
	(0.0665)
	(0.0664)
	(0.0665)
	(0.0665)

	Log (Equity since founded)
	1.064***
	1.064***
	1.064***
	1.064***

	
	(0.0080)
	(0.0080)
	(0.0080)
	(0.0080)

	Reported prior accelerator
	1.261***
	1.264***
	1.261***
	1.261***

	
	(0.0850)
	(0.0853)
	(0.0851)
	(0.0850)

	Founders’ founding experience
	0.945
	0.943
	0.944
	0.943

	
	(0.0681)
	(0.0647)
	(0.0648)
	(0.0647)

	Founders’ education
	1.173***
	1.194***
	1.173***
	1.172***

	
	(0.0483)
	(0.0526)
	(0.0483)
	(0.0483)

	Founders’ age
	0.989***
	0.989***
	0.989***
	0.989***

	
	(0.0037)
	(0.0037)
	(0.0039)
	(0.0037)

	% of females in founding team
	1.278***
	1.273***
	1.278***
	1.311***

	
	(0.1140)
	(0.1140)
	(0.1140)
	(0.1220)

	Cultural Diversity x Founders’ founding experience
	0.997
	
	
	

	
	(0.0681)
	
	
	

	Cultural Diversity x Founders’ education
	
	0.963
	
	

	
	
	(0.0320)
	
	

	Cultural Diversity x Founders’ age
	
	
	1.001
	

	
	
	
	(0.0033)
	

	Cultural Diversity x % of females in founding team
	
	
	
	0.903

	
	
	
	
	(0.0909)

	GDP Growth
	1.012
	1.012
	1.012
	1.012

	
	(0.0323)
	(0.0324)
	(0.0323)
	(0.0323)

	Inflation
	0.957**
	0.957**
	0.957**
	0.957**

	
	(0.0205)
	(0.0205)
	(0.0205)
	(0.0205)

	Institutional Index (WGI)
	0.908
	0.907
	0.908
	0.908

	
	(0.0980)
	(0.0979)
	(0.0980)
	(0.0980)

	Constant
	0.204***
	0.200***
	0.205***
	0.201***

	
	(0.0837)
	(0.0824)
	(0.0848)
	(0.0827)

	Observations
	8,369
	8,369
	8,369
	8,369

	# of Founders Dummies
	YES
	YES
	YES
	YES

	Programme Dummies
	YES
	YES
	YES
	YES

	Sector Dummies
	YES
	YES
	YES
	YES

	Year Dummies
	YES
	YES
	YES
	YES

	Regional Dummies
	YES
	YES
	YES
	YES

	Notes: Standard errors in parentheses. Multi-level logit model estimated via generalised linear mixed-effects model (GLMM), where ventures (level 1) are nested within accelerator programmes (level 2). Coefficients are reported as odds ratios (eβ) and standard errors are reported using the delta method (eβ x std. errors). Variables defined in Table A1. *** p<0.01, ** p<0.05, * p<0.1





ONLINE APPENDIX - SUPPLEMENTARY MATERIAL

Cultural diversity in new venture founding teams: does it matter for accelerators’ selection decisions?


I. Discussion of national cultural indicators
The four cultural dimensions that we use in the main part of our analysis (i.e. power distance, uncertainty avoidance, individualism, masculinity), were originally developed in the 1970s by Hofstede (1980), whilst the two dimensions that we consider in robustness analysis (i.e. long-term orientation and indulgence) were added in subsequent work (Hofstede and Bond, 1988; Hofstede et al., 2010).[footnoteRef:3] As in Frijns et al. (2016) we focus on the four main indicators because (i) they are the ones used in most studies (Kreiser et al., 2010; Zheng et al., 2012; El Ghoul and Zheng, 2016; Boubakri and Saffar, 2016; Nash and Patel, 2019), (ii) the inclusion of the additional two indicators reduces substantially the number of ventures for which we have cultural information for all six indicators and for all the founders.  Additionally, the fifth and sixth dimension were computed ex post based on different surveys and among a different set of participants, leading to potential inconsistencies (Zheng et al., 2012; Frijns et al., 2016). However, as mentioned earlier, we consider these two additional indicators in robustness tests.  [3:  Despite being estimated in the 1970s the data of Hofstede are still being used in several studies under the assumption that they are stable over time. This is because these values reflect differences between societies that are deeply rooted in history (Beugelsdijk et al., 2015). Hofstede (2011) argues that: (i) it will take 50 to 100 years or dramatic events to witness such cultural changes that will make the dimensions invalid, and (ii) many differences between national cultures at the end of the 20th century were already recognizable in the 1900, 1800, 1700 and possibly earlier.  
] 

The cultural dimension of power distance refers to “the extent to which the less powerful members of institutions and organisations within a country expect and accept that power is distributed unequally” (Hofstede et al., 2010; p. 61). For the construction of the Power Distance Index, Hofstede relied on the answers to the following three survey questions: (i) Are employees afraid to express their disagreement with their managers? (ii) What are the subordinates’ perception of their bosses’ actual decision-making style? and (iii) What do subordinates prefer as their bosses’ decision-making style. Newman and Nollen (1996) mention that power distance in organisations may have implications for the degree of centralisation, formal hierarchy and the amount of participation in decision making in organisations. Furthermore, Kreiser et al. (2010) assert that managers in low power distance cultures will be more forward-looking when implementing corporate strategies, firms will attempt to distinguish themselves from one another aiming to improve their industry standing, and they will enact proactive strategies to exploit opportunities as a means of survival. Given the above, a culture of power distance may have implications not only for the strategic decision and the future performance of the venture, but also for the interpersonal relationships between the founders and their stand towards participative leadership. 
The cultural dimension of uncertainty avoidance refers to “the extent to which the members of a culture feel threatened by ambiguous or unknown situations” (Hofstede et al., 2010; p. 191). For the estimation of the uncertainty avoidance index, Hofstede relied on answers to questions related to job stress, rule orientation, and intention for a long-term career with the same firm. A national culture of uncertainty avoidance has been negatively associated with both firm risk-taking (Kreiser et al., 2010; Li et al., 2013) and proactive firm behaviour (Kreiser et al., 2010). However, as discussed in Hofstede et al. (2010), high uncertainty avoidance does not necessarily mean that people do not take risks. Rather, they accept familiar risks, the ultimate goal being the reduction of ambiguity and unfamiliar risks. Interestingly, Hofstede et al. (2010) also point out that people in uncertainty-avoiding cultures look for structure in their organisations, institutions, and relationships that makes events clearly interpretable and predictable. Along the same lines, Bogatyreva et al. (2019) mention that in societies characterised by strong uncertainty avoidance, the engagement into the entrepreneurial process is expected to induce emotions of action doubt. Therefore, a diversity in these preferences and expectations among the founding members, could have important implications for the venture and the signals that it sends.  
The third dimension of natural culture, known as individualism (versus collectivism), can be defined as follows: “Individualism pertains to societies in which the ties between individuals are loose: everyone is expected to look after him- or herself and his or her immediate family. Collectivism as its opposite pertains to societies in which people from birth onward are integrated into strong, cohesive in-groups, which throughout people’s lifetime continue to protect them in exchange for unquestioning loyalty” (Hofstede et al., 2010; p. 92). This dimension was constructed on the basis of answers to questions related to work goals like having personal time, the freedom to adopt own approach to the job, a challenging work to do, training opportunities, good physical working conditions, and use of skills and abilities on the job. Hofstede et al. (2010) point out various differences between individualistic and collectivistic societies, that could be of interest in our context. For example, persons from an individualistic culture would be expected to act according to their own interests, have individual ownership of resources, and a preference for low-context communication. Furthermore, in an individualist society, the task is supposed to prevail over any personal relationship, whereas the opposite holds in a collectivist society.  On top of these differences, many scholars associate a culture of individualism with managerial overconfidence and attribution bias (Chui et al., 2010; Ferris et al., 2013; Blomkvist et al., 2018). In turn, this may have positive or negative implications, like research and development investments (Shao et al., 2013), patents generation (Chen et al., 2017), corporate investment distortions (Malmendier and Tate, 2005), and lower response to corrective feedback in improving management forecast accuracy (Chen et al., 2015). Therefore, it is natural to assume that having founders coming from an individualistic versus collectivistic society will have implications for the cohesion and efficient operation of the founding team.
The fourth dimension of masculinity versus femininity was formed based on the importance attached to eight work goal items (earnings, recognition, advancement, challenge, manager, cooperation, living area, employment security) in the original survey of Hofstede, with men and women employees scoring consistently differently (Hofstede et al., 2010). At the societal level, Hofstede et al. (2010, p. 140) mention that “A society is called masculine when emotional gender roles are clearly distinct: men are supposed to be assertive, tough, and focused on material success, whereas women are supposed to be more modest, tender, and concerned with the quality of life. A society is called feminine when emotional gender roles overlap: both men and women are supposed to be modest, tender, and concerned with the quality of life”. Therefore, masculinity as a cultural characteristic describes societies that are aggressive, competitive, and more task and performance oriented, in contrast to feminine societies that are relationship oriented, and are based on trust, tolerance and societal interactions (Boubakri and Saffar, 2016). In the business context, managers in masculine societies are driven by performance, they tend to examine the facts individually, reach conclusions on their own, and make decisions based on their personal judgment (Chang and Noorbakhsh, 2009). Furthermore, driven by the high need for achievement, managers in masculine cultures are ambitious and more willing to engage in calculated, business-related risk-taking than other managers, whilst they also value decisive and immediate actions (Kreiser et al., 2010). 





II. Sample, Variable description and correlation coefficients 
Table A1 
Panel A. Applicant ventures’ HQ sample distribution
NB. Data based on baseline model sub-sample. Country names are in accordance with the official name accepted by the United Nations
	Venture's HQ Country
	Applications
Submitted
	Applications
Selected
	Applications
Selected (%)

	United States of America
	1,955
	410
	20.97

	United Mexican States
	1,316
	313
	23.78

	Republic of India
	1,185
	101
	8.52

	Republic of Kenya
	834
	118
	14.15

	Republic of Chile
	639
	114
	17.84

	Federative Republic of Brazil
	508
	73
	14.37

	Federal Republic of Nigeria
	364
	26
	7.14

	Republic of Colombia
	328
	72
	21.95

	Republic of Ecuador
	181
	59
	32.60

	Republic of South Africa
	171
	23
	13.45

	Republic of Indonesia
	112
	24
	21.43

	Republic of Guatemala
	107
	68
	63.55

	United Republic of Tanzania
	105
	16
	15.24

	Republic of Zambia
	101
	30
	29.70

	Federal Democratic Republic of Ethiopia
	92
	18
	19.57

	Australia
	90
	31
	34.44

	Republic of Honduras
	80
	54
	67.50

	Canada
	78
	16
	20.51

	Republic of Uganda
	71
	10
	14.08

	Republic of Ghana
	68
	6
	8.82

	Islamic Republic of Pakistan
	66
	8
	12.12

	United Kingdom of Great Britain and Northern Ireland
	63
	9
	14.29

	Republic of Peru
	61
	8
	13.11

	French Republic
	45
	17
	37.78

	Republic of El Salvador
	43
	28
	65.12

	Republic of Costa Rica
	42
	22
	52.38

	Jamaica
	40
	9
	22.50

	Kingdom of Spain
	31
	2
	6.45

	People's Republic of Bangladesh
	24
	3
	12.50

	Federal Republic of Germany
	24
	15
	62.50

	Republic of the Philippines
	23
	1
	4.35

	Eastern Republic of Uruguay
	21
	6
	28.57

	Italian Republic
	19
	1
	5.26

	Republic of Senegal
	19
	3
	15.79

	Ukraine
	19
	0
	0.00

	Hellenic Republic
	18
	5
	27.78

	Rwandese Republic
	17
	5
	29.41

	Republic of Singapore
	17
	3
	17.65

	State of Israel
	16
	1
	6.25

	Republic of Malawi
	16
	3
	18.75

	Russian Federation
	14
	1
	7.14

	Republic of Turkey
	13
	2
	15.38

	Burkina Faso
	12
	2
	16.67

	Ireland
	11
	2
	18.18

	Malaysia
	11
	1
	9.09

	Swiss Confederation
	11
	1
	9.09

	Kingdom of the Netherlands
	9
	2
	22.22

	Republic of Angola
	9
	0
	0.00

	Republic of Namibia
	9
	0
	0.00

	Kingdom of Denmark
	8
	0
	0.00

	Republic of Panama
	8
	1
	12.50

	Kingdom of Belgium
	6
	0
	0.00

	People's Republic of China
	6
	1
	16.67

	Hungary
	6
	1
	16.67

	Portuguese Republic
	6
	1
	16.67

	Kingdom of Sweden
	6
	1
	16.67

	Arab Republic of Egypt
	5
	0
	0.00

	Lebanese Republic
	5
	0
	0.00

	Kingdom of Norway
	5
	2
	40.00

	Republic of Bulgaria
	4
	0
	0.00

	Kingdom of Cambodia
	4
	1
	25.00

	Republic of Estonia
	4
	0
	0.00

	Hong Kong (S.A.R.)
	4
	0
	0.00

	Hashemite Kingdom of Jordan
	4
	0
	0.00

	Republic of Lithuania
	4
	1
	25.00

	Republic of Mauritius
	4
	1
	25.00

	Republic of Sierra Leone
	4
	0
	0.00

	Republic of Slovenia
	4
	0
	0.00

	United Arab Emirates
	4
	0
	0.00

	Bolivarian Republic of Venezuela
	4
	0
	0.00

	Socialist Republic of Viet Nam
	4
	0
	0.00

	Argentine Republic
	3
	1
	33.33

	Federal Democratic Republic of Nepal
	3
	0
	0.00

	New Zealand
	3
	0
	0.00

	Republic of Nicaragua
	3
	2
	66.67

	Republic of Poland
	3
	1
	33.33

	Republic of Zimbabwe
	3
	0
	0.00

	Republic of Armenia
	2
	0
	0.00

	Republic of Austria
	2
	1
	50.00

	Dominican Republic
	2
	0
	0.00

	Republic of Guinea
	2
	0
	0.00

	Kingdom of Saudi Arabia
	2
	0
	0.00

	Slovak Republic
	2
	0
	0.00

	Republic of Korea
	2
	0
	0.00

	Democratic Socialist Republic of Sri Lanka
	2
	0
	0.00

	Republic of Albania
	1
	0
	0.00

	Principality of Andorra
	1
	0
	0.00

	Republic of Botswana
	1
	0
	0.00

	Republic of Cameroon
	1
	0
	0.00

	Union of the Comoros
	1
	0
	0.00

	Democratic Republic of the Congo
	2
	0
	0.00

	Republic of Finland
	1
	1
	100.00

	Republic of the Gambia
	1
	0
	0.00

	Georgia
	1
	0
	0.00

	Republic of Iraq
	1
	0
	0.00

	Republic of Kiribati
	1
	1
	100.00

	State of Kuwait
	1
	0
	0.00

	Republic of Latvia
	1
	0
	0.00

	Kingdom of Lesotho
	1
	0
	0.00

	Republic of Madagascar
	1
	0
	0.00

	Federated States of Micronesia 
	1
	0
	0.00

	Republic of Myanmar
	1
	0
	0.00

	Republic of Palau
	1
	0
	0.00

	Republic of Paraguay
	1
	0
	0.00

	Puerto Rico
	1
	0
	0.00

	Republic of Serbia
	1
	0
	0.00
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Panel B. Geographical region of accelerators’ programmes
NB. Data based on baseline model sub-sample. For some observations, we do not have information about the programme region
	Region
	Applications
Received
	Applications
Selected
	Applications
Selected (%)

	Latin America & Caribbean
	3,158
	826
	26.16

	North America
	1,998
	361
	18.07

	Other
	328
	69
	21.04

	South Asia
	727
	99
	13.62

	Sub-Saharan Africa
	1,438
	220
	15.30





Table A.2. Variable description

	Variable
	Description
	Source

	Selected
	Dummy variable, takes '1' if a venture was selected for the accelerator programme, and '0' otherwise.
	EDP

	Cultural Diversity
	Cultural diversity index computed as in Frijns et al. (2016). See Section 3.2.2 for more details. This takes into account the four cultural dimensions of the Hofstede framework, i.e. uncertainty avoidance, power distance index, individualism and masculinity. 
	Authors’ elaboration on EDP data in conjuction with Hofstede Insights / GLOBE

	Founders’ founding experience
	Natural logarithm of the average number of ventures each venture’s founders founded prior to this venture.
	Authors’ elaboration on EDP data

	Founders’ education
	The average of venture founders’ educational score, which is comprised of an aggregation of points, 1 for an Undergraduate, 2 for a Postgraduate and 3 for a Doctoral degree. See Papadimitri et al. (2020) for more information.
	Authors’ elaboration on EDP data

	Founders’ age
	The average age across a venture’s founders.
	Authors’ elaboration on EDP data

	% of Females in founding team
	The percentage of females amongst a venture’ founders.
	Authors’ elaboration on EDP data

	Years firm is active
	Number of years since the venture was founded.
	Authors’ elaboration on EDP data

	Revenues
	Venture's revenues in the last fiscal year prior to its application. Figures in USD.
	EDP

	Equity since founded
	The amount of equity financing a venture obtained from all potential sources since founded.
	

	Non-for-Profit type
	Dummy variable, takes '1' if a venture is of non-for-profit type, and '0' otherwise.
	EDP

	Social Motives
	Dummy variable, takes '1' if a venture has social motives, and '0' otherwise.
	EDP

	Invention-based
	[bookmark: _Hlk54632647][bookmark: _Hlk212144866]Dummy variable, takes '1' if a venture's model is invention-based, and '0' otherwise. This is based on the answer to the question “Would you say that your venture is invention based (i.e. a company that builds upon newly-created technology owned by the venture and/or its founders?). 
	EDP

	Intellectual Property
	Dummy variable, takes ‘1’ if a venture has any of the following: patents, trademarks or copyrights.
	Authors’ elaboration on EDP

	Reported prior accelerator
	Dummy variable, takes ‘1’ whether founders participated in any prior accelerator programmes.
	

	Institutional Index
	Non-weighted average of institutional quality indicators from the ‘Worldwide Governance Indicators’ database (Kaufmann et al., 2011).
	Authors’ elaboration on World Bank data

	GDP Growth rate (%)
	GDP growth rate (in %), referring to the country in which the venture operates.
	IMF

	Inflation rate (%)
	Inflation rate (in %), referring to the country in which the venture operates.
	IMF
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Table A3 – Correlation coefficients
	#
	Variable / #
	1
	2
	3
	4
	5
	6
	7
	8

	1
	Cultural Diversity
	1
	 
	 
	 
	 
	 
	 
	 

	2
	Log (Years firm is active)
	-0.0209**
	1
	 
	 
	 
	 
	 
	 

	3
	Log (Revenues in t-1)
	-0.0164**
	0.5438***
	1
	 
	 
	 
	 
	 

	4
	Non-for-profit type
	-0.0133**
	0.1571***
	0.0593***
	1
	 
	 
	 
	 

	5
	Social Motives
	-0.0026
	0.0627***
	0.0518***
	0.0738***
	1
	 
	 
	 

	6
	Model invention-based
	0.0421***
	0.0047
	-0.0273***
	-0.1201***
	0.0345***
	1
	 
	 

	7
	Intellectual Property
	0.0247***
	0.1720***
	0.1693***
	-0.0665***
	0.0598***
	0.1973***
	1
	 

	8
	Log (Equity since founded)
	0.0891***
	0.0845***
	0.1479***
	-0.1089***
	0.004
	0.1247***
	0.1868***
	1

	9
	% of Females in founding team
	-0.0354***
	0.1023***
	0.0735***
	0.1308***
	0.0824***
	-0.1140***
	-0.0498***
	-0.1350***

	10
	Founders’ age
	0.0162**
	0.3630***
	0.1873***
	0.0541***
	0.0308***
	0.0177
	0.1350***
	0.0477***

	11
	Founders founding experience
	0.0418***
	0.0299***
	0.0658***
	-0.0837***
	0.0358***
	0.0728***
	0.123***
	0.1047***

	12
	Founders’ education
	0.1514***
	0.0534***
	0.0719***
	0.0316***
	0.0908***
	0.0844***
	0.1116***
	0.1498***

	13
	Reported prior accelerator
	0.0569***
	0.0745***
	0.1006***
	-0.0072
	0.0367***
	0.1073***
	0.1325***
	0.1490***

	14
	GDP Growth
	-0.0548***
	0.0467***
	0.0618***
	0.0215***
	0.0379***
	0.0215***
	-0.0011
	-0.0173

	15
	Inflation
	-0.1095***
	0.0339***
	0.0481***
	-0.0135**
	0.0457***
	-0.0128**
	-0.0169**
	-0.0775***

	16
	Institutional Index (WGI)
	0.1575***
	-0.0730***
	-0.1092***
	0.0245***
	-0.0639***
	0.0159**
	-0.0161**
	0.1138***



	#
	Variable / #
	9
	10
	11
	12
	13
	14
	15

	9
	% of Females in founding team
	1
	 
	 
	 
	 
	 
	 

	10
	Founders’ age
	0.0472***
	1
	 
	 
	 
	 
	 

	11
	Founders’ founding experience
	-0.1435***
	0.1814***
	1
	 
	 
	 
	 

	12
	Founders’ education
	-0.0651***
	0.1780***
	-0.0083
	1
	 
	 
	 

	13
	Reported prior accelerator
	-0.0105
	-0.0214***
	0.0223***
	0.0911***
	1
	 
	 

	14
	GDP Growth
	0.0526***
	0.0057
	0.0015
	0.1127***
	-0.0069
	1
	 

	15
	Inflation
	0.0013**
	-0.0897***
	0.007**
	-0.0401***
	0.0313***
	0.0734***
	1

	16
	Institutional Index (WGI)
	-0.0941***
	0.0817***
	-0.0146**
	0.0203**
	-0.0017
	-0.3364***
	-0.5987***



Table A3 – Correlation coefficients (cont.)


Notes: All variables’ pairwise correlations are calculated and reported on the basis of the conditional sample of the baseline model, i.e. either Column 3 or 4 of Table 2.






III. Discussion of venture-level control variables
The first variable that we use is the natural logarithm of the years for which the venture is active. As Goldenstein et al. (2019) mention, this is a frequently analysed topic in entrepreneurial research due to its intrinsic link to failure risk (see, among others, Wiklund et al., 2010; de Jong and Marsili, 2015). Additionally, as discussed in Roberts and Lall (2019), age gives a rough idea of the venture’s stage of development, and older ventures may have more time to establish the observable characteristics that are attractive to investors. 
Furthermore, we include the natural logarithm of the venture’s revenues in the previous year. This controls for the venture’s commercial performance (Roberts and Lall, 2019) and demonstrates that the start-up has a viable product offering (Assenova, 2021), hence enhancing the likelihood of being selected by accelerators (Lall et al., 2020).[footnoteRef:4]   [4:  Additionally, we include the natural logarithm of the venture’s revenues divided by the number of employees, which is a common metric of firm performance in measuring how efficiently a particular venture utilizes its employees (Sharma, 2014; Hmieleski and Sheppard, 2019). However, due to the very high correlation (ρ=0.98), these are used interchangeably. We report results using only the former, though inclusion of the latter yields a qualitatively similar set of results.] 

Following Yang et al. (2020) we include a dummy for the ventures that are non-for-profit to account for differences in structures, policies and strategies. Similarly, as in Yang et al (2020) and Lall et al. (2020) we control for the startups’ social motives with a dummy variable that takes the value of ‘1’ in cases where the applicant explicitly stated that the start-up has social motives. Yang et al. (2020) mention that by making their social visions explicit, the ventures are more motivated to achieve them, which could make them more attractive to impact-oriented accelerators. 
Moreover, we include a dummy denoting whether the venture’s model is invention-based or not. This is based on the answer to the following question in the EDP database: “Would you say that your venture is invention-based (i.e. a company that builds upon newly created technology owned by the venture and/or its founders)?” As discussed earlier, applicants to impact-oriented accelerators try, among other things, to develop innovative, market-based solutions to address major social challenges. Hence, invention-based ventures could be more attractive to accelerators. 
Further to this, Roberts and Lall (2019) outline that many of the individuals and organisations that seek to identify and support scalable impact-oriented ventures believe that the most promising candidates develop and hold proprietary intellectual property that is protected by patents, copyrights, or trademarks. This appears to be in line with studies showing the significance of some types of patents in accessing debt financing (Fischer and Ringler, 2014) or the signalling mechanism and the general importance of trademarks in startup valuation (Ramello and Silva, 2006; Block et al., 2014, 2015). Therefore, we include an ‘intellectual property’ dummy variable that takes the value of ‘1’ when a venture has patents, copyrights, or trademarks, and the value of ‘0’ otherwise. 
Additionally, we include the logarithm of the equity investments received from outside sources between the founding date and the time of the application. Yang et al. (2020) discuss at least two reasons for which past equity investment could enhance the likelihood to be admitted into an accelerator programme.  First, having received equity investment shows that the venture has already passed a rigorous analysis validating the viability and sustainability of its business model. Second, an equity investment shows that the venture will have access to the equity investor's superior resources, capabilities, and networks, all of which should enhance its prospects for scale and survival. 
Finally, we control for prior experience with accelerator programmes, by considering the answer to the following question: “In 20XX, did anyone on your founding team participate in any accelerator programs?” On the one hand, this reflects the ability to receive support from the ecosystem (Roberts and Lall, 2019) that could be well perceived by the admission decision-makers in the prospective accelerator programme. One the other hand, accelerators may opt not to select applicants that have already benefited from such programmes in the past. 

[bookmark: _Hlk212143504]IV. Robustness and additional analyses
This section is dedicated to a more in-depth discussion of the robustness results and additional analyses outlined in section 4.1 of the manuscript. To conserve space, we do not report all these results in Table A3; however, they are all available from the authors upon request.

Alternative methodological approaches 
First, in terms of the methodology, we treat the model as having no hierarchy. Thus, we estimate eq. (3.3.1) through a simple logistic regression. Additionally, we estimate it as a linear probability model with the use of OLS (but also as a fractional response model to further constrain it into the [0,1] space) to treat the fixed effects included in the specification in a linear fashion. Moreover, considering that the assumptions one must make on how and whether errors should be clustered (Abadie et al., 2017) makes error clustering more of an art (being a design problem) rather than science, we cluster errors according to the: (i) accelerator programme, (ii) application year, (iii) venture. In all the cases mentioned above, the results remain the same.
Additionally, the baseline set of results relies on classic macro and institutional controls along with regional fixed effects to capture heterogeneity in patterns across countries. To lessen concerns about different time-constant attributes across countries potentially affecting the selection outcomes, we fit again the model using country fixed effects.[footnoteRef:5]Again, we find no difference in qualitative terms. [5:  As in the case of the regional dummies, the use of country fixed effects introduces another strong test as it captures time invariant characteristics like the country-level national culture which changes very little over time. ] 

Whilst the use of country fixed effects may alleviate, up to some extent, concerns about potential endogeneity behind the cultural diversity variable and reasons related to potential variance across different countries; we further adopt a two-stage setting that is better fit to deal with issues of endogeneity. Considering cultural diversity as the endogenous variable of interest, and given the binary nature of our dependent variable, we fit three variations of two-stage models. As we explain below, these are similar in principle, but different in their application. 
All the two-stage variations of the models that we employ require the use of an instrument set. Based on theory, past studies on culture, and data availability, we carefully select two instruments that are: (i) unlikely to have a direct influence on the selection decision of accelerator programmes, therefore satisfying the exogeneity requirement of an instrument; (ii) correlated with the cultural dimensions, therefore satisfying the relevance requirement of an instrument. [footnoteRef:6]  [6:  We do not claim that these instruments are the best possible or the only ones that could be used. Instead, we argue that these instruments are grounded in the literature, they display explanatory power of culture, and they pass standard tests for the validity of instruments.] 

[bookmark: _Hlk181988466]The first instrument that we use is agricultural potential. Food supply in general, and agriculture in particular, has been associated to culture on several occasions (Diamond, 1987; Hofstede et al., 2010; Yook, 2013; Hansen et al., 2015). In general, these studies discuss that agriculture brought up changes in the size, cooperation, and hierarchical organisation of societies, which along with the emerge of possessions, resulted in societies characterised by with higher power distance, higher collectivism, higher uncertainty avoidance, and higher masculinity (Hofstede et al., 2008, 2010; Yook, 2013; Witzel, 2019).[footnoteRef:7] Agricultural legacies continue to affect people in the modern world (Talhelm et al., 2014) with several studies providing empirical proof of this relationship. For example, Litina (2016) shows that historical agricultural land suitability affected cooperation in the agricultural sectors and its effects have persisted to affect contemporary levels of social capital. Galor and Özak (2016) document that caloric yield influences Hofstede’s cultural dimension of long-term orientation. Similarly, Ang (2019) shows that agricultural legacies have a persistent effect on the prevalence of modern-day individualistic traits. Following Gaganis et al. (2020) we proxy for agricultural potential with the maximum potential caloric yield attainable given the set of crops that were suitable for cultivation in the pre-1500 period (Galor and Ozak, 2016).   [7:  A more detailed discussion of the motivation surrounding the selection of agricultural as an instrument is available in section IV of the online appendix. ] 

[bookmark: _Hlk181988589][bookmark: _Hlk181988625][bookmark: _Hlk181988656]The second instrument that we use is the migratory distance from East Africa. The out of Africa hypothesis has been associated with the evolution of human behaviour, which can be explained based on either sociodemographic or genetic reasons (Klein, 2008). The underlying idea is that modern humans have descended from migrations out of Africa to various settlements across the globe, in a journey that started around seventy thousand years ago and intensified about forty thousand years ago (Hofstede et al., 2010), and as discussed by several scholars, migration has implications for culture (Romaniszyn, 2004; Esses, 2018). Furthermore, the migration from East Africa had implications for genetic diversity (Ashraf and Galor, 2013), that has been associated with cultural distances (Desmet et al., 2011). In their study, Galor et al. (2023) provide evidence on the impact of the prehistoric out of Africa migration on cultural diversity.
Based on the above-mentioned instrument set, we first estimate eq. (3.3.1) via a Two-Stage Residual Inclusion model (2SRI) (Terza et al., 2008), where the endogenous variable in question (Diversity) is instrumented in a first stage setting using the two exogenous instruments and the rest of the exogenous variables from the baseline model. Then, the residuals obtained from that model simply enter the second stage as another control variable that saturates the logit model and lessens endogeneity concerns[footnoteRef:8]. The second two-stage model variation employed in this study is called ‘IVPROBIT’ and essentially changes the function F(x) of the baseline model to that of a probit nature (instead of the logit one used in our baseline results). Contrary to the 2SRI setting, the IVPROBIT does not employ the residuals, but substitutes the endogenous variable with the estimated (now allegedly exogenous) values calculated in this two-stage model through a maximum likelihood estimator. Diagnostics include a Wald test for exogeneity, rejection of which is indeed successful in our results, confirming what has been also found through the 2SRI model. That is, indeed, there is evidence of endogeneity in the variable of interest, which is mitigated through the employed model. The third variant is a simple ‘Two-Stage Least Square’ (2SLS) that treats the baseline model in a linear fashion (much like any standard endogeneity alleviation procedure for continuous variables) yet is convenient regarding reporting diagnostics for under, over and weak instrumentation, all of which confirm the validity of the instrumentation in question in our case. Overall, all three two-stage specifications confirm that the results remain qualitatively similar to the ones reported up to this point. To avoid cluttered tables with many different variants and columns, we only report the 2SRI results in Table A3 (column 1) as it is the most closely specified model to our baseline setting. Additionally, it is the only one out of the three variants described above that can still accommodate the multi-level modelling discussed in Section 3.3 of the manuscript. [8:  Note that this is a variant of Davidson and MacKinnon’s (1993) suggestion of an augmented regression test (often known as Durbin-Wu-Hausman test), according to which a statistically significant coefficient (hereby confirmed) for the residuals of the auxiliary regression included in the second stage means that the estimators of the variables of interest are not consistent on their own, thus suggesting endogeneity.] 


Altering the cultural diversity index
In this section, we discuss two more robustness tests. First, we consider the additional two indicators of Hofstede (i.e. ‘long-term orientation’, and ‘indulgence’) and estimate an “extended” version of the cultural diversity index presented up to this point. Due to missing observations for these two dimensions, this approach reduces our sample by approximately 25%. However, our main findings remain qualitatively similar, the only difference being that the statistical significance drops to a 5% level (p=0.016). 
Second, while being the most widely used indicators of national culture in research across various disciplines, the indicators of Hofstede are not without their criticisms. Therefore, as a robustness test, we use the cultural dimensions that were made available by a more recent and large-scale survey, known as the Global Leadership and Organisational Behaviour Effectiveness (GLOBE) project (House et., 2004). This study proposed the following nine cultural dimensions: (i) uncertainty avoidance, (ii) power distance, (iii) collectivism I (institutional collectivism), (iv) collectivism II (in-group collectivism), (v) gender egalitarianism, (vi) assertiveness, (vii) future orientation, (viii) performance orientation, and (ix) humane orientation. As discussed in House et al. (2004), the first six culture dimensions have their origins in the dimensions of culture identified by Hofstede (1980), the other three having their origins on the work of Kluckhohn and Strodtbeck (1961), McClelland (1961, 1985), and Putnam (1993). As in the case of the Hofstede’s dimensions, the GLOBE scores for different countries allow an analysis of the cultural differences that exist between these countries. Yet, despite similarities, there are also some differences between the two studies in the way the concept of national culture is represented (Venaik and Brewer, 2010). A welcoming aspect of the GLOBE study is that for each one of the nine dimensions it measures two distinct aspects of national culture, the first being cultural practices as they now exist (i.e. “as is”), and the second being cultural values defined as what societies desire in the future (i.e. “should be”). Replacing the Hofstede based founders’ cultural diversity score by the one using the GLOBE data (either the cultural practices or the cultural values scores) does not alter the so far reported results (the p-value equals 0.022 and 0.028, respectively). 

Other robustness tests 
In our baseline specification, there exist about a quarter (~24%) of ventures having a single founder. By construction, this would render the diversity index equal to 0 and positively skew the distribution of the variable in question. So far, we accounted for this with the use of dummy variables for the number of founders as explained in Section 3.3. of the manuscript. As a further test we drop from the analysis all the ventures that have a single founder. We present the estimations in column 2 of Table A3. Our main findings hold.  
	As mentioned earlier, the EDP application survey asks applicants to identify the top three members of their founding teams and provide their demographic information. However, a follow up question by the EDP asks if there are additional founders, and some applicants respond positively to this question. Given the lack of information for the additional founders, in the analysis presented so far, we focused on the cultural diversity of the top three founders ignoring the additional team members. To address potential concerns, to the extent that it is possible, we re-estimated all the specifications presented in Table 2, whilst dropping from the analysis those ventures reporting that they had at least one more founder (i.e. 4 and above). Using this reduced sample of 6,418 observations, does not alter our main findings. We continue to find that cultural diversity has a positive and statistically significant association with the likelihood to be selected by accelerators. 
Our sample consists of ventures operating in 106 countries around the globe. About 76% of those ventures operate in developing countries, whilst the remaining quarter operates in developed ones. Conditioning the sample to ventures operating in developed or developing countries only yields a similar set of results, reported in Columns 3 and 4 of Table A3. Interestingly, the odds ratio of the diversity index of ventures in developing countries is slightly higher compared to that in developed countries (1.123 vs 1.119 respectively). Roberts and Lall (2019) point out that the shortcomings of the local ecosystems are amplified in the emerging markets. This means that there would be a higher need for culturally diverse teams that will successfully respond to the challenges, explaining the slightly higher odds ratio. Additionally, Roberts and Lall (2019) highlight that the blueprints used to design the programmes in emerging countries often adopt elements from the more-famous programmes in the U.S. and Europe. Therefore, it is possible that accelerators that support ventures from developing countries prefer teams with a founder from the U.S., Europe and other Western countries. This is because entrepreneurs from such developed countries are more likely to be familiar with cultural norms and unspoken rules (Lall et al., 2019), that would help in achieving better fit with these Western-like programmes. Earlier evidence also points towards this direction. Using data from nascent ventures from 92 developing countries, Lall et al. (2019) show that ventures with a founder born in a developed country are more likely to obtain external grant financing. If this is the case, then our results could be driven by the accelerators’ preference for western founders, rather than diverse teams. To control for this, we re-estimate the specification that is restricted to the developing countries with the addition of a dummy variable that indicates if there is a founder born in a Western country.[footnoteRef:9] This variable enters the regression with a positive and statistically significant coefficient (Column 5 of Table A3), providing further support to Lall et al. (2019). However, its inclusion in the regression does not influence our main results. Additionally, in unreported regressions, we examine whether the inclusion of a Western founder could play a moderating role in the relationship between cultural diversity and the admission likelihood. However, the moderation term of cultural diversity with the western founder dummy turns out to be insignificant.      [9:  For the list of Western countries, we consult the World Atlas. The results do not change when we replace the dummy variable of having at least one Western founder by the percentage of Western founders. ] 

In the estimations presented so far, we assumed that the founders carry with them the culture of the country of birth. However, one could argue that some founders living abroad immigrated when they were very young and hence, they are characterised by the culture of the host country.  Alternatively, one may argue that a founder that has worked abroad for a long time-period has a different cultural perspective than someone who has only lived and worked in the same country.
 	Nonetheless, it should be noted here that evidence by Nguyen et al. (2018) shows that the cultural preferences and beliefs of U.S.-born CEOs who are second-generation or third-generation immigrants, bear the cultural mark of the countries from which their parents or grandparents have emigrated, affecting their decision making and the firm policies. These findings are in line with international research that suggests that first and possibly second generation migrants have a strong orientation towards the culture and attitudes in the country of origin (Ward, 2007; Giavazzi et al., 2019). Additionally, as discussed earlier, Hofstede et al. (2010) also argue that much of the cultural mental programming was acquired in early childhood, a view that appears to be shared by others. For example, Williams (2011) also argues that: “In essence, we are by nature the sum of childhood experiences which invariably are linked to the values and traditions of our families” (p. 451). Consequently, as discussed in Frijns et al. (2016), when a person relocates to another country, this person does not immediately adopt the cultural values of the new country of residence, with acculturation being a gradual, complex, and lengthy process. 
Based on the above discussion, as it concerns the first argument, we believe that in our context where the can be only cases of founders that are first-generation immigrants (i.e. born in one country and immigrated to another, even at a young age) the expected changes in culture would be minimal (if any). As it concerns the second argument about the accumulation of work experience abroad, with the average founding team age for the entire EDP sample being roughly 35 years (Roberts and Lall, 2019), we believe that it is possibly even more unlikely.
However, to lessen concerns, to the extent that it is possible with the data in hand, we conduct two tests.[footnoteRef:10] First, we exclude from the regressions ventures that have one or more founders that reside in a country different than the one of birth. Second, we restrict the sample to ventures whose founders - at the time of the application - reside in the country of birth and at the same they have not worked abroad in their last two jobs. In both cases, our main results hold.  [10:  Alternatively, one could construct a more general index that would incorporate information about the time spent in the country of birth, the current country of residence (if different), and the countries of prior work experience abroad (if different). Unfortunately, the time of immigration (for founders residing in a country different than the one of birth) or the total time spent working abroad is not available in the dataset. While information about the time period of the last two jobs abroad is available, the lack of information about other periods of residence abroad along with the arguments about the stickiness of culture that were discussed in the text, make us believe that the construction of such an index could be problematic in our case. First, we would have to make assumptions as for the years that we have no information. Then, we would have to make assumptions as for whether we should consider or simply ignore very short time periods abroad, as the literature suggests that such short time periods would have no impact on deep rooted cultural values and beliefs. Therefore, we have not pursued this issue further and we offer the two alternative tests discussed in the main text. We hope that future research will be able to address this issue.] 



Table Α3. Selected robustness tests
	 
	(1)
	(2)
	(3)
	(4)

	VARIABLES
	Excl. Single Founders
	Developed
	Developing
	Developing & 
Western founder in the team

	Cultural Diversity
	1.105***
	1.119***
	1.123**
	1.117***

	 
	(0.0396)
	(0.0407)
	(0.0534)
	(0.0486)

	Western founder among team
	
	
	
	3.046***

	 
	 
	 
	 
	(0.537)

	Log (Years firm is active)
	1.091
	1.150
	1.048
	1.042

	 
	(0.0726)
	(0.1360)
	(0.0705)
	(0.0700)

	Log (Revenues in t-1)
	1.069***
	1.075***
	1.058***
	1.058***

	 
	(0.0092)
	(0.0152)
	(0.0098)
	(0.0098)

	Non-for-profit type
	0.775*
	1.480**
	0.557***
	0.554***

	 
	(0.1110)
	(0.2950)
	(0.0951)
	(0.0945)

	Social Motives
	0.943
	0.939
	0.902
	0.908

	 
	(0.1140)
	(0.2030)
	(0.1110)
	(0.1120)

	Model invention-based
	1.085
	1.329**
	1.075
	1.083

	 
	(0.0821)
	(0.1890)
	(0.0827)
	(0.0836)

	Intellectual Property
	0.987
	0.940
	1.022
	1.027

	 
	(0.0738)
	(0.1240)
	(0.0789)
	(0.0794)

	Reported prior accelerator
	1.238***
	1.267*
	1.253***
	1.259***

	 
	(0.0938)
	(0.1630)
	(0.1010)
	(0.1020)

	Log (Equity since founded)
	1.059***
	1.052***
	1.069***
	1.068***

	 
	(0.0087)
	(0.0138)
	(0.0010)
	(0.0010)

	Founding experience
	0.941
	0.800
	0.986
	1.000

	 
	(0.0764)
	(0.1090)
	(0.0800)
	(0.0007)

	Founders’ Education
	1.164***
	1.094
	1.187***
	1.166***

	 
	(0.0512)
	(0.0841)
	(0.0595)
	(0.0589)

	Founders’ age
	0.989**
	0.998
	0.985***
	0.986***

	 
	(0.0044)
	(0.0065)
	(0.0046)
	(0.0046)

	% of Females
	1.052
	1.239
	1.301**
	1.300**

	 
	(0.1230)
	(0.2020)
	(0.1420)
	(0.1400)

	GDP Growth
	1.017
	0.819
	1.048
	1.058

	 
	(0.0357)
	(0.1740)
	(0.0376)
	(0.0370)

	Inflation
	0.966
	0.945***
	0.968
	0.975

	 
	(0.0232)
	(0.0193)
	(0.0217)
	(0.0220)

	Institutional Index (WGI)
	0.949
	1.133
	0.783
	0.787*

	 
	(0.1120)
	(0.5520)
	(0.1230)
	(0.1040)

	Constant
	0.201***
	0.0279***
	0.136***
	0.122***

	 
	(0.0900)
	(0.0349)
	(0.0618)
	(0.0557)

	Observations
	6,532
	2,014
	6,355
	6,355

	# of Founders Dummies
	YES
	YES
	YES
	YES

	Programme Dummies
	YES
	YES
	YES
	YES

	Sector Dummies
	YES
	YES
	YES
	YES

	Year Dummies
	YES
	YES
	YES
	YES

	Regional Dummies
	YES
	YES
	YES
	YES

	Notes: Standard errors in parentheses. Multi-level logit model estimated via generalised linear mixed-effects model (GLMM), where ventures (level 1) are nested within accelerator programmes (level 2). Coefficients are reported as odds ratios (eβ) and standard errors are reported using the delta method (eβ x std. errors). Variables defined in Table A2. *** p<0.01, ** p<0.05, * p<0.1




IV. Agriculture and national culture 
Hofstede et al. (2008) argue that societies with an old tradition of agriculture are, in general, uncertainty avoiding whereas those that concentrate on fishing or trading are uncertainty tolerant. Further to this, Meggers (1954) discusses that in places that are unsuitable for agriculture, populations will turn to subsistence derived from hunting, fishing and gathering that normally supports only small groups that must be constantly on the move. This results in a social organisation that is formed around kinship lines, with the social unit being a single family, or at best an extended family or lineage. Therefore, one would expect that in places that are unsuitable for agriculture, a culture of individualism would prevail. On the other hand, as discussed in Hofstede et al. (2010), farmers had to collaborate in monotonous, season-bound work, and they lived in much greater numbers than hunter-gatherers or herders. Hence, as they mention, this way of life requires a certain meekness that could be related to higher collectivism. Along the same lines, Yook (2013) highlights that “To take an example of cultural programming, we look at agricultural societies’ collective patterns. Agrarian societies tend to be collective in nature. Irrigation as a necessity in agricultural settings has led to the need to work collectively for farmers to survive and to fulfil human goals. In urban areas, that collective action needed to irritate agricultural terrain is not as valued.” (p. 43). Indeed, Ang (2019) documents empirically that agricultural legacies have structured the individualist traits among individuals, pre-industrial ethnic groups, and countries. 
Turning to power distance, Hofstede et al. (2010) provide at least two reasons for which it could be related to agricultural, with societies with a long-standing agricultural tradition being more hierarchical. First, possessions introduced an inherited hierarchy in agricultural society. Second, large power distance is one of the adaptations to life in a large, anonymous society that was made possible by agriculture.[footnoteRef:11] Diamond (1987) also argues that the emerge of agriculture was associated by social inequality. As discussed further in Witzel (2019), this happened because those who produced the food lost power to those who lived off the surpluses generated by agricultural labourers, with these societies becoming hierarchical with a high degree of power distance.  [11: For example, Morgan (1877) point out that dense populations in limited areas became possible with agriculture, arguing that “Prior to field agriculture it is not probable that half a million people were developed and held together under one government in any part of the earth” (p. 27).] 

The way in which a country deals with gender roles, has also been associated to agriculture (Diamond, 1987; Hansen et al., 2015). For example, Hansen et al. (2015) show that in societies with long histories of agriculture, there is higher gender inequality, possibly because of more patriarchal values and beliefs regarding the role of women in society. Additionally, Hansen et al. (2015) refer to studies which assert that agriculture enhanced gender inequality (Diamond, 1987) as well as that women were more independent in hunter-gatherer than in agricultural societies (Iversen and Rosenbluth, 2010). Finally, they refer to studies that associate the value attributed to women with the degree to which a society relies on hunting and gathering for the accumulation of the daily calorie intake. Based on this, Gaganis et al. (2020) suggest that as the societies moved to agriculture, the maximum potential caloric yield attainable became an important factor, in shaping beliefs about the two genders, subsequently influencing the masculinity versus femininity cultural dimension of a society.


V. Addendum Tables to Interaction effects – Average Marginal Effects

Table A4. Interaction between cultural diversity and other human capital and demographic characteristics of the founding team

	Panel A: % of females among founding group
	
	

	Females value
	dy/dx
	Delta-method 
std. err.
	z
	P>z
	[95% conf.
	interval]

	0%
	0.017
	0.007
	2.530
	0.012
	0.004
	0.031

	20%
	0.014
	0.005
	2.640
	0.008
	0.004
	0.025

	40%
	0.012
	0.006
	2.090
	0.037
	0.001
	0.022

	60%
	0.009
	0.007
	1.210
	0.226
	-0.005
	0.022

	80%
	0.006
	0.009
	0.580
	0.560
	-0.013
	0.024

	100%
	0.002
	0.012
	0.200
	0.845
	-0.022
	0.026

	Panel B: Average age of founders
	
	
	
	

	Average age value
	dy/dx
	Delta-method 
std. err.
	z
	P>z
	[95% conf.
	interval]

	23
	0.012
	0.008
	1.450
	0.148
	-0.004
	0.029

	28
	0.013
	0.007
	1.880
	0.060
	-0.001
	0.026

	33
	0.013
	0.005
	2.330
	0.020
	0.002
	0.023

	38
	0.013
	0.005
	2.420
	0.016
	0.002
	0.023

	43
	0.013
	0.006
	2.100
	0.036
	0.001
	0.025

	48
	0.013
	0.008
	1.710
	0.087
	-0.002
	0.029

	53
	0.014
	0.010
	1.410
	0.159
	-0.005
	0.032

	Panel C: Founders’ education
	
	
	
	

	Education value
	dy/dx
	Delta-method
std. err.
	z
	P>z
	[95% conf.
	interval]

	0.0
	0.020
	0.008
	2.390
	0.017
	0.004
	0.036

	0.5
	0.018
	0.007
	2.610
	0.009
	0.004
	0.031

	1.0
	0.015
	0.006
	2.700
	0.007
	0.004
	0.026

	1.5
	0.013
	0.005
	2.330
	0.020
	0.002
	0.023

	2.0
	0.010
	0.006
	1.570
	0.117
	-0.003
	0.022

	2.5
	0.007
	0.008
	0.880
	0.379
	-0.009
	0.023

	3.0
	0.004
	0.010
	0.410
	0.683
	-0.016
	0.025

	[bookmark: _Hlk212145480]Panel D: Average number of founders’ prior ventures
	
	

	No. of prior ventures (avg) value
	dy/dx
	Delta-method std. err.
	z
	P>z
	[95% conf.
	interval]

	0.0
	0.013
	0.007
	1.770
	0.076
	-0.001
	0.028

	0.3
	0.013
	0.006
	2.200
	0.028
	0.001
	0.025

	0.5
	0.013
	0.005
	2.440
	0.015
	0.003
	0.023

	0.8
	0.013
	0.006
	2.190
	0.028
	0.001
	0.024

	1.0
	0.013
	0.007
	1.740
	0.082
	-0.002
	0.027

	1.3
	0.012
	0.009
	1.360
	0.175
	-0.006
	0.030

	[bookmark: _Hlk212144798]Reported values are average marginal effects of Hofstede’s cultural index on the probability that a venture is selected, obtained from a mixed-effects logit model with programme-level random intercepts. Marginal effects are computed at specified values of: (i) the percentage of female participants (5th to 95th percentiles) in Panel A, (ii) the average age of founders (5th to 95th percentiles) in Panel B,  (iii) the average education of founders (5th to 95th percentiles) in Panel C, and (iv) the average number of the founders’ prior venture establishment (5th to 95th percentiles) in Panel D. In all the cases, other covariates held at their observed values.
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